Alpha Found Video 0

Overview

Welcome to the Alpha Found video series overview.

The goal of this series of videos is to introduce and defend a new model for stock market dynamics. The
new model predicts, as both a mathematical expectation and economic expectation, that low volatility
portfolios will outperform high volatility portfolios on a risk adjusted basis. That is, the long observed
positive alpha of low beta portfolios is not an economic anomaly that needs to be explained, but an
expectation. It would be an anomaly if it didn’t exist.

This video, numbered 0, is intended for investment professionals. Students who have covered the Capital
Asset Pricing Model in class should start with the next video, numbered 1.

Carl Sagan has said, “extraordinary claims require extraordinary evidence.” On the other hand, George
Box said, “All models are wrong, but some are useful.”

The mathematics of the model is internally consistent and predicts ex-ante the high alphas of low
volatility portfolios. At a minimum, the model is useful.

The nature of this, and really any new model, is such that it cannot be understood in just a few minutes.
There are over 200 numbered mathematical expressions, many of which are trivial, but many are not
trivial. They have to be derived, implemented, and absorbed. If it is any consolation, however long it may
take you to understand the model, you can be sure it took me longer to derive.

The pace of the videos is too fast for the content to be understood watching the first time. I recommend
you stop the videos often, and rewatch. There are no sponsors for the series who will benefit.

Initially there were 28 videos, each of which has been reloaded multiple times to correct for typos and one
major renumbering of the mathematical expressions. Later, it seemed that more videos were needed.

I will add videos as time permits, but there is no expectation that there will be regular updates.

The first eight videos after this one review the history and current state of capital market theory. They
also describe what skills are needed if the model is to be understood. They are not intended to be
comprehensive. For those who are comfortable with MPT, CAPM, Sharpe ratios, and multifactor models,
you could begin with the nineth video called Setting The Table, Part 1. As a practical matter, I don’t think
it’s possible to understand what the model means if you skip videos after the first eight.

Videos nine and ten introduce a few thoughts that will be used to motivate and derive the new model.

Videos eleven through twenty have a simplifying assumption that gets removed in the twenty-first video.
The simplifying assumption makes it much easier to understand the model and its implications without
getting lost in the mathematics. When the assumption is used, it’s called the “Naive Model.” When the
assumption is lifted, it’s called the “Full Model.” There are other simplifying assumptions; however,
those assumptions pose no threat to the overall usefulness of the models.

Videos twenty-one through twenty-eight explain the full model. Anything that comes after the twenty-
eighth video is largely a mystery as I have not made most of those videos as of yet.
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Let me take a moment to provide a hook. If the world is divided evenly between a high beta portfolio and
a low beta portfolio, then in the new model there is a range of potential expected alphas for the same
arithmetic return, as shown in this graph, where the red curve is the expected alpha for the low beta
portfolio, and the blue curve has the expected alpha for the high beta portfolio.

Figure 0.1.
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This is not the same as potential realized alphas, but expected alphas in the sense of mathematical
expectation, depending on conditions. Note that this means expected alphas fall on a curve. Expected
alpha does not take on a point value until certain market parameters are set.

I have left the horizontal axis unlabeled for the time being because I don’t want to get too far ahead of
things.

If the potential expected alphas can vary without altering returns, then the potential expected betas must
vary in concert with the alphas in order to keep the expected returns fixed.
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Figure 0.2
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Similarly, for fixed average arithmetic returns, the expected Sharpe ratios can vary considerably.

Figure 0.3
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The justification for these graphs comes easily and naturally from the new model, once it is understood.

Certainly, there are some extraordinary claims ahead.
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Alpha Found Video 1

Introduction

Welcome to Alpha Found.

The goal of the following videos is to introduce and defend a new model for stock market dynamics. The
primary way of demonstrating the correctness of the model will be to explain why low volatility

portfolios tend to generate positive alphas.

It is the intent of these videos to transform the high alphas of low beta portfolios from a statistical
anomaly into a mathematical expectation. It will take a while to get there and we will move slowly.

If you are watching this then you likely know that “alpha” has been the object of affection for active
investors for decades. My favorite book on the subject is Finding Alpha: The Search for Alpha When Risk
and Return Break Down, by Eric Falkenstein (2009, J. Wiley & Sons).

But there are many other books to consider such as Searching for Alpha: The Quest for Exceptional
Investment Performance (by Ben Warwick, 2000, J. Wiley & Sons). And then there is The Quest for
Alpha (by Larry E. Swedroe, 2011, Bloomberg Press). Notice the subtitle, “The Holy Grail of Investing.”

There are many more titles to consider such as:

Active Alpha: A Portfolio Approach to Selecting and Managing Alternative Investments
Alan H. Dorsey, 2007, Wiley & Sons, Inc.

The Alpha Formula: High Powered Strategies to Beat the Market with Less Risk
Larry Connors, Chris Cain, CMT, and Connors Research, LLC, 2020, The Connors Group

The Alpha Hunter: Profiting from Option LEAPS
Jason Schwarz, 2010, McGraw Hill Education

The Alpha Masters: Unlocking the Genius of the World's Top Hedge Funds
Maneet Ahuja, Myron Scholes, Mohamed El-Erian, 2012, J. Wiley & Sons

The Alpha Strategy: The Ultimate Plan of Financial Self-Defense
John A. Pugsley, 1981, Stanford Press

Alpha Trader: The Mindset, Methodology and Mathematics of Professional Trading
Brent Donnelly, 2021

Alpha Trading: Profitable Strategies That Remove Directional Risk
Perry Kaufman, 2011, J. Wiley & Sons

Better than Alpha: Three Steps to Capturing Excess Returns in a Changing World
Christopher M. Schelling, 2021, McGraw Hill Education

Delivering Alpha: Lessons from 30 Years of Outperforming Investment Benchmarks
Hilda Ochoa-Brillembourg, 2008, McGraw Hill Education
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Finding Alphas: A Quantitative Approach to Building Trading Strategies
Igor Tulchinsky, 2019, J. Wiley & Sons

Geopolitical Alpha: An Investment Framework for Predicting the Future
Marko Papic, 2020, J. Wiley & Sons

Hedge Fund Alpha: A Framework for Generating and Understanding Investment Performance
John M. Longo, 2009, World Scientific Publishing Company

The Incredible Shrinking Alpha, 2nd Edition: How to be a Successful Investor Without Picking
Winners, Larry E. Swedroe and Andrew L. Berkin, 2015, 2020, Harriman House

Organizational Alpha: How to Add Value in Institutional Asset Management
Ben Carlson, 2017, CreateSpace

Quantitative Strategies for Achieving Alpha
Richard Tortoriello, 2008, McGraw-Hill Finance & Investing

What's It All About Alpha? & Other Investment Essays from an Incredible Decade
Jason DeSena Trennert, 2016, Willow Street Press

Likely, there are some titles that were missed.

There are investor websites such as Seeking Alpha, and countless databases, consultants, and investment
analytics companies measuring, reporting, and contemplating alpha.

All of this intellectual and computational output is for one reason: Alpha is excess return after adjusting
for systematic risk. That’s what everyone wants, excess risk-adjusted return. Positive alpha is the reward
for having more luck, being smarter, or being faster than the other investors.

Historically, alpha has been strongly associated with low-risk stocks, but according to theory, it shouldn’t
happen that way. Any stock or portfolio of stocks should be just as likely as any other to have positive
alpha, but that’s not how it happens.

A great deal of work has gone in to understanding why it doesn’t happen that way, but it remains a
mystery, or at least many people find that the proposed explanations, however insightful, are ultimately
unsatisfying. More on that in later videos.

The mystery of why low-risk stocks tend to generate high alphas has a name. It’s called the “volatility
effect” or the “low volatility anomaly.” I’'m going to call it the volatility effect because it is easier.

In addition to explaining the volatility effect, the proposed new model brings several other concepts into a
new analytical framework. Concepts such as excess volatility; Blume betas; and zero-beta portfolios,
which is known more to finance academics than to investment professionals, will be seen in a new and
hopefully brighter light.

Most of those looking for alpha do so by looking for better insights into financial analysis, accounting
data, or economic forecasts.

The new model is a mathematical and statistical model that was developed without reference to things
such as ratio analysis; growth rates; free cash flow; the dividend discount model, or really any valuation
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model; fiscal and monetary policy; corporate governance; or technical analysis.

Not that there is anything wrong with those things, in fact there may be a lot right with them, they’re just
not a part of this model.

Before we get to the new model, there are a few things we’ll need to cover: the background and literature,
a definition of terms, including a careful definition of the volatility effect, alternate models, and finally,

the assumptions of the capital asset pricing model and the consequences of relaxing those assumptions.

After that, once the new model is introduced, with a few exceptions, the vocabulary and mathematics will
be in terms of elementary statistics.

In order to understand everything, you will need a fluency in elementary algebra; a fluency in elementary
statistics including ordinary least squares regression; and a working knowledge of capital market theory.

For those possessing the prerequisites in abundance, it will be the 9™ video before anything new or
interesting appears on the screen.

The videos start out at an introductory and review level, although some more difficult ideas are
referenced. In later videos, there will be plenty to chew on.

In the first several videos there are extensive references to the academic and popular literature. This is to
give credit where credit is due, but also for those who want to chase down the sources, it will be easier
knowing what the sources are.

See the website associated with these videos for a complete bibliography.

Finally, if you find an error, I would be grateful if you’d let me know at the email shown on the screen or
found in the information below the video.
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Alpha Found Video 2

Preliminaries
Welcome to part 2.

Before there was a theory of investing, there were just companies. People invested in companies based on
the merits of those companies.

On January 6, 1900, Louis Bachelier, a mathematics Ph.D. student, had his thesis, The Theory of
Speculation (Annales scientifiques de I’Ecole Normale Superiure, Ser 3,17 (1900), pg. 21-86) approved
for publication. He defended his thesis on March 29, 1900, which is now considered the birthdate of
mathematical finance. No one paid much attention at the time, but his thesis contained many ground
breaking ideas concerning the way asset prices change.

Here is the first page of his thesis. If you don’t want the French, here’s the first page of an English
translation.

Among the ground breaking ideas was the idea that, “The mathematical expectation of the speculator is
zero.” This isn’t true in a strict sense, but it captures accurately the idea that since there is a buyer and a
seller in each transaction, they can’t both be right. Since both sides of a transaction are presumed to be
intelligent, and there are many intelligent participants in the market, they should balance each other out
over many transactions.

Bachelier thought that the outcomes of investment choices are random. Bachelier’s thesis advisor, the
great mathematician and physicist Jules Henri Poincare responded with, “What is chance to the ignorant
is not chance to the scientist. Chance is only the measure of our ignorance.”

Bachelier’s largely forgotten thesis was rediscovered almost by chance in 1955 by future Nobel Prize
winner Paul Samuelson. Samuelson was encouraged by Jimmie Savage to look for Bachelier’s thesis.
Savage, a mathematician, thought that economists would benefit from reading Bachelier.

Samuelson later, in 1965, brought some of the concepts into the modern context with a now famous paper
called Proof'that Properly Anticipated Prices Fluctuate Randomly (Industrial Management Review, 6 (2),
1965, 41-49).

Samuelson said of his own paper, “This theorem is so general that I must confess to having oscillated
between regarding it as trivially obvious (and almost trivially vacuous) and regarding it as remarkably
sweeping. Such perhaps is the characteristic of basic results.” (The Collected Scientific Papers of Paul A.
Samuelson, Volume 111, 1972, Robert C. Merton, Ed. MIT Press).

Many investors, both then and now, believe there are cycles in stock market prices, seemingly
contradicting the notion of prices fluctuating randomly. This might or might not be true, but Russian
statistician Eugen Slutsky showed in 1927 that random processes can generate cyclical patterns that are
indistinguishable from the cycles found in economic data.

Slutsky did not show that stock market price changes are random. He showed that cycles in some
economic data are indistinguishable from cycles generated from the sum of random events. This is a

subtle but important distinction.

Not many English-speaking economists were reading Russian language journals at the time. However, in
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1937, Slutsky’s work was translated and expanded in an article titled, The Summation of Random Causes
as the Source of Cyclic Processes. Econometrica No. 5, April 1937, pg. 105.

In reference to the sum of random events, Slutsky said, (and this is a mouthful), “It is almost always
possible to detect, even in the multitude of individual peculiarities of the phenomena, marks of certain
approximate uniformities and regularities. The eye of the observer instinctively discovers on waves of a
certain order other smaller waves, so that the idea of harmonic analysis... presents itself to the mind
almost spontaneously.”

Harmonic analysis means cycles, and cycles mean Fourier series. Fourier series takes us far afield from
where we want to go, so we won’t go there.

Here is the first page of Slutsky’s 1937 paper.

There were other papers at the time on the mathematics of stock price movements, but just after 1950,
mathematical methods for analyzing stock price changes began to flourish, particularly after Bachelier’s
thesis was rediscovered. Several researchers began to publish using ideas similar to, or in opposition to,
Bachelier, each one trying to get at the mathematical nature of stock price movements.

Some of the more important papers from the 50s and 60s are:

The Analysis of Economic Time Series Part 1: Prices
Maurice G. Kendall, Journal of the Royal Statistical Society, Volume 116, 1953,
Pgs. 11-25

This first one was originally titled The Analytics of Economic Time Series, but somehow the titled
changed.
Next is:
Stock Market "Patterns" and Financial Analysis: Methodological Suggestions
Harry Roberts, Journal of Finance, Volume 14, 1959, Pgs. 1-10
Then we have:
Brownian Motion in the Stock Market
Matthew F.M. Osborne, Operations Research, Vol. 7, March-April 1959, Pgs. 145-173
Followed by:
A Revision of Previous Conclusions Regarding Stock Price Behavior
Alfred Cowles, Econometrica, Volume 28, October 1960, Pgs. 909-915
And:
Note on the Correlation of First Differences of Averages in a Random Chain
Holbrook Working, Econometrica, Volume 28, October 1960, Pgs. 916-918
Next is:

Some Characteristics of Changes in Common Stock Prices
Arnold B. Moore, this is a 1960 abstract of a 1962 dissertation, University of Chicago, as found
in The Random Character of Stock Market Prices, 1964, Paul H. Cootner, ed.
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Then:

Spectral Analysis of New York Stock Exchange Prices

Clive W.J. Granger and Oskar Morgenstern, Kyklos, Volume 16, February 1963, Pgs. 1-27
And:

Price Movements in Speculative Markets: Trends or Random Walks

Sydney Alexander, Industrial Management Review, Volume 2, May 1961, Pgs. 7-26
And a follow-up paper:

Price Movements in Speculative Markets: Trends or Random Walks Number 2

Sydney Alexander, Industrial Management Review, Volume 5, No. 2, 1964, Pgs. 25-46
Then we have:

Stock Prices: Random vs. Systematic Changes

Paul Cootner, Industrial Management Review, Volume 3, Spring 1962, Pgs. 24-45
Next is:

A Test of Non-randomness in Stock Price Changes

William Steiger, The Random Character of Stock Market Prices, 1964, MIT Press, Pgs. 253-261
And finally:

Periodic Structure in the Brownian Motion of Stock Prices

Matthew F.M. Osborne, Operations Research, Volume 10, Number 3, 1962, Pgs. 345-379.

You’ll be happy to know; all these titles and several others can be found in a single volume:
The Random Character of Stock Market Prices, Paul Cootner, editor, published in 1964.

Unfortunately, it was out of print when I bought a used copy for about $70. It was reprinted in 2000, but
as of the time of this writing the reprint is only available used for $100. First editions are quite a bit more.

There is a lot to learn from these articles. If nothing else you can learn just how sophisticated attempts
were to get at the heart of what happens in financial markets. It’s not as easy as it looks. But one thing
you cannot learn from these articles is how to invest, they merely discuss evidence of what kind of
mathematical structure best describes stock price movements. And they don’t all agree.

It turns out that understanding stock price changes is slippery. Anyone who would suggest otherwise has
either never worked with the data, or is selling something, or perhaps is fooling themselves.

This list of articles stops in 1964 for reasons that will be clear by the end of the video on the capital asset
pricing model, two videos from now. However, very much has been published since then on the subject of
the mathematics of stock price changes.

In two of the articles listed, the term “random walk” is used in the title. Random walks show up often in
the mathematical finance literature.

Try this definition, “In mathematics a random walk is a mathematical object known as a stochastic or

random process that describes a path that consists of a succession of random steps on some mathematical
space such as integers.”
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I hope that was clear.

Well, formal definitions can sometimes obscure things. As a practical matter, “random walk’ means that
percentage price changes are random, and that each price change is unaffected by the price changes that
came before it.

Concretely this means there are no trends or trend reversals, it is just the accumulation of noise that looks
like a trend. If it’s true.

A popular non-mathematical book that discusses the subject, suitable for individual investors, is 4
Random Walk Down Wall Street, by Burton Malkiel (W.W. Norton & Company). The most recent edition
was published in 2023, the fiftieth anniversary edition. Here is the 2007 edition from my library.

To what degree stock prices follow a random walk is still debated. It seems that the weight of the
evidence is against the idea, but that weight might someday shift.

In any case, distinct from the book A Random Walk Down Wall Street is a book not so suitable for most
individual investors called 4 Non-Random Walk Down Wall Street (by Andrew W. Lo & A. Craig
MacKinlay, 2002, Princeton University Press). This book requires well-developed skill in statistics and
time series to get much past the first page.

Understanding mathematics is one thing, investing is another. One of the two foundational works on how
to select investments is, The Theory of Investment Value by John Burr Williams (Harvard University
Press, 1938, republished in 1997 by Fraser Publishing Company).

Williams was the first to make a comprehensive case for valuing a stock based on the present value of
future dividends, or more generally, the present value of future cash flows. His book relies on
mathematical reasoning throughout.

The other foundational work is more popular among value investors: Security Analysis by Benjamin
Graham and David Dodd. Fortunately for many investors, Security Analysis is not as mathematically
oriented as The Theory of Investment Value.

Here is the first edition published in 1934, and here is the second edition published in 1940, and here is
the 3" edition published 1951. Each of the first three editions was reprinted in 1997, 2002, and 2004,
respectively.

Aside from the three editions which have been reprinted, there is the 4% edition, published in 1962 (sorry,
no picture), the 5 edition published in 1988, (again, sorry no picture), and for your viewing pleasure here
is the 6" edition published in 2009.

First editions can sell for several thousand dollars. First printings of the first edition commonly list for
over $20,000, although I don’t know if they actually sell for that much. Obviously, there is a lot of loyalty

to the book and to the principles it promotes.

People who invest using the methods described in Security Analysis are often called “Graham-Dodd
bottom-up investors.”
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Still, although there were ideas about what stocks to invest in individually (those that met the criteria of
these two books), and ideas about the mathematical structure of price movements, there was no theory of
how to build a portfolio, other than general advice to diversify.

Diversification was a seat of the pants type procedure. There was no formal method you could use to
know when you have arrived.

William Shakespeare is often cited as one inspiration for diversification, from the Merchant of Venice,
Act 1, Scene 1.

My ventures are not in one bottom trusted,

Nor to one place,

Nor is my whole estate upon the fortunes of this present year.
Therefore, my merchandise makes me not sad.

The word “bottom” in the first line refers to the hold of a ship where cargo was stored, but maybe that
was obvious.

Those who take no inspiration from Shakespeare, may find it in the Bible.

Ecclesiastes 11:2 Divide your portion to seven, or even to eight, for you do not
know what misfortune may occur on the earth. (New American Standard Bible, 1995)

Enter Harry Markowitz.
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Alpha Found Video 3

Harry Markowitz

Welcome to Alpha Found part 3.

Despite appearances these videos are not about the history of investing, but in order to understand the
current state of capital market theory, some history is required as background. A large part of that history
is about the contributions of Harry Markowitz.

The question of how to accomplish diversification was not yet solved in the early 1950s. As inspiration
for solving the problem of diversification, Markowitz famously observed, “I was struck by the notion that
you should be interested in risk as well as return.”

In 1952, Harry Markowitz, a 25-year-old economics Ph.D. student at the University of Chicago published
a 14-page paper in the Journal of Finance with the modest title, Portfolio Selection (Journal of Finance,
March 1952, Pgs. 77-91).

Here is the first page.

In 1959 Markowitz published a book by the same title as a gentle introduction to his theory. A full and
not so gentle explanation of his theory was published in 1987 under the title Mean-Variance Analysis in
Portfolio Choice and Capital Markets. The problem of diversification had been solved.

Eventually that short paper of 1952 would earn Markowitz the Nobel Prize in Economics.

Return is easy to understand; it’s the percent change in the value of your investments over time. Risk is
tougher to define, but Markowitz decided that variance of return is the proper measure of risk.

Most investors don’t think “variance of return” when they think of risk, but nonetheless, it’s a good
definition in that it is mathematically precise and often easy to work with.

There are several assumptions underlying Markowitz:

1. Investors are concerned with only two parameters: risk and return.

2. Investors are risk averse.

3. Investors seek the highest level of return for a given level of risk.

4. All investors have the same expectations concerning return, variance, and covariance for all risky
assets. This is usually called homogeneous expectations.

5. All investors have the same 1 period time horizon.

6. Stock returns follow a joint normal distribution.

Markowitz has since said that joint normal is not needed, any of over 100 distributions will work, but
joint normal is often used since it is the easiest distribution to work with.

The assumptions for Markowitz can be found in many places. The first five assumptions in this case came
from Finance: Capital Markets, Financial Management, and Investment Management, by Frank Fabozzi
and Pamela Peterson Drake (J. Wiley & Sons, 2009, pg. 596).

Unfortunately, I have the book in PDF so I can’t show you where it is on my bookshelf.
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So, Markowitz solved the problem of diversification, and as such, the problem of how to create an
investment portfolio, sort of. We will get to why he only sort of solved the problem in a couple of
minutes.

His method is often referred to as mean-variance optimization or E-V optimization, where the E is the
mathematical expectation operator. Expectation just means mean, and V is variance.

Mean-variance optimization as applied to investments is a specific application of quadratic optimization,
which used to be called quadratic programing. When applied to investing, mean-variance optimization is
called Modern Portfolio Theory or MPT.

By the way, I will use variance and standard deviation interchangeably when it comes to discussions of
risk, but not interchangeably when we finally get to calculations in later videos.

Figure 3.1
The Efficient Frontier

E(Rp) Capital Market Line
(cMmL) E(Rp) = Expected return of a
portfolio

Efficient Frontier
s = risk-free rate of return

" op = standard deviation of
portfolio returns

Op (risk)

But what does it mean? Essentially, the idea is that with all of the potential investments or combinations
of investments that someone might choose, an investor would want to minimize risk for any expected
return, or maximize expected return for any given level of risk. A formula will not accomplish the desired
calculation. Instead, an algorithmic procedure is used.

There are an infinite number of possible portfolios someone might construct, but the best portfolio for any
given level of expected return will have the lowest possible expected standard deviation of returns. In this
case, what that means is that although you will not likely get the expected return exactly, but some level
of return above or below that amount, the standard deviation of the possible returns will be at a minimum
when compared with the standard deviation of other portfolios with the same expected return.
Alternatively, the best portfolio is the one that gives the maximum expected return for the amount of risk.
The result of Markowitz mean-variance analysis is what you see on the screen.

The red curve is called the efficient frontier. The M represents the market portfolio, which is assumed to
be one of the efficient portfolios. Any point on the curve represents an efficient portfolio, and any point
below the curve represents an inefficient portfolio, meaning either lower risk is available for the same
expected return, or higher expected return is available for the amount of risk.

The vertical axis is the expected return of the portfolio. About a quarter of the way up is 7y, which is the
risk-free rate of return (usually US government bills or bonds). The horizontal axis uses standard
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deviation for a risk measure. The line drawn from the risk-free rate through M is called the capital market
line.

The implication is that it is best to own some combination of the market portfolio and the risk-free asset.
To achieve a risk/return combination different from the market by buying a different efficient portfolio on
the curve, will be less efficient than buying the market portfolio with a portion of your assets and placing
the rest of your assets in the risk-free asset. The portion of the line extending beyond the market portfolio,
up and to the right, represents borrowing, in order to put more than 100% of your assets in the market. Put
another way, the implication is that whatever percentage you put in the stock market, that percentage
should be put in the market portfolio, and the remaining percentage should be put in the risk-free asset.

The specifics of the algorithm that constructs the efficient frontier is not important for these videos.
However, the inputs alone are challenging enough. If someone wanted to construct a mean-variance
optimization for the stocks that make up the S&P 500, the following inputs are needed:

Estimated mean returns for each of 500 stocks,
Estimated variance for each stock, and estimated covariance between each pair of 500 stocks.

All told that is 500*501/2 = 125,250 covariances, plus 500 estimated mean returns, or 125,750 estimates
of future price behavior in total.

If you wanted to use historical data to make the estimates, and 5 years of monthly data is used. You have
500 x 60 = 30,000 data points to make the 125,750 statistical estimates. Therefore, there is a massive
problem of insufficient degrees of freedom. As a result, there is no good way to make the needed
individual estimates from historical data.

Apart from the impossibility of making such estimates in the first place, even if it could be done, no
computers available in 1952 could then handle the computations that would follow. The great insights of
Harry Markowitz would have to wait for further insights to be practical.

As an aside, today these calculations are easily done at the level of asset classes or economic sectors. If
the asset classes are few, there is no degrees of freedom problem when historical statistical relationships

are used to estimate future statistical relationships, if the relationships are stable.

Much more could be said about the application of mean-variance efficiency to investment theory and
practice, but we need to push forward to the Capital Asset Pricing Model and William F. Sharpe.
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Alpha Found Video 3
Harry Markowitz

Welcome to Alpha Found part 3.

Despite appearances these videos are not about the history of investing, but in order to understand the
current state of capital market theory, some history is required as background. A large part of that history
is about the contributions of Harry Markowitz.

The question of how to accomplish diversification was not yet solved in the early 1950s. As inspiration
for solving the problem of diversification, Markowitz famously observed, “I was struck by the notion that
you should be interested in risk as well as return.”

In 1952, Harry Markowitz, a 25-year-old economics Ph.D. student at the University of Chicago published
a 14-page paper in the Journal of Finance with the modest title, Portfolio Selection (Journal of Finance,
March 1952, Pgs. 77-91).

Here is the first page.

In 1959 Markowitz published a book by the same title as a gentle introduction to his theory. A full and
not so gentle explanation of his theory was published in 1987 under the title Mean-Variance Analysis in
Portfolio Choice and Capital Markets. The problem of diversification had been solved.

Eventually that short paper of 1952 would earn Markowitz the Nobel Prize in Economics.

Return is easy to understand; it’s the percent change in the value of your investments over time. Risk is
tougher to define, but Markowitz decided that variance of return is the proper measure of risk.

Most investors don’t think “variance of return” when they think of risk, but nonetheless, it’s a good
definition in that it is mathematically precise and often easy to work with.

There are several assumptions underlying Markowitz:

7. Investors are concerned with only two parameters: risk and return.

8. Investors are risk averse.

9. Investors seek the highest level of return for a given level of risk.

10. All investors have the same expectations concerning return, variance, and covariance for all risky
assets. This is usually called homogeneous expectations.

11. All investors have the same 1 period time horizon.

12. Stock returns follow a joint normal distribution.

Markowitz has since said that joint normal is not needed, any of over 100 distributions will work, but
joint normal is often used since it is the easiest distribution to work with.

The assumptions for Markowitz can be found in many places. The first five assumptions in this case came
from Finance: Capital Markets, Financial Management, and Investment Management, by Frank Fabozzi

and Pamela Peterson Drake (J. Wiley & Sons, 2009, pg. 596).

Unfortunately, I have the book in PDF so I can’t show you where it is on my bookshelf.
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So, Markowitz solved the problem of diversification, and as such, the problem of how to create an
investment portfolio, sort of. We will get to why he only sort of solved the problem in a couple of
minutes.

His method is often referred to as mean-variance optimization or E-V optimization, where the E is the
mathematical expectation operator. Expectation just means mean, and V is variance.

Mean-variance optimization as applied to investments is a specific application of quadratic optimization,
which used to be called quadratic programing. When applied to investing, mean-variance optimization is
called Modern Portfolio Theory or MPT.

By the way, I will use variance and standard deviation interchangeably when it comes to discussions of
risk, but not interchangeably when we finally get to calculations in later videos.

Figure 3.1
The Efficient Frontier

E(Rp) Capital Market Line
(cMmL) E(Rp) = Expected return of a
portfolio

Efficient Frontier
s = risk-free rate of return

" op = standard deviation of
portfolio returns

Op (risk)

But what does it mean? Essentially, the idea is that with all of the potential investments or combinations
of investments that someone might choose, an investor would want to minimize risk for any expected
return, or maximize expected return for any given level of risk. A formula will not accomplish the desired
calculation. Instead, an algorithmic procedure is used.

There are an infinite number of possible portfolios someone might construct, but the best portfolio for any
given level of expected return will have the lowest possible expected standard deviation of returns. In this
case, what that means is that although you will not likely get the expected return exactly, but some level
of return above or below that amount, the standard deviation of the possible returns will be at a minimum
when compared with the standard deviation of other portfolios with the same expected return.
Alternatively, the best portfolio is the one that gives the maximum expected return for the amount of risk.
The result of Markowitz mean-variance analysis is what you see on the screen.

The red curve is called the efficient frontier. The M represents the market portfolio, which is assumed to
be one of the efficient portfolios. Any point on the curve represents an efficient portfolio, and any point
below the curve represents an inefficient portfolio, meaning either lower risk is available for the same
expected return, or higher expected return is available for the amount of risk.

The vertical axis is the expected return of the portfolio. About a quarter of the way up is 7y, which is the
risk-free rate of return (usually US government bills or bonds). The horizontal axis uses standard
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deviation for a risk measure. The line drawn from the risk-free rate through M is called the capital market
line.

The implication is that it is best to own some combination of the market portfolio and the risk-free asset.
To achieve a risk/return combination different from the market by buying a different efficient portfolio on
the curve, will be less efficient than buying the market portfolio with a portion of your assets and placing
the rest of your assets in the risk-free asset. The portion of the line extending beyond the market portfolio,
up and to the right, represents borrowing, in order to put more than 100% of your assets in the market. Put
another way, the implication is that whatever percentage you put in the stock market, that percentage
should be put in the market portfolio, and the remaining percentage should be put in the risk-free asset.

The specifics of the algorithm that constructs the efficient frontier is not important for these videos.
However, the inputs alone are challenging enough. If someone wanted to construct a mean-variance
optimization for the stocks that make up the S&P 500, the following inputs are needed:

Estimated mean returns for each of 500 stocks,
Estimated variance for each stock, and estimated covariance between each pair of 500 stocks.

All told that is 500*501/2 = 125,250 covariances, plus 500 estimated mean returns, or 125,750 estimates
of future price behavior in total.

If you wanted to use historical data to make the estimates, and 5 years of monthly data is used. You have
500 x 60 = 30,000 data points to make the 125,750 statistical estimates. Therefore, there is a massive
problem of insufficient degrees of freedom. As a result, there is no good way to make the needed
individual estimates from historical data.

Apart from the impossibility of making such estimates in the first place, even if it could be done, no
computers available in 1952 could then handle the computations that would follow. The great insights of
Harry Markowitz would have to wait for further insights to be practical.

As an aside, today these calculations are easily done at the level of asset classes or economic sectors. If
the asset classes are few, there is no degrees of freedom problem when historical statistical relationships

are used to estimate future statistical relationships, if the relationships are stable.

Much more could be said about the application of mean-variance efficiency to investment theory and
practice, but we need to push forward to the Capital Asset Pricing Model and William F. Sharpe.
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Alpha Found Video 4
CAPM

Welcome to part 4 of Alpha Found.

The insights initiated by Harry Markowitz in 1952 lacked a practical implementation. The curve known as
the efficient frontier was either impossible or impractical to implement.

Figure 3.1
The Efficient Frontier

E(Rp) Capital Market Line
(cMmL) E(Rp) = Expected return of a
portfolio

Efficient Frontier
1y = risk-free rate of return

op = standard deviation of
portfolio returns

Up (rfsk)

Markowitz was working for the RAND corporation in 1960 when William Sharpe started working there
also. Sharpe was looking for a Ph.D. topic. At the suggestion of Markowitz, Sharpe took on the single
factor model. That is, instead of estimating thousands of expected covariances, possibly there is one
economic factor that each security has a sensitivity to. If that sensitivity can be estimated, then the
elaborate mean-variance optimization algorithm becomes unnecessary.

Sharpe’s solution to the single factor model was published under the title Capital Asset Prices: A Theory
of Market Equilibrium Under Conditions of Risk, in the September, 1964 edition of The Journal of
Finance, Pgs. 425-442.

And here is the first page.

The single factor that matters is the excess return on the market portfolio itself. That is, it is the collection
of all risky assets, held in proportion to their market capitalization. The single factor model is called the
Capital Asset Pricing Model or CAPM. It was the exact breakthrough that everyone needed.

I should add for the sake of historical accuracy that others are often credited with coming up with the
same theory, or ideas very similar, and thus contributed to CAPM’s development. Those would be Jack
Treynor, who had the idea before Sharpe but did not publish, John Lintner, and Jan Mossin. CAPM is
often referred to as the Sharpe-Lintner-Mossin Capital Asset Pricing Model.

How sensitive the return of a stock or portfolio is to the excess return of the market is called beta, which I
am calling CAPM beta. The notation I am using is beta prime (8").
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The prime notation is my own. I use it because in later videos there will be different parameters and
variables that look and operate similarly to one another but are meaningfully different, sometimes within
the same equation.

As a notational convention, anything with a prime mark has the ordinary meaning as found in the context
of CAPM. Anything without the prime is defined when it is first used. Right now, it looks like an
unnecessary complication.

If the total return of the market is R, then CAPM beta is the sensitivity to the total return of the market
minus the risk-free rate. So, that Ry, — 75 is called the excess return because it is in excess of the risk-free
rate of return.

The information needed to calculate the change in market value for all risky assets is unobtainable.
Various efforts have been made to make an estimate of a market of all risky assets, but at the end of the
day, usually a broad market index is used instead of a hypothetical market of everything. For example, the
S&P 500 will be used for this purpose in later videos of this series.

Oddly enough, Sharpe’s paper does not include the formula made famous by his paper. All that is given is
a verbal description. When written out, for a single time period it looks like this:

Ryr =15 + Ba(Ruge — 1) + &y (4.1
Where:
R;; = the return of an asset or portfolio in period 7.

e = the risk-free rate of return.

Bl = the estimated sensitivity of the asset to the excess market return.
Ry = the market return including income in period z.

Ryt — 17 = the excess return in period ¢.

é,; =idiosyncratic return in period ¢.

and finally, &;; is the return in period ¢ not explained by the rest of this model, called idiosyncratic return
or residuals in the context of regression.

And as an average over several time periods, it looks like this:
Ry =1+ Bo(Ry —17) (4.2)
Where R}, is the average return of an asset over several time periods, and R}, is the average market return.

If we move from average returns over several time periods (ex-post), to expected returns (ex-ante) we get
equation (4.3).

E(Rq) =17 + ﬂzlz(R;m - rf) (4.3)
Where E is the expectation operator from probability, which just means expected value or mean.
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Usually, the risk-free rate is moved to the left-hand side of the equation to give equation (4.4).

E(Rqr) — Tr = Ba (RIIVIt - rf) (4.4)

So, the original CAPM is an equation of a line with zero intercept. Equations (4.1) and (4.2) are ex-post
versions of CAPM, while (4.3) and (4.4) are ex-ante versions. Probably the most frequently used
expression is equation (4.4).

When a line number is in blue, it means we have seen it before.
But where does estimated CAPM beta come from? How do we know its value?

In practice, CAPM beta is an unknown, but if we did know it, then our problems would be solved, or so
many people believe. CAPM beta is considered to be a parameter, unchanging over some relevant time
period. Since we do not know the value of CAPM beta, it has to be estimated.

The estimation technique for CAPM beta is ordinary least squares regression, which means that estimated
CAPM beta, S, is the slope of a regression line. Usually, the ex-post estimate of the last several time
periods becomes the ex-ante estimate of the next time period. Also, usually when people are simply
talking, CAPM beta and estimated CAPM beta are used interchangeably, but in a formal context, they are
different things.

Put another way, although I will not give a statistics lecture in the middle of this video, let me say that as
a generality, we would like to know the true value of CAPM beta, but we don’t. We do know the
estimated value from the data, which is our best guess or estimate as to the true value. With that said, the
expected value of B’ is equal to B, or at least it is supposed to be. After a few more videos, knowledge of
elementary statistics will be assumed; so knowledge of things like the difference between parameters and
parameter estimates will also be assumed.

CAPM assumes a zero intercept, meaning the regression technique is the zero-intercept regression.
As a stylistic point, [ have a hard time putting the expectation operator in front of the market return as
textbooks do. “Expectation” has a specific mathematical meaning. Market returns do not have a
mathematical expectation. With that said, once the market returns are known, the expectation operator

does apply to the return of the asset.

The risk, or standard deviation, of the excess returns of the market is called systematic risk. In addition to
scaling market returns, B’ also scales systematic risk. Much more on that as the videos progress.

Here is a graphical representation of CAPM.
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Figure 4.1
The Capital Asset Pricing Model

, g >1
E(Rp) — Tf

B =1
E(Rp) = expected return of a portfolio

B <1
Ty = risk-free rate of return
R;w — 75 = eXcess returns

R}’\,{ — Tf

If B’ > 1, then the asset responds to market changes more strongly than the market itself. If 8’ < 1, then
the asset responds to market changes less strongly than the market itself. The excess return of the market
has a CAPM beta of one by definition. Anything regressed against itself will have a slope of one.

The assumptions needed to make CAPM work are as follows (this is from Investments by Bodie Kane
and Marcus, 10™ edition):
The first three have to do with investor behavior.

la) Investors are rational, mean variance optimizers.
1b) Investors’ planning horizon is a single time period.
Ic) Investors have homogeneous expectations.

The next four have to do with market attributes.

2a) All assets are publicly held and trade on public exchanges. Short positions are allowed,
and investors can borrow or lend at the risk-free rate.

This seems like three assumptions to me, not one, but this is how Bodie, Kane, and Marcus do it.

2b) All information is publicly available (this is called informational symmetry).
2¢) No taxes.
2d) No transaction costs.

Here is a picture of the tenth edition if you need one.

It is easy to find a different list of assumptions for CAPM in different sources, but there is always
substantial overlap.

These assumptions are not great, but they got things moving forward. Once they got moving forward,
CAPM took on a life of its own. We will return to these assumptions in a later video.

In order to make an estimate of CAPM beta, returns of a benchmark and of the asset of interest are needed
for several time periods. For statistical validity, usually at least 30 time periods are used. Often, monthly
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data for 5 years is used giving 60 data points. This is enough data to smooth out the bumps along the way.
Some use 3 years or 36 months because CAPM beta may not be stable over longer periods of time.

There is nothing magic about using months. You could use quarters, or years if the parameters were
stable, or weeks, but most use months.

Returns include returns from dividends.

Shortly after CAPM was published, Michael Jensen, another Ph.D. economics student at the University of
Chicago, and professor at the University of Rochester, suggested an improvement.
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Alpha Found Video 5

Jensen’s Alpha
Welcome back to part 5 of Alpha Found.

At the 26" annual meeting of the American Finance Association, held December 28-30, 1967, Michael
Jensen introduced the idea of including the intercept in the regression equation as a method of evaluating
investment performance. The intercept is called alpha, and so alpha was born. This is where all the current
excitement about alpha stems from.

In Jensen’s paper from the meeting proceedings, published in the Journal of Finance, May 1968, use of
the intercept was spelled out for those who did not attend the meeting. Notice the very uninteresting title:
The Performance of Mutual Funds in the Period 1945 — 1964 (Journal of Finance, Volume 23 No. 2, Pgs.
389-416).

Here is the first page.

The big breakthrough is highlighted here in equation 8. The intercept of a regression line is called alpha.
Alpha can be positive or negative, but the market has a zero alpha. Investors want a positive alpha, not
just alpha generically. Alpha is interpreted as excess return after adjusting for systematic risk.

From the point of view of more than 50 years later, it seems obvious. Sharpe and Jensen made it obvious.
It was not obvious at the time. And ever since, for more than 50 years, investors have been seeking
positive alpha. As a result of all the talk of alpha, now when people discuss CAPM it includes alpha,
though it wasn’t there initially.

Here is a graph of Sharpe’s original idea of CAPM as seen in the last video.

Figure 4.1
The Capital Asset Pricing Model
/ g >1
ERp) — 15

gl
E(Rp) = expected return of a portfolio

g <1
15 = risk-free rate of return
Ry — T = eXcess returns

Ry, — T5

Here’s what it looks like with alpha, using notation a’. Alpha is the intercept.
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Figure 5.1

CAPM with Alpha
B >1
E(RP) — T'f

B =1
E(Rp) = expected return of a portfolio

g <1
Ty = risk-free rate of return
Ry — Ty = excess returns

al\q a'= intercept of a regression line
Ry —1;

Now the different ways of expressing the equations of the capital asset pricing model look like this:

Ry —1r = @L + Bo(Rye — 15) + Eis (5.1)
E(Ry) —1r = E(@}) + Ba(Rie — 17) (5.2)
E(RY) — 17 = E(@}) + Ba(Ry —17) (5.3)

With the usual components plus the addition of a term called @, which is the estimated excess return of
the asset after adjusting for systematic risk.

R;; = the return of an asset in period t.

rs = the risk-free rate of return.
a, = estimated excess return of an asset after adjusting for systematic risk, called “alpha.”
BL = an asset’s estimated sensitivity to excess returns.

Ry = total return of the market index in period t.

Ryt — 17 = total excess return of the market index in period t.

&, = the estimated return not explained by the model, called idiosyncratic return.
In addition to expected returns, we can look at risk. To find the risk of a portfolio, find the variance of the

ex-post CAPM equation, including the intercept. So, we need to take the variance of both sides of
equation (5.1).

var(R} — rf) = var(a, + ,[?,’I(R,’V, - rf) + &)
Isolated constants drop out of variance calculations, and constant coefficients get pulled out and squared.

var(R}) = var(,BAC’l(R,’V,) +&,)= B2var(R},) + var(&)
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The right-most term is called idiosyncratic risk. Much more on that to come. This assumes that
idiosyncratic risk is independent from systematic risk.

And finally, with a change in notation we have equation (5.4).
62 = Pir6at + 652 (5.4)
Equation (5.4) is the equation for the ex-post variance of a portfolio using CAPM regression components.

You’ll have to excuse the change in notation. Some notation is easier to work with and other notation is
easier to look at.

Diversification with CAPM means trying to minimize idiosyncratic risk for a given portfolio Sp.

Alpha measures the return that does not come from systematic risk. If it doesn’t come from systematic
risk, where does it come from? The big idea is that alpha, positive alpha, reflects skill in selecting
investments. It’s a measure of value added.

The theory behind alpha is that the expected alpha of any investment is zero.
E(@y) =0 (5.5)

Randomness in investment returns means that some stocks will have positive alpha, some negative, but in
either case it’s a result of randomness in the outcomes, not skill. The weighted sum of all alphas is
necessarily 0 in CAPM because the market regressed against itself will have a zero intercept, which is
zero alpha.

There is a hypothesis called the joint hypothesis, framed by Eugene Fama in 1970, which states that
capital markets are efficient, and the capital asset pricing model is the correct model for measuring
efficiency. If the joint hypothesis is true, then alpha is random and centered on zero.

The pressing question concerns the randomness of alpha. If an investor (or algorithm for that matter) can
generate positive alpha such that alpha is statistically significant, then that statistical significance stands
as evidence of investor skill. Since under CAPM, the total alpha is zero by construction, the real question
is not whether it is centered on zero, but do the component alphas deviate randomly from zero?

Although a few people quickly wrote papers testing alpha, the first comprehensive paper was by Fisher
Black, Michael Jensen, and Myron Scholes, a paper now referred to as Black, Jensen, and Scholes, or
BJS. The formal title of BJS is The Capital Asset Pricing Model: Some Empirical Tests, published in a
1972 book titled Studies in the Theory of Capital Markets (MC Jensen, Ed.).

BJS found unambiguously that positive alpha is associated with low CAPM beta, and negative alpha,
therefore, is associated with high CAPM beta. This isn’t lock-step certainty, but a statistical tendency.
Importantly, they eliminated ex-post selection bias as an explanation. That is, it is not only true when
looking back in time after we have the answers, it’s also predictive.

Another look at this graph shows the effect, where 8’ < 1 implies that E(&") > 0; and 8’ > 1 implies
E@") <o.
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Figure 5.1

CAPM with Alpha
, g >1
E(Rp) - Tf
g =1
E(Rp) = expected return of a portfolio
B <1
1y = risk-free rate of return
R;W — 75 = excess returns
a’\(( a'= intercept of a regression line
RIIW = rf

Certain aspects of BJS will be looked at closely in a later video, but for now the important part is the
conclusion that positive alpha and low CAPM beta are closely associated. The relationship shows up in
every decade since the 1940s, long before there was a model to measure it. According to BJS, the 1930s
did not have the relationship, but the time period covered was during the great depression when stock
price movements were unusual and large.

How is this possible?

After BJS the next big paper is usually called Fama-McBeth published in 1973, meaning Eugene Fama
and James McBeth. The actual title is Risk, Return, and Equilibrium: Empirical Tests (Journal of Political
Economy, Volume 81, May-June 1973, Pgs. 607-636). And then there was Haugen and Heins published
in 1975, meaning Robert A. Haugen and A. James Heins. They wrote Risk and the Rate of Return on
Financial Assets: Some Old Wine in New Bottles (Journal of Financial and Quantitative Analysis, Volume
10, December 1975, Pgs. 775-784).

There were many other lesser known but important papers written at this time. In addition to the authors
already mentioned, George Douglas, Marshall Blume, and Irwin Friend are significant, as well as others.

Markowitz, Sharpe, Scholes, and Fama, among others we will run across later, received Nobel Prizes in
economics for their work on capital market theory. Samuelson also received a Nobel Prize in economics,
but not for his contributions to capital market theory, although his contributions were significant. Fisher
Black would have also been included on the list, but he passed away before his collaborator, Myron
Scholes, was awarded the prize.

Every once in a while, I run into someone who thinks it is easy to get outsized investment returns. The
fact that so many people were awarded Nobel Prizes for their work on capital markets stands as testimony

that the issues involved are complex and deep.

The idea that low CAPM beta is associated with positive alpha is so thoroughly documented in the
academic literature that [ am going to assume that the relationship exists and that it is durable over time.
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There is no use trying to prove what is not in doubt, but this fact really makes very little sense at the level
of economic theory. Economic theory would tell us that what generates returns is systematic risk, yet the
positive alpha - low CAPM beta association stands in contrast to this.

So we have found alpha in low CAPM beta stocks. The big question is why is it found there? There aren’t
that many possibilities available. Either CAPM or its assumptions is flawed (some might say
misspecified), or the model is right but the parameter estimation method for alpha and CAPM beta is
flawed, or markets are not efficient, or some combination of these three.
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Alpha Found Video 6

Alternative Models — Multi-Moment Models
Welcome back to Alpha Found.

The last video ended with three possibilities that could explain why positive alpha is associated with low
CAPM beta. They are: CAPM is flawed, or the estimation methods for alpha and CAPM beta are flawed,
or markets are not efficient, or some combination of these three.

To look at this further let’s look first at alternative models.

There are two types of models that serve as alternatives to CAPM but in some way are derivative of
CAPM. There are multi-moment models, and multi-factor models.

MPT uses expected mean returns and the covariance between securities. CAPM uses mean returns and the
covariance with the market. Mean return is called the first moment, variance is the second moment.
Purists would call variance the second central moment.

The third and fourth central moments do not show up in MPT and CAPM.

The third central moment is skewness, which measures the degree to which data is distributed
asymmetrically, including outsized returns to the upside or downside. The hope for outsized returns, or
lack thereof, might alter what investors are willing to pay for an asset. It is doubtful that most investors
know what skewness is in a formal sense, and much more doubtful that they have a working knowledge
of how it operates in the context of portfolio construction. From before the beginning of formal asset
pricing theory, skewness was observed in price dynamics.

The fourth central moment is kurtosis which means “fat tails” or “long tails” of a statistical distribution.

Is it possible that investors are consciously or unconsciously considering higher moments when the make
investment choices, including choices concerning diversification?

The book The Random Character of Stock Market Prices, discusses skewness. Yet, when formal theory
was developed, higher moments were ignored. Easier problems had to be solved before more difficult
problems could be tackled. Higher moment optimization was thought to be intractable.

No one believes that stock returns are normally distributed, but the normal distribution is so easy to work
with that it is assumed good enough for a lot of modeling purposes. Only two moments are needed to
describe completely the normal distribution, mean and variance.

If a greater sophistication than the normal distribution is desired, the next distribution of choice after the
normal is the lognormal. It has a better intuition to it, and it has well defined skewness. However, it is
much harder to work with in many applications. Also, like the normal, the lognormal ultimately doesn’t
work as well as we would like.

If the level of sophistication is upped again, some, like Benoit Mandelbrot, favor the stable family of
distributions, which has certain advantages, but also has some absurdities when applied to investing, like
infinite variance. It should be noted that the normal distribution is the only distribution in the stable
family that has a finite variance.
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It is a conundrum as to what probability distribution applies. I will have a thought about this in the 28%
video.

We haven’t discussed the formula for CAPM beta yet so let me do that now.

In the CAPM OLS case:

PN PN
51 _ %aM _ a1 6.1
a 61’\/% pa,M 6114 ( . )

But this is a two-moment model.

Even if the mathematics of multi-moment pricing models had been worked out in the early days, the
estimates needed to run the optimization are significant.

Just as MPT could be simplified to a single factor model called CAPM, there is a single factor
simplification of the multi-moment model. It introduces an additional parameter called constant

proportional risk aversion.

In some multi-moment models:

A1 a-M~b
7

a=73 (6.2)
M,-mM~b
Where:
b = constant proportional risk aversion
B = multi-moment beta of the asset
Gam = covariance between the asset and the market
Pam = correlation between the asset and the market
65,1 _y-b = covariance between the asset and the negative of the market
to the negative b power
61:4 _y-b = covariance between the market and the negative of the market
to the negative b power
The formula does not have much intuition to it.
Under certain conditions constant proportional risk aversion (b) can equal 1. With that simplifying
assumption, we get equation (6.3):
~! 1
A M-
Pa=5"—— (6.3)

M,-M~1

One view of multi-moment models is that investors are pricing more moments than Modern Portfolio
Theory or CAPM. The differences between the two moments of MPT and multi-moments models result
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in a positive alpha for low CAPM beta stocks because MPT is not considering all information important
to investors such as skew and kurtosis. Once the higher moments are considered, then alpha disappears, or
is supposed to disappear.

A different interpretation is that the pursuit of higher moments by investors, who can be risk seeking
rather than risk averse, causes the prices of higher CAPM beta assets to be pushed up. This causes higher
CAPM beta stocks to be overpriced and the lower CAPM beta stocks to be underpriced, which over time
means negative alpha for high CAPM beta stocks and positive alpha for low CAPM beta stocks.

While I believe there is something to this reasoning, it’s not enough to explain the persistence of the
volatility effect, and it is not specific. That is, specifically, how much risk seeking results in how much
higher or lower alpha?

Meanwhile, there are a lot of smart people in Wall Street who know how to take advantage of pricing
anomalies. Yet the volatility effect, which for our purposes has not been defined yet, persists long after it

has been documented.

In my view the muti-moment models contribute some insight, but don’t solve anything the way we would
like to see.

There is a book that offers a development and discussion of multi-moment models. It’s not for the
mathematically faint of heart, but it’s easily found in a PDF download.

Multi-Moment Asset Allocation and Pricing Models, (edited by Emmanuel Jurczenko and Bertrand
Maillet, 2006, John Wiley & Sons).
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Alpha Found Video 7

Alternative Models — Multi-factor Models
Welcome back to part 7.

In one view, the higher moment models to some degree try to rescue efficient markets. Investors are
pricing more than the first two moments. Since CAPM prices assets based on the first two moments, the
appearance of inefficiency is only a mismatch between two-moment models and higher-moment models.
And this is why CAPM does not work as well as we would like. Meaning markets would be measured as
efficient if measured through the lens of higher moments. That’s one view.

A multi-factor model makes the case that either CAPM is fundamentally incomplete or markets are
inefficient. Whichever it may be, adding additional factors might remedy the incompleteness or
inefficiency. By considering not just market returns and covariances in the model, but other systematic
factors that influence returns, we could get a better understanding of market dynamics.

To cut to the chase on this, let me say that there are two main multi-factor models that have had the
attention of investors and academics alike.

One is the Fama-French three-factor model, and the other is the Fama-French-Carhart four-factor model.
The Fama-French three-factor model has the following three factors:

1. The same first factor as CAPM, which is the excess return of the market, (or the return of a broad
market index) scaled by beta. So, all is good, nothing much new here in the first factor.

2. The remaining two factors try to capture two apparent inefficiencies (or perhaps deficiencies,
depending on your perspective). One is the small stock effect, which is the observation that small
company stocks outperform large company stocks on a risk adjusted basis over long periods of
time. This factor is captured statistically by a factor called SMB or small minus big. Just as with
the first factor, the sensitivity that a stock or portfolio has to SMB is scaled by its own beta.

3. The third factor is a value factor as measured by book to market ratio, and is called HML, or high
minus low. High book to market value minus low book to market value. This factor also gets
scaled by its own beta.

The risk-free rate is included, and also an error term for each time period.
The different betas are estimated by ordinary least squares regression. Because of the other two factors,
the first beta that scales market returns will not have the same estimated value as it would in the single
factor CAPM. With the multi-factor model some of the other factors do the heavy lifting that was
previously accomplished by one factor.
It looks like this:

Ryr =715+ ag + ﬁC,l(RIIWt - Tf) + Basms (SMBy) + Bapm (HMLy) + €44 (7.1)

The Fama-French-Carhart four-factor model has the same first three factors as the three-factor model,
with the addition of a momentum factor.
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These models have much higher predictive accuracy than CAPM. At first glance, with this higher
accuracy, it would seem the difficulties are solved or mostly solved and we can move on to other
problems. However, there are a few of relevant criticisms.

The first criticism is that
1. Multi-factor models are statistical or empirical models, not economic models.

The inputs are driven by data, if the data were different, the model would be different. CAPM was
developed by economic reasoning. The data to test it came later.

The three-factor and four-factor models are “fitted” models. The data determine what the model is.

2. Factor models continue to be invented, because to date, none of them sufficiently satisfy
investors.

There has been a proliferation of multi-factor models. Even Fama and French have updated their model to
a five-factor model, including a profitability factor (RMW - robust minus weak) and an investment factor
(CMA - conservative minus aggressive).

The fact that there are several multi-factor models out there indicates indirectly that there is
dissatisfaction with each particular multi-factor model. Otherwise, no one would go through the effort to
create a new one.

Some other multi-factor models include low volatility as a factor. Which this series of videos will
eventually address.

3. Adding factors increases the likelihood of multicollinearity,

where one factor can be estimated by another factor. Adding one new factor may eliminate the need for a
previous factor, or perhaps two new factors together can do the work that three others used to do.

Whatever is going on, multicollinearity means that one factor can seem to predict partially the outcome of
another. When this is the case, what the underlying contributing factor really is remains an open question.

In defense of multi-factor models, the apparent inefficiencies that the multi-factor models account for
might not be inefficiencies. There could easily be hidden risk that systematic risk does not price properly,
but gets priced in things like SMB or HML.. If this is true then the small cap effect and value anomaly are
not anomalies. Their risk is just incompletely accounted for by traditional systematic risk.

For instance, small companies tend to have a higher cost of capital than large companies. This is an
increased risk which gets priced and leads to higher alpha as measured by traditional systematic risk
alone, but would not lead to higher alpha if risk were properly measured.

Finally,
4. Multi-factor models quantify return anomalies more than explain them.

In the final analysis, I find that the factors of multi-factor models are more descriptive than explanatory.
That is, the factors acknowledge that there are mysteries. The value effect, the small stock effect, and
other so-called anomalies are mysteries that get quantified to some degree in the multi-factor models. I
don’t see that the factors are explained such that we understand them better, they are only quantified
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better.

Of course, others may see it differently.
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Alpha Found Video 8
Explanations Nearby to CAPM

Welcome back to Alpha Found part 8.

If the multi-moment models don’t give us the answer we are looking for, and multi-factor models are
more descriptive than explanatory, there is only one place left to go to explain the volatility effect that has
been taken seriously. In this case it isn’t one idea, but a collection of ideas: those being that the
assumptions of CAPM are not wholly valid. When more realistic assumptions are considered, the
volatility effect appears as a natural consequence.

Rather than dig through several articles to examine what happens when the assumptions are relaxed, I
want to look at just one titled Explanations for the Volatility Effect: An Overview Based on the CAPM
Assumptions, by David Blitz, Eric Falkenstein, and Pim van Vliet, (Journal of Portfolio Management,
Volume 40 No. 3, Spring 2014, Pgs. 61-76). They do an excellent job so it is much better just to go
through what they have done rather than try to recreate it.

Their goal is to organize the different possibilities according to which CAPM assumption it violates. My
goal is to cover their work enough to give the flavor, rather than dig up all the details. Some points are
skipped altogether.

They begin by citing Fama-McBeth [1973], and then Haugen and Heins [1975], who concluded that the
risk-return relationship is flatter than CAPM predicts. This is just another way of saying that positive
alpha is associated with low CAPM beta. It means the security market line has a lesser slope than
predicted.

Figure 8.1
Realized Security Market Line
E(Rp)
Expected gechrity dlarkes tine E(Rp) = expected return of a portfolio
¢ = risk-free rate of return
R Realized Security Market Line
M
Ry = Return of the market
Tf _
B =1 B

Then they cite Fama and French [1992], who note that after adjusting for size effects, systematic risk and
return are not connected. Which means there is no security market line. Using size as an additional factor
sends us back to multifactor models.
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Figure 8.2
Alternate Realized Security Market Line

E(R})
Bipeater] Coaig) (s L E(Rp) = expected return of a portfolio
7y = risk-free rate of return
- Realized Security Market Line
Ry
Ry = Return of the market
Tf —
B =1 B

In some studies, the risk-return relationship is negative, meaning lower risk leads not just to higher alpha,
but to higher absolute returns than that achieved by higher CAPM beta investments, which means the
security market line slopes downward. These effects exist in international markets as well.

Whatever is going on, it is persistent across time and markets. You can look up the article to get the
citations.

Blitz, Falkenstein, and Van Vliet, organize the CAPM assumptions a little differently from Bodie, Kane,
and Marcus as listed in the fourth video, but the substance is the same. We’re going to look in a
superficial way.

The first assumption they relax is “no constraints on leverage,” meaning an investor can borrow or sell
short without limitation.

In reality there are constraints on both borrowing and short selling. As a consequence, to increase
expected return there is no place to go except higher CAPM beta securities, which have higher systematic
risk. This increases the demand and therefore increases the price of those securities above fair value,
which lowers alpha. This leaves low CAPM beta securities with higher alpha. With no short selling, the
optimistic investors for each security become the owners, without offsetting downward price pressure that
short sellers would provide. This distorts the risk-return payoff.

For both of these violations of the assumptions, it means investment managers are not completely rational
with respect to asset pricing, but may be rational with respect to their personal financial compensation,
which is often tied to relative investment performance. That is, analysts can see the overpriced state, but
are forced by their inability to use leverage or short selling into buying higher CAPM beta stocks. Perhaps
buying high-risk stocks is rational for an investment manager, but not rational for an outside observer
who does not have the same pressures. According to the article, constraints on leverage filters into most
of the other possible explanations for the volatility effect that arise from violations of the CAPM
assumptions.

Next, they look at investor utility, meaning an assessment of what the returns are from an investment in
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terms of utility rather than in dollars. The thinking goes like this: according to CAPM, investors are utility
maximizers.

In reality, investors are concerned with relative utility, not maximum utility. That is, most people want to
do better than their neighbors, not necessarily better against an abstract standard. Utility maximizers are
motivated by greed whereas those concerned with relative utility are motivated by envy.

This subtle difference has important implications. Relative utility may cause investment managers to seek
higher risk investments though their own analysis tells them it is not a great idea after adjusting for risk.
Compensation of investment managers motivates risky behavior in that often managers are paid a bonus
for outperformance, but no negative bonus for underperformance. The only reliable path to
outperformance given the constraints of investment policy is to seek higher risk investments. This
increases demand and therefore the price of high CAPM beta securities. There is no downside for the
manager.

As an example, investment managers attract clients based on relative performance. If the market is down
10% and clients of the investment manager are down 8%, the clients have lost an absolute value of 8%,
but gained 2% in relative performance. If markets are up 20% but the manager is up only 18%, the 2%
relative underperformance hurts the managers ability to attract business and may in fact lose business,
though the clients had great absolute returns.

CAPM assumes investors are mean-variance optimizers.

In reality investors might have a preference for skewness. Preference for skewness distorts the
construction of CAPM. It is a risk seeking behavior that seeks out investments that have potential for
outsized returns, thus pushing prices higher than their fair value, leading to lower alpha. This is more
likely for high CAPM beta securities rather than low CAPM beta securities. The thought of outsized
returns changes investor motivations. If investors are not risk averse, then naturally the investment
payoffs will reflect the higher prices paid for higher risk.

The last set of explanations revolve around behavioral finance explanations. There is a rich literature on
behavioral finance, to the point that Daniel Kahneman and Richard Thaler have been awarded Nobel
Prizes for their work, in 2002 and 2017 respectively.

CAPM assumes investors are rational.

In reality investors make several cognitive and behavioral errors. The representativeness heuristic, mental
accounting, overconfidence, among other cognitive and behavioral errors cause unintentional errors in the
assessment of value. Specifically, investors can become blinded to the reality of risk, or having seen it,
pursue it against their own better judgement.

To talk this through a little, the representativeness heuristic says that “people rely more on appealing
anecdotes than on dull statistics.” For example, when one stock that you perhaps haven’t heard about is
compared favorably to a stock you have heard about, or when a stock has some similar attributes to a
stock or stocks that do well, the reputation of the stock or stocks you have heard about gets mentally
transferred to the stock you have not heard about. For these stocks, the price is bid up too high.

Another possibility is mental accounting. Many investors have a portion of their assets set aside for
rational investing and another portion set aside for high risk opportunities. This is similar to skewness
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preference, and also is similar to gambling behavior in that people will gamble with a maximum loss in
mind, and will continue to gamble until that limit is reached. The rest of their money is not to be gambled
with.

The final behavioral explanation is overconfidence. Plenty of investors think they have above average
abilities and can take higher risk without the associated downside cost. These investors are optimistic,
which is a good trait under most circumstances, but for investing it results in risk seeking behavior.
Confident investors and market timers do not play in the low-risk end of the sand box, which again means
higher risk stocks get more attention and higher prices than they deserve. Hence, the volatility effect.

The paper reviewed here has more to it than this brief review would indicate. I find the reasons and
reasoning to be compelling. However, it is frustratingly non-specific. How much of which cause results in
how much alpha for low CAPM beta securities? I suspect the authors would like to have the same
information.

There have been a large number of proposed explanations for the volatility effect, some of which I have
not mentioned. The problem feels unresolved in an annoying kind of way.

The next two videos set the table, then we begin looking at the new model.
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Alpha Found Video 9
Setting the Table Part 1: Insights on Correlation and Sharpe Ratios

Welcome back to part 9 of Alpha Found.

With this video we begin new material. There are many thoughts that I would like to express all at once
so that questions and objections can be answered before they’re asked. Since this is not possible, the
answers will have to come in their own time.

The mathematics will not get beyond elementary statistics; however, from this point forward I’'m
assuming the viewer can keep up without much trouble.

This video has insights that to my knowledge are new, and other insights that are old, but I’ll derive them
carefully anyway.

The old insights relate to the fact that correlation and Sharpe ratios would seem to be related.

The new insights are that beta and correlation affect one another in a structured way, which then affects
what is expected in the relationship between alphas and Sharpe ratios.

A simple method of portfolio construction is used throughout the videos that can be analyzed
algebraically by standard ordinary least squares (OLS) estimation metrics and Sharpe Ratios without
regard to data. Data is examined in this video and in some later videos to show how it is consistent with
the algebraic analysis.

For our purposes, portfolio construction occurs by ranking all stocks in a capitalization weighted index by
ordinary least squares estimates of CAPM B’ with alpha from highest to lowest, and using that index as a
standard for comparison.

The index is divided into two portfolios, each with 50% of the market capitalization, one called the high
CAPM S’ portfolio and the other one called the low CAPM S’ portfolio. The two portfolios are mutually
exclusive and exhaustive of the index. Portfolio weights are rebalanced each time period.

As I said previously, the prime notation is used whenever a statistic or parameter has its ordinary meaning
in the context of CAPM. Statistics or parameters without a prime mark are defined when they are used for
the first time. Here I will just point out the pattern.

Statistics and parameters with the subscript H refer to the relevant measure for the high CAPM

B' portfolio, and the subscript L refers to the relevant measure for the low CAPM B’ portfolio. The
subscript M refers to the market (or index) portfolio, which is the equal weight sum of the high and low
CAPM p’ portfolios. Take a moment to look through the notation to see how it is used.

Notation for the high CAPM B’ portfolio Notation for the market portfolio

Bi; = Estimated CAPM beta for the high 6,7 = Estimated variance of the market
CAPM beta portfolio portfolio

@y = Estimated alpha for the high CAPM
beta portfolio

6;# = Estimated variance of the high CAPM
beta portfolio
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Notation for the low CAPM B’ portfolio
Bi = Estimated CAPM beta for the low
CAPM beta portfolio

@; = Estimated alpha for the low CAPM
beta portfolio

6,% = Estimated variance of the low CAPM
beta portfolio

The phrase generally rising market is any series of time periods where both the arithmetic and geometric
mean returns are positive. A generally flat market occurs when the arithmetic mean return is positive
while the geometric mean return is negative, and a generally falling market is a series of time periods
when both the arithmetic and geometric mean returns are negative.

By construction, an OLS regression of the two portfolios described above will have estimated CAPM f's
of their two portfolios summing to two, with an average of one.

Bi+ By =2 ©.1)

I should mention that portfolios constructed in this way will give results that are heavily biased or less
than rigorous. This is one of the problems with using OLS to estimate CAPM beta for a portfolio
consisting of a large portion of an index. The new model, when we get to it, will not have this problem.

Also, the regression residuals for each observation of the two portfolios are equal in magnitude but
opposite in sign. Consequently, their residual variances (idiosyncratic risks) are identical, so for simplicity
it is referred to as 64 for both portfolios.

Gefy = 6if = 64 92)
Their realized @'s, if they exist, are equal in magnitude, opposite in sign, and sum to zero.
As shown here:
a, =—ay 9.3)

Under this construction, in the standard CAPM framework including &', the E (&} is the same as the
E (&), each being zero.

E(ay) =E(ay) =0 (94)

Also, assuming complete diversification or efficiency of the two portfolios, the E (f i), E (f ,’,) and E (5 ,(,,)
is the same.

E(S])=E(Sy) =E(Sy) (9.5)

I should mention that some might say if the two portfolios were completely diversified there would be no
residuals. Ex-ante that may be true, but given random variation, it would not be true ex-post. As a
consequence, it is impossible for (9.4) and (9.5) to be realized at the same time. See the discussion later in
this video and in later videos for details.
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Each of (9.4) and (9.5) is a possible interpretation of what it means for markets to be efficient. The
expectations found in (9.4) and (9.5) are not realized in actual market data. Instead, results from ex-post
portfolios so constructed usually have the following pattern:
a, >0>ay (9.6)
S, >8>S, 9.7)

In light of the expectations of (9.4) and (9.5), the commonly realized statistical relationships found in
(9.6) and (9.7) will serve as the definition of the volatility effect. To the extent that (9.6) and (9.7) can be
expressed as mathematical expectations (ex-ante) the volatility effect is resolved.

With the relationships in (9.1) — (9.3), three interesting observations follow:

Bl + By =2 (9.1)
614 =62 =62 (9.2)

a, = —al, (9.3)

The first observation is that with equal idiosyncratic risk for each portfolio, the correlation of the high
CAPM S’ portfolio is necessarily higher than the correlation of the low CAPM S’ portfolio.

Pum > PLm  © Pum — PLm >0 9.8)
Let me prove this.

Assuming that in the usual case 0 < p’ < 1, then from any textbook on elementary statistics:

~r _ p2 _ [SSM _ [Z(%-7)?
p =VR _\’SST_ S(Y—7)2

Moving the right-hand term into the context of CAPM with these substitutions:

Vo=a +pB' (Ryc—17) Y=a +p'(Ry—r1r) Yo =a +p' (Rye —17) + &

gives this messy term on the left:

2 (@ + B R~ 1)) — (@ + BBy —77))) | 2R =) - (B (R - )
(@ + B R -m) + &)~ (@ 4 B R =) (S (0 Ra =)+ 2) — (B (Ra 7))

The alpha terms on the left-hand side cancel and so don’t appear on the right-hand side. Then in the next
step, f' is pulled out of the parenthesis and gets squared in the process.

32 5((Rhae-r)-®o-1p) | S(Rhae=r)-(Rog-rp))”

, z = , 2
25 ()i ry) 3 (R i)

(9.9)
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The f’s cancel out in the right-hand term.

In the denominator of (9.9), if B’ is larger than 1, the contribution of the residuals to the denominator is
diminished, therefore increasing correlation. If A’ is less than 1, the contribution of the residuals to the
denominator is magnified, therefore reducing correlation. Consequently, when an index is divided equally
between two mutually exclusive and exhaustive portfolios, as long as there are regression residuals, the

one with the lower CAPM B’ will always have the lower correlation.

Which means observation #1 is always true.
Pum > PLm < Pum —PLm >0 9.8)

If an index is divided into more than two portfolios (for example, deciles) the regression residuals will no
longer be equal in magnitude and correlation will vary more freely. However, there is a general tendency
for correlation to follow CAPM f’ when an index is broken into a larger number of portfolios, but it
shows up in an unexpected way.

If we look at the data from The Volatility Effect: Lower Risk without Lower Return, by David Blitz, and
Pim van Vliet, (Journal of Portfolio Management, Volume 34 No. 1, Fall 2007, Pgs. 102-113) they report
CAPM betas ranked by decile along with the standard deviation of each CAPM beta decile, and the
market standard deviation. From this, the correlation each decile has with the market can be easily
derived.

Blitz and Van Vliet provide information on markets in the US, Japan, and Europe, over the time period
1986 through 2006.

If we start with the formula for CAPM beta:
Ba = Doy = (6.1)
M
By moving terms around, the correlations for each beta decile can be calculated using this formula:
Do = P (9.10)

=7

a

Here is the result of the correlation calculation. It’s in the fourth line of each of three statistical groupings
found in Table 9.1.
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Beta 0.45 0.70 0.82 0.86 0.94 0.95 1.01 1.16 1.39 1.77

Standard Deviation 0.1200 0.1370 0.1540 0.1590 0.1700 0.1670 0.1800 0.2070 0.2580 0.3650
Market Std. Dev. 0.1710 0.1710 0.1710 0.1710 0.1710 0.1710 0.1710 0.1710 0.1710 0.1710
Correlation 0.6413 0.8737 0.9105 0.9249 0.9455 0.9728 0.9595 0.9583 0.9213 0.8292

Beta 0.64

Standard Deviation (0.1240
Market Std. Dev. 0.1750
Correlation 0.9032

Beta 0.61
Standard Deviation (0.1520
Market Std. Dev. 0.2150

Correlation 0.8628

At first glance the correlation data may not show much, but on a closer look, if we examine the
correlation of each decile, and its corresponding symmetric decile, in each case the higher beta decile has
a higher correlation than the lower beta decile, as seen here in Table 9.2. (See next page).

You may have to stop the video from time to time to review the tables.

In total there are 15 pairs of matched deciles, and each of 15 times the higher beta decile has a higher
correlation than the symmetric lower beta decile.

Using the same procedure on Black, Jensen, and Scholes, Table 9.3 shows there are four time periods
with ten deciles shown grouped at the bottom, plus the aggregate time period shown in the first grouping.

As shown in Table 9.4, in four of the five time periods there is the same pattern of higher correlation with

the higher beta decile when matched against the symmetric lower beta decile. In one time period 4 of 5
matched deciles have the same pattern.
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6th vs 5th
7th vs 4th
8th vs 3rd

9th vs 2nd
10th vs 1st

6th vs 5th
7th vs 4th
8th vs 3rd

9th vs 2nd
10th vs 1st

6th vs 5th
7th vs 4th
8th vs 3rd

9th vs 2nd
10th vs 1st

0.9728 - 0.9455
0.9595 - 0.9249
0.9583 - 0.9105

0.9213 - 0.8737
0.8292 - 0.6413

0.9635 - 0.9564
0.9763 - 0.9630
0.9703 - 0.9503

0.9525 - 0.9120
0.9085 - 0.9032

0.9834 - 0.9800
0.9823 - 0.9734
0.9773 - 0.9543

0.9600 - 0.9317
0.9252 - 0.8628

0.02723
0.03459
0.04774

0.04756
0.18798

0.00709
0.01330
0.01997

0.04056
0.00531

0.00341
0.00894
0.02294

0.02830
0.06232

In 5 of 5 cases the correlation of the

higher B' decile is higher than the
correlation of the symmetric decile.

In 5 of 5 cases the correlation of the
higher B' decile is higher than the

correlation of the symmetric decile.

In 5 of 5 cases the correlation of the

higher B' decile is higher than the

correlation of the symmetric decile.

Since the relationship has been proved to be necessarily true when an index is divided into two halves, it
seems that for deciles the pattern is far too consistent to be just a happy coincidence. This issue is pursued
further in videos 30 and 31.

A few minutes ago, [ said there were three observations that flow directly from equations (9.1) — (9.3).
The relationship between correlations was the first. The second observation is that the Sharpe ratio of any
individual security or portfolio with zero @' equals the correlation multiplied by the market Sharpe ratio.
S = P 0.11a)
St = P S (9.11b)
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Beta Subperiod 1
Beta Subperiod 2
Beta Subperiod 3
Beta Subperiod 4
Across all Periods

Standard Deviation 1

Standard Deviation 2

Standard Deviation 3
Standard Deviation 4

Across all Periods

Market Std. Dev.
Market Std. Dev.
Market Std. Dev.
Market Std. Dev.

Across all Periods

Correlations 1

Correlations 2

Correlations 3
Correlations 4

Across all Periods

Although observation #2 is not new, we should prove it anyway. In the process of proving observation #2,
most of observation #3 will also be proved.

Proof:

Here is the formula for the Sharpe ratio:

S, =20t (9.12)

Oq
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6th vs 5th 0.9915 - 0.9833 0.00820 In 5 of 5 cases the correlation of the higher 8 decile is
7th vs 4th 0.9914 - 0.9851 0.00630 higher than the correlation of the symmetric decile.
8th vs 3rd 0.9882 - 0.9793 0.00890

9th vs 2nd 0.9875 - 0.9560 0.03150

10th vs 1st 0.9625 - 0.8981 0.06440

6th vs 5th 0.9948 - 0.9835 0.01123 In 5 of 5 cases the correlation of the higher § decile is
7th vs 4th 0.9940 - 0.9876 0.00644 higher than the correlation of the symmetric decile.
8th vs 3rd 0.9900 - 0.9842 0.00584

9th vs 2nd 0.9901 - 0.9643 0.02576

10th vs 1st 0.9042 - 0.9042 0.07283

6th vs 5th 0.9791 - 0.9854 In 4 of 5 cases the correlation of the higher B decile is
7th vs 4th 0.9822 - 0.9756 0.00666 higher than the correlation of the symmetric decile.
8th vs 3rd 0.9828 - 0.9695 0.01329 It would not be surprising to find the reported 8 or
9th vs 2nd 0.9791 - 0.9405 0.03858 standard deviation of decile 5 or 6 is an error, given
10th vs 1st 0.9019 - 0.8956 0.00637 the difference in correlations is negative.

6th vs 5th 0.9875-0.9824 = 0.00515 In 5 of 5 cases the correlation of the higher § decile is
7th vs 4th 0.9858 - 0.9801 0.00571 higher than the correlation of the symmetric decile.
8th vs 3rd 0.9843 - 0.9689 0.01534

9th vs 2nd 0.9774 - 0.9394 0.03809

10th vs 1st 0.9639 - 0.8705 0.09337

6th vs 5th 0.9915 - 0.9833 0.00820 In 5 of 5 cases the correlation of the higher 8 decile is
7th vs 4th 0.9914 - 0.9851 0.00630 higher than the correlation of the symmetric decile.
8th vs 3rd 0.9882 - 0.9793 0.00890

9th vs 2nd 0.9875 - 0.9560 0.03150

10th vs 1st 0.9625 - 0.8981 0.06440

Beginning with (9.8),
Prm — PLm >0 9.8)

If oy > 0, and with a generally rising market, the difference in correlations can be multiplied by the
market Sharpe ratio to get the following:
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(Pt — Phn)S = (Ph — Phan) 2> 0

Distributing the denominator gives:

p p
(5t 5) G >o

And then multiplying each piece in the parenthesis by 1 in the form of portfolio standard deviation
divided by portfolio standard deviation:

(B~ 2t (s, — 1) = | 52— | (Y, —77) > 0

oM

Since the formula for CAPM beta is in the numerator of each term on the right, then CAPM beta can
replace the numerator of each term:
A1 PN
5 G s 8L
PH,M i PLmzr

"G\ (Ryy—17) = (B: BL)(RM—rf)>0

A~
Oy oy,

Then multiply through by the average excess return of the market, and then add and subtract the risk-free
rate in the numerator of each term.

Bu(Ru=rs) _ Bu(Ru=77) _ Bu(Ru— rf)”f s BL(RM—Tp)+Te—ry >0

~1 1
OH oy, oy L

If we assume &, = @y = 0, then the Sharpe ratio of the high CAPM beta portfolio is higher than the
Sharpe ratio of the low CAPM beta portfolio.

Ry-r Ry—r
MM TS0 - Sp—5>0

A &l
S, > 8 9.13)

By inspection you will see that this pattern reverses if there is a generally falling market.

Recognizing that the two portfolios have different correlations, the third important observation follows.

The market portfolio, having a correlation of 1 with itself, will necessarily have a higher correlation than
the high CAPM beta portfolio, which will have a higher correlation than the low CAPM beta portfolio.

Pum > Pum > PLum (9.14)

Therefore, in a context with idiosyncratic risk, if the realized @' = 0, the relationship between Sharpe
ratios is necessarily as shown on the screen.

Syy>Sy >8] (9.15)
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This is contrary to the observed volatility effect.

The conclusion is, in a generally rising market with idiosyncratic risk, if the Sharpe ratios of the high and
low CAPM beta portfolios are equal, the alphas are not zero.

If Sy, > Sj;, =S| then @, = —ay # 0

Putting it together leads to one of three possibilities:

If @ =ay =0,then S;, >35>, (9.16)
If @ > 0> @&y,either S, >S5, =35 9.17)
or S, >8>S, (9.18)

In every study I could locate, a decile variant of (9.18) held in market data.

As a preview of coming attractions: the various expectations in (9.16) - (9.18) can be derived
mathematically from assumptions about market dynamics without reference to financial, economic, or
behavioral issues, although such issues inform market dynamics. When that mathematical derivation is
complete, then to that extent the volatility effect is resolved.

That is, (9.16) - (9.18), and several other possibilities will eventually be shown to be mathematical
expectations, depending on conditions. We are not quite ready for that, but we’re getting close.

In this video it has been shown that correlation is connected to CAPM beta, and that under CAPM
expectations with ordinary random variation in the data, the Sharpe ratio of the low CAPM beta portfolio
is expected to be lower than the Sharpe ratio of both the market portfolio and the high CAPM beta
portfolio. This expectation is not met in real data, and it’s not met in a systematic way. This difference
between expectation and reality has come to be called the volatility effect.

The next video visits some data. By using the two-portfolio index construction method presented in this
video we will see the positive alpha of low CAPM beta portfolios is much more prevalent than previously
thought.
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Alpha Found Video 10
Setting the Table Part 2: The Volatility Effect Exists at Every Scale

Welcome once more.

In some ways this video is not needed. All it contains is a new set of calculations that drives home the
already well-established idea that positive alpha is strongly associated with low CAPM beta.

In the last video I set up the portfolio construction method that will be used in the rest of the videos. The
intention is to make things as simple as possible by dividing investment opportunities into two portfolios,
one of high CAPM beta stocks and one of low CAPM beta stocks.

The mathematics that describes this construction is the same whether the two portfolios contain 1,000
securities each or just one security each. A financial economist may know the difference, but the
mathematical methods do not.

What follows is some data analysis using two-stock indices. The method is not completely rigorous, but
in my opinion, it is good enough to make the point and then use as motivation for the new model that will
be introduced in the next video.

1. Tacquired total return data for stocks from 1994 through 2019.
2. The stocks were separated into two-year intervals such that each stock had monthly return data
for the entire two years.

Then,

3. two stocks were randomly selected from the list to form a two-stock index. Each stock was given
a 50% weighting in the index. Portfolio weights were rebalanced each month. No transaction
costs, taxes, or any other expense or market friction was included

that would make the procedure more realistic. Neither was a risk-free rate included, making these
calculations consistent with the market model.

Then,

4. Using this two-stock index as a benchmark, I calculated the usual statistics of mean return,
standard deviation, correlation, CAPM beta, alpha, and Sharpe ratio for each of the two stocks
and the index itself.

Since the two stocks are randomly selected, they might both be low CAPM beta stocks, high CAPM beta
stocks, one of each, or have some other likely or unlikely combination of attributes. The important point
is that whatever attributes they may have when compared to a large index, those attributes might change
when compared to one another, or not.

5. This procedure was repeated 5,000 times for each two-year period.

Note that for each pair, there are three “portfolios” to observe: the low CAPM beta portfolio, the high
CAPM beta portfolio, and the Market portfolio, although they are hardly portfolios since there is only one
stock in each portfolio, with two stocks in the “index” portfolio.
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According to CAPM and efficient markets, the probability of positive alpha for a given portfolio in this
construction is 50%.

Also, remember it was said in the last video that in a generally falling market, the order of expected
Sharpe ratios reverses. The sign of expected alpha also reverses in a falling market.

The outcomes of the 5,000 randomly constructed two-stock portfolios were tabulated concerning alpha,
CAPM beta, and Sharpe ratios for each time period.

Here are the results:

Number of pairs 4,996 4,998 5000 5000 4,998 5000 4,998 4,999 4,997 4,997 4,999 4,999 4,991
Low Beta-High Alpha 3,332 3782 2,200 3,148 3,486 2,846 2,505 3157 3744 3,196 3,628 3,261

%Low Beta-High Alpha  66.69%  75.67%  44.00% 62.96%  69.75% 56.92%  50.12%  63.15%  74.92% 63.96% 72.57%  65.23%

Average q' for Low ' 0.404%  0.900% -0.232%  0.466%  0.658% 0.208% -0.026%  0.376%  0.798%  0.348%  0.652%  0.360%

Average Low Beta 0.6372 05727  0.6013  0.5505  0.5488 05898  0.6529  0.6461  0.5627  0.5843  0.5643  0.6015

Avg. Market Return 1.26%  2.14%  1.05%  1.40%  2.08% 0.71%  0.36%  1.07%  2.40%  0.16%  1.63%  0.77%

Low-Market-High
Low-High-Market
Market-Low-High
Market-High-Low
High-Market-Low
High-Low-Market

% Low-Market-High 44.02% 50.29% 52.05%
% Low-High-Market 2.02% 1.14% 4.12%
% Market-Low-High 10.34% 7.22% 5.36%
% Market-High-Low 14.48% 11.04% 8.79%
% High-Market-Low 28.02% 29.49% 27.72%
% High-Low-Market 1.12% 0.82% 1.96%

The first line is simply the number of pairs. For each period it should be 5,000 pairs, but occasionally a
stock was randomly matched with itself and dropped out. The next line reports how many times the low
CAPM beta portfolio had a positive alpha. Followed by the percent of times the low CAPM beta portfolio
had a positive alpha. Then we have the average alpha of the low CAPM beta portfolios. Then we have the
average CAPM beta of the low CAPM beta portfolios. The last line of the first section is the average
market return.

In the next section the number of times various Sharpe ratio orders were recorded. Low-market-high on
the left means the low CAPM beta portfolio has the highest Sharpe ratio, followed by the Market
portfolio, then the high CAPM beta portfolio. Likewise Low-High-Market means the low CAPM beta
portfolio has the highest Sharpe ratio, followed by the high CAPM beta portfolio, followed by the market
portfolio, and so on.

Finally, the last section is the percent of time the various Sharpe ratio orders appeared rather than the
number of times.

Notice the high number of positive alphas in low CAPM beta portfolios in a rising market, and the one
strongly negative alpha occurs in a falling market in the last column on the right. This is a prediction of
the model to come.

The volatility effect is also visible in Sharpe ratios, but not as strongly as what we see for alphas. This is a
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second prediction of the model to come.

By the way, I have done a similar procedure for 60 stock indices with equal weights and random weights
where the random weights came from an exponential distribution. The same pattern emerges.

To study the table in detail you will have to stop the video.

1.264% 0.404%
2.136% 0.900%
1.052% -0.232%
1.404% 0.466%
2.078% 0.658%
1.380% 0.416%

0.714% 0.208%
0.360% -0.026%
1.072% 0.376%
2.396% 0.798%
0.158% 0.348%
1.632% 0.652%
0.774% 0.360%
-3.964% -0.486%

The graph on the right (below) shows that the magnitude of alpha appears to be linearly associated with
the magnitude of the average monthly market returns. The data for the graph is on the left (above).

Three of the observations do not fit very well with the overall pattern: 1998-1999, 2008-2009, and 2014-
2015. The first two of these time periods had unusual price dynamics. If these observations are removed,
the remaining observations clearly fall close to a line, as seen on the right.
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It will turn out that if the parameters of the model are stable from one period to the next then the expected
alpha of one period will be on the same line as the expected alpha of the next time period. It is a third
prediction of the model. However, anyone can make a model fit by ignoring inconvenient observations,
which means those three observations need to be explained. For the time being I am going to pretend I
didn’t notice and just get on with it. This issue is revisited in video 27.

In any given two-year period, it is certainly possible that low CAPM beta stocks have a higher alpha than
high CAPM beta stocks. There would be nothing interesting in such an observation. But given the method
of portfolio construction, and the high frequency of the volatility effect in multiple time periods, it is
unlikely that the cause is anything subtle. It must be obvious to be this frequent.

Yet, as we have seen there has been an enormous amount of unsuccessful effort over the past 50 years or
so to explain it. It is not obvious.

We need to try something new.
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Alpha Found Video 11
The New Model

Welcome once more to Alpha Found.

“It would be an unsound fancy, and self-contradictory, to expect that things which have never
yet been done, can be done, except by means which have never yet been tried.”

Francis Bacon, Novum Organum: Aphorisms Concerning the Interpretation of Nature and the
Kingdom of Man, Aphorism VI, 1620.

Finally, we arrive. The volatility effect has remained mysterious despite the many attempts to explain it.
Higher moment models, multi-factor models, and the consequences of unrealistic assumptions, have been
examined in the literature for over 50 years to the point of exhaustion. Although these methods have
provided numerous insights, at the end of day they don’t really capture what we are looking for, which is
a clear quantitative relationship.

After looking at the data analysis in the last video, I suggested that the since the effect was obvious, the
cause must be obvious also. Yet, it is not obvious.

The new approach, which will be introduced momentarily, I believe will not look promising at first. For
that matter, I don’t think it will look promising even after this and the next video. However, the harder we
push on it, the more promising it will become. We have to go slowly. There will not be much progress in
this video.

The key is to separate the market returns into two pieces, such that for a single time period the return is
broken up in this manner:

Ruye = Rue + Rpue (1L.1)
Or like this as an average over time:
Ri; =Ry + Rpy (11.2)
The return of the market is easily measured, but what are the two pieces? And what are the subscripts?

I think the best way to do this is to put the two pieces at the heads of two columns and then give the
names that have historically been given to each piece.

My apologies for being a little loose with the terminology. Many of the descriptive terms were meant to
apply to things other than aggregate equity market returns, and I don’t want to try to make others
responsible for my thinking, or suggest that their ideas are the same as my ideas, but this should give the
flavor of it.

Here we go.
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Source Ru Reu

Benjamin Graham/Warren Buffett Fundamental Analysis Mr. Market
Benjamin Graham/Warren Buffett Weighing machine Voting machine

John Maynard Keynes Economic Expectation Animal Spirits

Paul Samuelson (Nobel Prize) Signal Red Noise

Burton Malkiel Firm Foundation Castles in the Air
Alan Greenspan/Robert Shiller Fundamental Analysis Irrational Exuberance
Robert Shiller (Nobel Prize) Fundamentals Excess Volatility
Richard Roll Return Generator “G”

Benjamin Graham and Warren Buffet referred to R,, as fundamental analysis, and Rp,, as Mr. Market.
They also called R,, a weighing machine, and Rp,, a voting machine. John Maynard Keynes referred to
Ry, as economic expectation, and Rpy, as animal spirits. Paul Samuelson called Ry, signal, and Rp), red
noise. Burton Malkiel referred to the pieces as firm foundation vs. castles in the air. Alan Greenspan and
Robert Shiller refer to the pieces as fundamental analysis and irrational exuberance. Robert Shiller
without Alan Greenspan referred to Ry, as fundamentals, and Rpy, as excess volatility. Richard Roll
referred to Ry, as the return generator G. He did not have a term for Rp), that I know of.

You can see that several prominent figures in the history of investing have commented on the two pieces,
or at least commented on something like the two pieces.

As a clarification about G, Richard Roll described G this way: “G is not a portfolio. Instead, G is the
unique source of common variation in the ensemble of asset returns. This seemingly innocuous distinction
is actually critical.” Ambiguity when Performance is Measured by the Securities Market Line, Journal of
Finance, Volume 33, Issue 4, September 1978, Pgs. 1051-1069.

This list is not complete, nor is it precise. I could add more with the contributions of Nobel Prize winners
Daniel Kahneman and Richard Thaler, along with others. The point is simply to give the flavor of the two
pieces.

But just to give a few verbal encouragements to the ideas, I have a few quotations for you to consider.

The first is by Irving Fisher who was once described as, “The greatest economist the United States has
ever produced.” He said,

“Were it true that each individual speculator made up his mind independently of every other as
to the future course of events, the errors of some would probably be offset by the errors of
others, but as a matter of fact, the mistakes of the common herd are usually in the same
direction. Like sheep they follow single leader.”

Irving Fisher, as quoted in The Myth of the Rational Market, Justin Fox, 2009, Page 13.

The second quotation comes from Jules Henri Poincare, who has been called, “the Gauss of Modern
Mathematics.” He also was the thesis advisor of Luis Bachelier. He said,
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“When men are brought together, they no longer decide at random and independently one of
another; they influence one another. Multiplex causes come into action. They worry men,
dragging them right or left, but one thing there is they cannot destroy, is their Panurge flock of
sheep habits. And this is an invariant.”

Jules Henri Poincare, Foundations of Science, George B. Halsted, Translator, The Science
Press, 1913, 1946, Pg. 411

Finally, we have Alan Greenspan, former Chairman of the Federal Reserve for 19 years.

"But how do we know when irrational exuberance has unduly escalated asset values, which
then become subject to unexpected and prolonged contractions as they have in Japan over the
past decade? And how do we factor that assessment into monetary policy?"

Alan Greenspan, transcript of a speech given to the American Enterprise Institute,
December 5, 1996.

Back to the model.
Ryt = Ryt + Rpue (11.1)

In some ways to label the pieces is also to libel them, thus prejudging them. So rather than borrow from
the list just presented, I will use the following definitions:

Ry = the total return of the market in period ¢.

Ry = the ideal return of the market in period ¢.

Rpy¢ = the perturbation return of the market in period ¢.
The definition of a perturbation is as follows:

1. A disturbance of motion, course, arrangement, or state of equilibrium.
2. A disturbance of the regular and usually elliptical course of motion of a celestial body that is
produced by some force additional to that which causes its regular motion.

I am going to use the terms ideal return and perturbation return and correspondingly ideal systematic risk
and perturbation risk.

There could be reasons for perturbation returns that are not behavioral or relating to agency issues, like
anticipation of a trend, or economic forecast errors resulting from misjudgment, or unexpected events, or
something else no one has thought of. The key is this, perturbation returns have an expected return of zero
for the entire market in each time period and across time.

E(Rpyt) =0 (11.3)

The sum of market perturbations over time approach zero since they are assumed to be governed by a
mean reverting process.

5 Rpwe ~ 0 (11.4)
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I am calling the new model the Perturbation Risk Model or PRM.
If Rppe = 0 in a given time period, then
Rye = Rye + Rpye = Rye +0 = Ry

The market return is equal to the ideal return plus the perturbation return, and since the perturbation is
zero, all we have is the ideal return, which is equal to the market return.

Therefore, if the perturbations are zero in each time period, then the model reverts back to CAPM and we
are in the same place we started. If Rpy = 0, in each time period then the model is only trivially
different from CAPM. If perturbation returns are economically or statistically significant, then the model
is economically or statistically significantly different from CAPM.

Since E(Rpy:) = 0, and the process is mean reverting, then over time the average perturbation return is
close to zero, though it is not necessarily or even likely to be zero at any point along the way.

Now is a good time to mention that perturbation risk is not the same as idiosyncratic risk. This is covered
in the next video and in several other videos.

If we assume for the moment that the perturbation risk model is correct, then three conclusions follow
without further analysis.

1. There are two sources of return for the market in the next time period, ideal return and
perturbation return.

2. There is only one source of market return in the long run, ideal return.

3. Ordinary least squares regression will not work as an estimation process.

By the time this series of videos is over, it will be clear that what we have seen so far is sufficient to make
the volatility effect a mathematical expectation, but we’re a long way from that.

Since I would expect no one to believe this without sufficient evidence, the rest of the videos spell out the
details.
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Alpha Found Video 12
Perturbation Risk

Welcome once more to part 12.

The last video introduced a new model that allows for returns across the stock market to come from
places other than economic fair value returns. If those additional returns are zero in each time period,
we’re back to CAPM.

Average market returns in the new model have this form, which we saw in the last video.
Ry = Ry + Rpwy (11.2)
Where:
R;; = Average total return of the market
Ry = Average ideal total return of the market
Rpy = Average perturbation return of the market

With this video we begin to put everything into a mathematical framework. There is a lot here and the
next video will provide a worked example that will clarify things.

We start with the average ideal return of the market equal to the weighted average of the ideal returns of
the constituent securities that make up the market.

The same goes for the average market perturbation return.
EM =2Wi§i (121)
Rpm = X w; Rp; (12.2)

From the last video, there are two sources of return for the market in the next time period: ideal return and
perturbation return.

There is only one source of market return in the long run, ideal return, since the E (Rpy:) = 0, and the
perturbations are mean reverting.

However, there are two sources of variation or risk. This distorts the results from OLS as will be clear.
Therefore, ordinary least squares regression will not work as an estimation process.

In this video I continue setting up and defining the pieces of the perturbation risk model.

An ideal market is a market where returns are free from perturbations. There are no ambiguities or
unanswered questions about relative performance or relative volatility. Neither is there idiosyncratic risk
in an ideal market.

Ideal beta is the sensitivity of a security or portfolio to ideal excess returns. Ideal systematic risk is
determined by ideal beta and ideal market risk alone.

Traditional systematic risk is systematic risk as traditionally understood through the lens of CAPM.
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Borrowing a phrase from traditional capital market theory, ideal systematic risk is the only risk that gets
rewarded over time.

Here is some notation showing the difference between CAPM notation and ideal notation.
CAPM p; or By Ideal B, or By
a] or oy gy, or oy

The model developed in the next several videos will be called the forward perturbation risk model. The
forward perturbation risk model is an ex-ante model that starts with parameters and works toward
expected market statistics.

The backward perturbation risk model is an ex-post model that starts with market statistics and works
toward parameter estimates.

If ideal beta is the sensitivity to ideal excess returns, then the returns of the low CAPM beta portfolio
using ideal beta will have this form:

Rie =17 = B (Rme — 17) + Rppe (12.3)
Where Rp;; is the perturbation return for the low CAPM beta portfolio in period ¢.
If we assume that the average perturbation returns are zero over time, (Rpy; = Rp, = Rpy = 0), then
ERL|Rpm = Rp, = Rpyy = 0) — F = ﬁL(ﬁ;Vl - Tf) (12.4)
Because the average ideal return equals the average market return when the average perturbation is zero.
Ry =Ry +Rpy=Ry+0=Ry
Remember the form of CAPM with alpha:
E(R}) — 15 = E(@;) + BL(Ry — 17) (5.3)

Which means, if the average perturbations are zero over time (Rpy = Rp, = Rpy = 0) the expected
return of the low CAPM beta portfolio using the ideal expression can be set equal to the expected return
using the CAPM expression, including an alpha term.

E(RL) — 17 = Bu(Ry —17) = E@L) + BL(Ri — 17) (12.5a)
E(Ry) — 17 = Bu(Ry —17) = E(@y) + Bu(Ry — 1) (12.5b)

This looks as if in (12.5a) and (12.5b) the original form of CAPM by Sharpe is set equal to the form with
alpha. While this appears to be true in this instance, it is not what is going on. If it were, it would tell us
nothing about the systematic nature of the volatility effect.

Moving around the terms of (12.5a) and (12.5b), we get this formula for expected alpha:
E(@|Rpy = Rpy, = 0) = (B, — B1)(Ry — 17) (12.6a)

E(&I,-IlﬁPM = ﬁPH =0)=(Py— .31’1)(1?1’\4 - Tf) (12.6b)
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Although we are assuming for the time being that the average perturbation over time for both portfolios is
zero (Rp, = Rpy = Rpy = 0), it’s likely that the individual time periods have non-zero perturbations
(Rprt # 0, Rpyr # 0,and Rpy # 0). This will make all the difference. That is, the aggregate
perturbation returns are assumed to be zero over time but not in the individual time periods.

It will be demonstrated in the next couple of videos that alpha has an expectation different from zero,
usually.

E(@)+0

We are now entering into the weeds of the model, and will remain there for the rest of the videos. The
notation is often subtle.

It’s almost certainly true that ; # B, and Bj; # By while still maintaining these two identities:
B+ By =2 from (9.1)
Br+ By =2 (12.7)
In order to get at the quantitative difference between f; and 8;, we have to look at their formulas.

The formula for estimated CAPM beta (ex-post) as found in any textbook is as follows:

PN PN

A1 ar, PN}
BL = _;;szvz = PLMm ;_1’\1; (6.1)
The formula for ideal beta is similar:
_oLM _ oL _ 9L
pL = ol PLm o om (12.8)

Note the differences.
The formula for CAPM beta is what it has always been.
The formula for ideal beta is in reference to the ideal world.

Here in one line is the derivation of the formula for the covariance between ideal portfolios and the
market.

oM = 0g,MM = BLomm = .BLO-I\Z/I (12.9)

Remember that in the ideal returns of the market, there are no error terms or unanswered questions about
relative performance.

Which gives us a second derivation for ideal beta:

2
B, = oM _ PLom _ BLom _ o1
L= gz o oM oM

Next is the decomposition of market risk.
Rue = Rue + Rpye (11.1)
Take the variance of both sides:
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var(Ry;) = var(Rye + Rpue)
= var(Rye) + var (Rpyt) + 2cov(Rye, Rpme)

I am assuming that the covariance between the market and the perturbations is zero. Ultimately this is
only an okay assumption, but it is good enough for our purposes.

var(Rye) = var(Rye) + var(Rpye)
Finally, then we switch to a better-looking notation:
2 2

oy =04 + 0y (12.10)

Recall from the video on Jensen’s alpha that ex-post return variance of an asset using CAPM components
has this derivation:

Ryp — 17 = @ + Bo(Rige — 17) + 0 (5.1
Take the variance of both sides:
var(Ry —17) = var(&y + Bo(Ry —17) + &
Isolated constants drop out:
var(Ry) = var(Ba(Riy) + &
Constant coefficients get pulled out and squared:
var(RL) = pZvar(R},) + var(£L)
And of course, we change to a better-looking notation:
6:2 = Pitost + 6.2 (59
Variance of returns for the low CAPM beta portfolio under the perturbation risk model:
Ry —1p = Br(Rue — Tf) + Rpp¢ (12.3)
Take the variance of both sides:
var(Rit — rf) = var(ﬁL(RMt - rf) + RPLt)
Isolated constants drop out:

var(Ry) = var(B,(Rme) + Rprt)

Constant coefficients get pulled out and squared:
var(Ry,) = Bivar(Rye) + var(Rpye)
And of course, we change to a better-looking notation:

0/? = BEog + o}, (12.11a)

Copyright 2022, 2024, 2025 Alpha Found



oif = Bhoh + ofy (12.11b)

Under CAPM and PRM the variance equations are structurally identical, and they have the same output,
but the inputs are different.

I want to take a few moments to emphasize that perturbation risk is not the same as idiosyncratic risk.

Here are the differences between idiosyncratic risk and perturbation risk.

Idiosyncratic Risk Perturbation Risk

By construction, residuals sum to zero Perturbations likely do not sum

in each time period to zero in any time period

By construction, idiosyncratic returns Perturbations likely do not sum to zero

sum to zero across a fixed time for each across a selected fixed time for any security,
individual security although they could.

Idiosyncratic returns are the Perturbation returns have nothing

same as residuals in OLS to do with OLS except under

unlikely and narrow conditions

Idiosyncratic risk is independent Perturbation risk is a part of
from traditional systematic risk traditional systematic risk

By construction, idiosyncratic residuals sum to zero across all securities in each time period. Perturbations
likely do not sum to zero in any time period.

By construction, idiosyncratic returns sum to zero across a fixed time for each individual security.
Perturbations likely do not sum to zero across a selected fixed time for any security, although they could.

Idiosyncratic returns are another name for residuals in OLS regression. Perturbation returns have nothing
to do with OLS, except under unlikely conditions.

Idiosyncratic risk is independent from traditional systematic risk. Perturbation risk is independent from
ideal systematic risk, but it is not independent from traditional systematic risk. In fact, it’s part of the
formula as will be seen in just a moment.

The distinction between perturbation risk and idiosyncratic risk is the key that unlocks the volatility effect
and other issues. In a later video I will derive the mathematical relationship between idiosyncratic risk
and perturbation risk, but for now it is sufficient to say that they are not at all the same thing and should
not be confused.

Back to market perturbation risk.

If an index is divided into two equally weighted pieces, the high CAPM beta portfolio and the low CAPM
beta portfolio, then the formula for the variance of the market perturbation is:

1y’ 1y’ Iy /1 OfL  Obu | OpLpm
otn = (3) b+ (3) ohn+2(3) () omen =41+
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2 2
2 _ 9pL 4 OPH  OPLPH
Opy =+t (12.12)
For at least several videos I am going to assume that op; py = 0.

This is not a good assumption; however, it keeps the calculations and reasoning clean and understandable.
This assumption carries the story a long way forward before it needs to be discarded. After I have done
what I can with it, and it ultimately fails, it will be much easier to insert the more realistic and complex
assumption back in.

So, assuming that op;, pyy = 0, we get (12.13):
2 2
ohy = L 4 ZEH (12.13)
And here is market variance PRM decomposition:

2 2
a g OPLPH
oy = Oy + 0py = ojg + -+ L+ (12.14)

Assuming that op;, py = 0:
2 _ 2 2 _ 2 OpL | 9PH
oM = Oy +0py =0 +—+ (12.15)

Now for a few items needed to complete the initial set up.

The covariance between the ideal returns of the low CAPM beta portfolio and the high CAPM beta
portfolio are as seen here:

OLH = OB, M,ByM = BLBrOMM = ﬁL,BHUIZVI (12.16)
The next one is a little messy so you might want to stop the video at times.
We need the covariance between the low CAPM beta portfolio and the market portfolio.

The covariance between the return of the low CAPM beta portfolio and the market portfolio equals the
covariance between the ideal and perturbation returns of the low CAPM beta portfolio and the ideal and
perturbation returns of the market.

cov(Ry;, Ry) = cov(Rye + Rppe,(Rye + Rpre + Ryt + Rpue)/2)
= cov(Ry;: + Rppt,(Rpe + Rpre)/2) + cov(Ry: + Rppe, (Rue + Rppt)/2)
1
= E(COU(RLt'RLt) + cov(Rye, Rpt) + cov(Rppe, Rye) +

cov(Rppe, Rpre) + cov(Rye, Ryt) + cov(Rye, Rpye) +
cov(Rppe, Ry) + cov(Rpps, RPHt))

Since I am assuming the perturbation returns are independent from the ideal market returns, the parts in
red are zero and drop out:

1
=2 (cov(Rye, Rye) + cov(Rpre, Rpre) + cOV(Rye, Rye) + cov(Rppe, Rpye)

Copyright 2022, 2024, 2025 Alpha Found



And with a change in notation,

_1p2,2 2 2
=5 (Bioig + 0p, + BLBrom + OpLpy

and a little clean-up it becomes:

olm = BLog + %O-I»%L + %O-PL,PH (12.17a)
Ot = Buoi + %Uzgﬂ + %GPL,PH (12.17b)
Assuming that op;, py = 0:
oy = BLof + %O‘EL (12.18a)
Ohu = Buok +350ku (12.18b)

The derivation for the high beta portfolio is identical.
The covariance between the high and low CAPM beta portfolios follows a similar derivation:
cov(Ryt, Rye) = cov(Re + Rpre,Rue + Rppe)
= cov(Ry, Rye) + cov(Rpt, Rpe) + cov(Rppe,Ryt) + cov(Rppe, Rpyt)
oLy = BLBu0i; + OpL P (12.19)
Assuming that op;, py = 0:
OLn = BLBr0i (12.20)

Which is the same as the formula for ideal covariance between the two portfolios.

Finally, using this information, I want to show the formula for CAPM beta written in the mathematical
vocabulary of the perturbation risk model:

I 2,12 1
B! opm _ BLOut 50pL150pPLPH

L = —01,\'/% = o7 (12.21a)
,  Ohm Buon+ %UFZ’H"'%JPL,PH
By =—%H = 7 (12.21b)
oM M

Assuming that op;, py = 0:

2,12
pr = LA o (12.22a)

oM

2,12
jy = 2O ot (12.22b)

oM
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Stated without derivation:

2,12 .1
,_ BLoyt50pLt0pLPH
PLm =

Assuming that opy py = 0:

!

PuM =

s (12.23)
_ ﬁLUﬁﬁ%"fDL

= W (12243)
_ Pt 30k (12.24b)

! !
OHOM

In this video there have been a whole lot of formulas without calculations.

The next video will have an example that will clarify what it all means, but it will be only a piece of the

story.

Before I end, here is a summary of the formulas set to music.

Average market return decomposition
PRM return decomposition

Conditional PRM return decomposition
Conditional expected CAPM alpha

Ideal beta

Covariance between the ideal returns of the
low CAPM beta portfolio and market portfolios

Covariance between the ideal returns of the
low and high CAPM beta portfolios

PRM market risk decomposition (1% form)

Portfolio risk decomposed with CAPM
components

Portfolio risk decomposed with PRM
Components

Market perturbation risk
decomposition

PRM market risk decomposition (2" form)

Assuming op; py = 0, then
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Ry =Ry + Rpy (11.2)
Ry —15 = Br(Ru — Tf) + Rppt (12.3)
E(RL|Rpy = Rp, = 0) — = 3L(§1’w - Tf) (12.4)
E(@L|Rpy = Rp, = 0) = (B, — ﬁi)(ﬁz'v[ - Tf) (12.6a)
= ILM _ 9L _ 9L
BL = ok PLm g =5 (12.8)
OLmM = BLoi (12.9)
oLn = BLBuoi (12.16)
oy =05 + by (12.10)
0,% = B?oy + 0]2 (5.4)
0> = Bloy + opy (12.11a)
2 2
oy = TEL 4 22 4 TPLPH (12.12)
2 2
0if = ofy + oy = ofy + EL 4 i L TP (12 14)
12 2 2 2 o 9BL ., 9Bu



Covariance between the low CAPM

beta portfolio and the market

Assuming op;, py = 0, then

Covariance between the low and high CAPM
beta portfolios

Assuming that op; py = 0, then

CAPM beta written with PRM components

Assuming that op;, py = 0, then

Assuming that op;, py = 0, then

Correlation between the low CAPM beta

portfolio and the market

Assuming op; py = 0, then
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I — 2 1 2 1
oM = BLoi + 5051, + 5 0pLpn

T 2,1 2
oM = BLom +§0PL

i _ 2 1 2
Onm = Bu0is +350py

OLH = BLBu0i; + OpL P

— — 2
OLH = 0.0y = BLPuoM
2,1 2 1
Bl = oy _ BLom+30pL+50PLPH
Lo g
’ B o2 +102
ﬁ,_O'L'M_LMzPL
L — 2 — 2
oM oM
i B o2 +102
ﬁ,_O'H'M_HMzPH
H— _rn2 — 2
oM oM
2,12 1
,_ BLom+30pLt50pPLPH
pL,M Ui”llvl
2,1 2
pLy = BLom+ 595
LM — [
0L.0Mm

(12.17a)

(12.18a)

(12.18b)

(12.19)

(12.20)

(12.21a)

(12.22a)

(12.22b)

(12.23)

(12.24a)



Alpha Found Video 13

An Example

Welcome once more to Alpha Found part 13.

I want to begin by putting up the formulas from the last video.

Average market return decomposition

PRM return decomposition
Conditional PRM return decomposition
Conditional expected CAPM alpha

Ideal beta

Covariance between the ideal returns of the

low CAPM beta portfolio and market portfolios

Covariance between the ideal returns of the
low and high CAPM beta portfolios

PRM market risk decomposition (1% form)

Portfolio risk decomposed with CAPM
components

Portfolio risk decomposed with PRM
(12.11a)

Components

Market perturbation risk
decomposition

PRM market risk decomposition (2™ form)
Assuming op;, py = 0, then

Covariance between the low CAPM

beta portfolio and the market

Assuming op;, py = 0, then

Covariance between the low and high CAPM
beta portfolios
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Ry =Ry + Rpy

Rl —1r = BL(Ry —17) + Rppe

E(RL|Rpy = Rp;, = 0) — r = ﬁL(ﬁ;Vl - Tf)
E(@L|Rpy = Rpy, = 0) = (B, — BL)(Riy — 17)

OLM oL oL

AL = =P, = o

oM = L 01\24

_ 2
OLH = BLBuOM

0,(,,2 = a,lz,l + JIEM
2 __ 2 12 12
oL" = pr oy + 0o

12 _ p2.-2 2
0,° = Bioy +0p,

2 2 2 OpL |, ObH , OPLPH

2 4 2 2 | OBL_ OB

I — 2 1 2 1
oM = BLoi + 505, + 5 0pLpn

T 2,1 2
oM = BLom +§0PL

i _ 2 1 2
Onm = Bu0is +350py

_ 2
oLu = BLBuoii + OpLpu

(11.2)
(12.3)
(12.4)
(12.62)

(12.8)

(12.9)

(12.16)

(12.10)

(54)

(12.12)

(12.14)
(12.15)

(12.17a)

(12.18a)

(12.18b)

(12.19)



Assuming that gp; py = 0, then Oy = 0,0y = BLBuos (12.20)

. . ,  olm  BuLom +208,+20pLpH
CAPM beta written with PRM components B = i = 2 o 2 (12.21a)
M M
) ’ B o2 +102
Assuming that opy py = 0, then ] = 2k = M 2 7L (12.22a)
’ oM oM
) I B o2 +102
Assuming that opy py = 0, then fj; = M = T M7 PH (12.22b)
’ oM oM
. BLoE +262, +2c :
Correlation between the low CAPM beta PLm = il ZU,P;, 2 PLPE
L¥M

portfolio and the market

. BLo+ 152
Assuming gp;, py = 0, then PLm = Mg
’ ’ LM
Now we need an example. It makes several points more clearly than can be made by algebraic
manipulation alone. As always, I recommend you stop the video to make sure you understand the
calculations.

(12.23)

(12.24a)

The example will show how the forward perturbation risk model works, how it is different from CAPM,

how CAPM beta does not equal ideal beta (8] # ), and how the expected alpha is usually different
from zero (E(&") # 0) for each security or portfolio.

Example 13.1
Assume the following ideal parameters values:
B =05 By =15
Ry — 1 =10% Rpy = 0%
oy = 18% o, = Proy = 9% oy = Puoy =27%
op;, = 3.33% opy = 16.66%
And, although some will find it annoying, I’ll be using far too many digits past the decimal point.

With those inputs, the following calculations are made using the formulas derived so far:

opy + oy
oy = |04 +T = 19.90528% oLy = 0,0y = 2.4300%
o = ‘/GE +0p, = 9.59745% o = /a,?, + 02, = 31.72976%
o 2,1 2 _ 0 o 2 1 2 _ 0
oM = ﬁLO-M + ZGPL = 1.6755% Ogm = BHUM + ZO-PH = 6.2488%
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2,12
oLm _ BLom+ 3051

BL="2 T = 042288
EPM = 0

Here is the summary table:

2 2
oy = /a@ + ZELZ%0 — 19.90528%

ol =+ 0f, + 0f, =9.59745%
’ _ 2 l 2 _ 0,
o,m = PBLoy + S0P = 1.6755%

I 2,12

Bl = opm _ BLomt30pL
L — _rn2 — 2
oM oM

= 0.42288

E(a) = (B, — BL)(Ry —15) = 0.7712%

i 2,1 2

Bl = oym _ BHOM*T 30PH
H — 2 12
oM oM

= 157712

E(@a) = (B, — B)(Ry —17) = 0.7712%

oy = 0,0y = 2.4300%
of; =+ of + apy =31.72976%

1 _ 2 l 2 0,
oM = Puoi + S OPH = 6.2488%

2,12
Buom+0pn

1o O'I,-I,M _ _
Biy = ot = ST 157712

E(ay) = By — Bi)(Ry —17) = —0.7712%

The expected return of the low CAPM beta portfolio minus the risk-free rate using the perturbation risk
model equals:

Simultaneously, using CAPM, the expected return is:
ER}) — 1 = E(ay) + BL(Ry —17) = 0.7712% + .42288(10%) = 5%

Under these conditions, CAPM has E (&;) = 0.7712%, which would ordinarily be thought of as excess
risk-adjusted return. The lens of perturbation risk shows that E (&} ) is an expectation without there being
any actual excess risk-adjusted return. The expected return under both models is the same, but CAPM has
an expected alpha (interpreted as excess risk-adjusted return) while PRM does not have excess risk-
adjusted return (at least in this example).

The same calculation for the high B’ portfolio results in E (&) = —0.7712%.
Therefore:
E(@) > 0> E(ay (13.1)

The expected ideal Sharpe ratios are as follows:

5% 10%  15%
9% 18% 27%

E(S,) = EGSy) = ESy) = 55.56%

Notice that they’re equal.

However, the inclusion of perturbation risk gives a different expectation:
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E(S]) = "5 = 5% _ 52100,

o 9.597%

a1\ _ E;.I—T'f . 15% 0
E(Skh) = ol  31.730% 47.28%

a1\ _ E;’\/I—T’f . 10% 0
E(Su) = oh  19.905% >0.24%

Therefore, in the marketplace, under the conditions given, without any excess return after adjusting for
ideal systematic risk, the Sharpe ratios have the following expected relationship:

E(S.) > E(Sy) > E(S) (13.2)
Under the conditions given, the PRM predicts as a mathematical expectation, the volatility effect.
E(a;) > 0> E(ay (13.1)
E(S]) > E(Sy) > E(Sh) (13.2)
This example demonstrates the mechanics of the perturbation risk model. It also shows how OLS
regression as an estimator for CAPM parameters generates non-zero alphas as an expectation, though

there are no excess return.

Alpha as an economic reality has been shown in this example to be a statistical artifact of OLS, which in
this context is misapplied.

Much more detail is needed. Much more is coming.
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Alpha Found Video 14
More Detail Part 1

Welcome once more to part 14 of Alpha Found.

The example in the last video demonstrates the mechanics of the perturbation risk model. It also
demonstrates how a positive alpha does not necessarily mean excess risk adjusted return.

If the perturbation risk model is correct, one consequence is that the expected non-zero alpha is simply a
statistical artifact of using OLS as an estimation method.

Now we need to go from the numerical example in the last video back to algebraic reasoning. This will
take some time. It is not possible simply to watch the video and understand it, the mathematics moves to
fast. I recommend you go to the associated website (www.RealAlphaFound.com) and download the
transcript so you can study the derivations more carefully. There is no login and you will not be asked for
any personal information.

In this video we will begin to derive various expected outcomes depending on the magnitude and
relationship between the perturbation risks.

If an index is divided into two portfolios of equal market capitalization, there are nine scenarios or
combinations of expected outcomes (assuming Rpy; = Rp;, = Rpy = 0) that can occur simply by having
the requisite ideal systematic risk and perturbation risk parameters without altering average arithmetic
returns.

Let’s take a look.

The first four scenarios are contrary to the volatility effect:

1. E(@)) <0<E(ay) and E(Sh)>E(Sy)>E(S]) (14.1)
2. E(@)) <0<E(ay) and E(Sh)=E(Sy)>E(S)) (14.2)
3. E(@)) <0<E(ay) and E(Sy)>E(Sy)>E(S]) (14.3)
4. E(a))=0=E(ay) and E(Sy)>E(S;)>E(S]) (14.4)

In scenarios 1 - 3, E(@]) < 0 < E(@j), and E(S]) is the smallest of the Sharpe ratios. Take a moment to
notice how the order and relationship between Sharpe ratios change with each scenario.

The fourth scenario is CAPM with the expected alphas equal to zero.
5. E(a;) >0>E(ay) and E(Sy)>E(S;)>E(S]) (14.5)
6. E(a;) >0>E(ay) and E(Sy)>E(S;)=E(S]) (14.6)

The fifth and sixth scenarios are weakly consistent with the volatility effect. E(@;) > 0, but E (f i) is still
the smallest. Note that scenario 6 is the same as line (9.17).
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7. E(a;) >0>E(ay) and E(Sy)>E(S])>E(Sh) (14.7)
8. E(a;) >0>E(ay) and E(Sy)=E(S])>E(Sh) (14.8)
9. E(a;) >0>E(ay) and E(S])>E(Sy)>E(Sh) (14.9)

The remaining three scenarios, which describe the volatility effect as commonly understood, are what is
usually found in market data. Scenario 9 is the one that will eventually have our attention, where the
E(S]) is highest.

It is the average excess market return (E M= rf) (assumed to be greater than 0), the ratio of the two
perturbation risks opy /0py, called the perturbation risk ratio or PRR, and their relationship to the two
ideal Bs, that determine the relationships between expected alphas on the one hand, and expected Sharpe
ratios on the other.

There are several ways the following conditions and derivations could be presented.

I have chosen to do it in a way that I believe is the best suited for these videos, but that might not be the
best way for other purposes. In a later video it will be clear why I have chosen the way I have.

Remember that we are still assuming that the average perturbation over time is zero, but not zero in any
given time period.

Scenario 1

Let’s derive the condition of Scenario 1. After the derivation is finished, it might take some review to
understand it fully.

Scenario 1 has E(@]) < 0, which is less than E(@};). And the E(S};) is greater than E(S},), which is
greater than E(S}).

E(@)) <0<E(ay) and E(S4)>E(Sy)>E(S]) (14.1)
IfE (f ,’,) >E (5 ,(,,) , we can use the definition of the Sharpe ratio to get this expression:

ap+Bu(Ry=7y) > (Ru=y)
! !
oy oM

Using equation (12.5b) we can make a substitution:

I (Dl _ _ pro_ ﬁH(EI,VI_Tf) (EI,VI_rf)
al; + B (Ru rf) = Bu(Ry rf) - o > o
Then by dividing through by average excess market return we get:

1
ﬁ—7> —
OH oM

Squaring both sides, taking the reciprocal, and reversing the inequality gives:
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2 2
1 o
L =5 < 0
OH oM B

Then by expanding the variance on both sides, and canceling 8 on the left-hand side:

BHoE+0d o3 o OpLPH o3 o o3 opLPH
—ﬂ—%g—ﬁﬂ <op+E+lE4EE o a@v+-7§¥ <o+ R4
H H

Subtracting ideal market variance from both sides:

2 2 2
OpH _OpL , OPH , OPLPH

B2 " 4 ' 4 2
And multiplying through by 4:

40y

B&

< 0, + 0py + 20pLp

Dividing through by perturbation risk of the high CAPM beta portfolio (c7;) and subtracting 1 from both
sides gives:

2 2
4 OpL+20pL,PH 1 4 1 OpL+20pLPH
< 5 tl - S-l<———=
B OpH B Opy

2 2
4-Bi _ OpL+20pLpH
2 2
B OpbH

Finally, taking the reciprocal again and reversing the inequality:

2 2
Bh 9pH
2 2
4-By  OpLt20pLpH

I want to reorganize the left-hand side for reasons that are not obvious:

G s _ 8 __ g
4-BfF  -Bw)+Bn)  (BUBL+Bu+Bu)  BE+2BLBH

Substituting the right-hand term back into the previous inequality, gives us this form:

2 2
Bu OpH
2 2
Br+2PLBu  opLt20pLpH

Taking the square root of both sides:

Bu -, ___ o (14.10)
\/ﬁf"'ZﬁLﬁH \/UIZDL"'ZUPL,PH

Assuming op; py = 0:

Bu - o (14.11)

/ﬁf+2/3L/3H oPL
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Using the ideal betas from example 13.1 (8, = 0.5 and By = 1.5), the left-hand condition is:

Pu__ ____ 15 _ 11339 %
JB£+2ﬁLﬁH V:52+2(5)(1.5) opL

As a numerical example, if opy = 10% and op;, = 10%, then this condition is met:

1.1339 > %er _ 10% _ 4 g

apj, - 10% -

If condition 1 is met, then scenario 1 is expected.

If we take the numbers from this quick example and plug them into the formulas of videos 12 and 13, we
get:

E(@;) = —-0.668% E(ay) = 0.668%
E(S;)=05210 E(Sy)=05171  E(S[)=0.3716
Which means:
E(a)) <0<E(ay) and E(Sy)>E(Sy)>E(SL)
For the same average arithmetic total returns and ideal risks as found in example 13.1, expected alphas

and expected Sharpe ratios can change in magnitude and order depending on the relationship between the
perturbation risks.
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Alpha Found Video 15
More Detail Part 2

Welcome again.

In the last video I listed the 9 scenarios for expected alpha and Sharpe ratios. The average arithmetic

return is unchanging in each scenario, but the perturbation risk ratio is different in each scenario.

Condition 1 was derived in the last video. In this video conditions 2-5, which will lead to scenarios 2-5,

will be derived.

As a reminder, here are the 9 scenarios (assuming Rpy, = Rp, = Rpy = 0) which define the relationships

between possible expected outcomes.

Four scenarios contrary to the volatility effect:

1. E(@)) <0< E(ay) and
2. E(@)) <0< E(ay) and
3. E(@,) <0< E(@y) and
4. E(@,))=0=E(ay) and

E(Sh) > E(Sy) > E(S))
E(S}) = E(Sy) > E(5])
E(Sy) > E(S}) > E(S))

E(Sh) > E(St) > E(S1)

Two scenarios weakly consistent with the volatility effect:

5. E(@;) >0>E(ay) and

6. E(a,)>0>E(@y) and

E(Sy) > E(Sh) > E(S])

E(Swu) > E(Si) = E(SL)

Three scenarios consistent with the volatility effect:

7. E(@;)) >0>E(ay) and
8. E(@;)) >0>E(ay) and
9. E(@;)) >0>E(ay) and

Scenario 2
Let’s look at scenario 2:

E(@)) <0< E(ay) and

E(Sy) > E(S]) > E(Sh)
E(Sy) = E($]) > E(Sh)

E(S]) > E(Sy) > E(Sh)

E(Sh) = E(Sy) > E(S))

(14.1)
(14.2)
(14.3)

(14.4)

(14.5)

(14.6)

(14.7)
(14.8)

(14.9)

(14.2)

Conveniently, deriving the conditions of scenario 2 is identical to the derivation for the conditions of

scenario 1, with an equal sign replacing the inequality at every step, resulting in this equation:
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Bu — OpH (15.1)
\/ﬁf"'ZﬁLﬁH \/UIZDL"'ZUPL,PH

Assuming op;, py = 0, then:

Bu 7 (15.2)

/ﬁf+2/3L/3H oPL

If the ideal betas are the same as in example 13.1 (8, = 0.5, By = 1.5) then the left-hand term of
condition 2 is:

ﬁ—H=U’;H N 15 — 1_1339=G’;H
JBZ+ 28,8y OrL /0.52 + 2(0.5)(1.5) OpL

If opy = 10.6275%, and op; = 9.3725%, then condition 2 is met:

= 1.13389

o 10.6274%
1.13389 = =22 = >
opj, 9.3725%

Because condition 2 is met, scenario 2 is expected.

If we take the numbers from this quick example and plug them into the formulas of videos 12 and 13, we
get:

E(@;) =—-0503% E(@y) =0.503%
E(Sj)=05170  E(Sy)=05170  E(S])=0.3848

Which means:

E(@)) <0<E(ay) and E(S)=E(Sy)>E(S]) (14.2)
For the same average arithmetic total returns and ideal risks as found in example 13.1, expected alphas
and expected Sharpe ratios can change in magnitude and order depending on the relationship between the
perturbation risks.
Scenario 3
Now let’s look at Scenario 3:

E(@)) <0<E(ay) and E(Sy)>E(S;)>E(S]) (14.3)

Part of the derivation of the conditions of scenario 3 is identical to the derivation for the conditions of
scenario 1, with the inequality reversed at every step.

e, P (15.3)
\/U1ZDL+2°'PL,PH \/ﬁf”ﬁLﬁH

Assuming op;, py = 0, then:
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ot -, FH (15.4)

oPL /ﬁz+ZﬁLﬁH

This gives us the condition for when E(Sy,) > E(S).
Now we need the condition for when E(S};) > E(S]).

Here is the derivation, beginning with the inequality:

E(f,’,) > E(ﬁi) R E(“H)"'BI-{(RM_T}“) > E(ap)+BL(Ry~-7r)

oH o,
Making the following two substitutions:
E(@) + BL(Riy —17) = Bu(Ray — 17) (12.5a)
E(ay) + B (R — rf) = Bu(Ry — rf) (12.5b)

And dividing by average excess return:

Bu(Ru=7r) _ BL(Rm~7y) Bu B
7 > 7 - o > -
O Iy, OH oy,
Squaring both sides and expanding gives:
B - Bi B& BE B& BE
2 > 2 - 2 2 2 2 - 2 2 2 2.2 2
oy o Of+0py  Op+0p Buom+opy  Broy+opy

Taking the reciprocal of both sides and canceling:

2 2 2 2 2 2 2 2
Buom+0opn < BLom+0py, ol + 21 < g2 4 2L

B BE Br BE
Subtracting like terms and moving things around:
9By _ b oty _ Bi
S8 T oB B
Taking the square root of both sides gives us:
Bu  opH
—_— > —_
BL  opL
Tentatively, the full condition for Scenario 3 is:
Bu o e, _ Bu (15.5)

B orL /ﬁ£+23LﬁH

This is too broad of a condition. While it gives the order of the expected Sharpe ratios, the order of the
expected alphas changes within that range and we need to capture the point where the order changes. So |
will leave the condition for Scenario 3 unfinished for the moment and move on to Scenario 4. Also, there
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will be numerical examples for all the scenarios in video 17. There is no need to continue doing numerical
examples as we go.

Scenario 4
Let’s look at Scenario 4, which is the scenario of the Capital Asset Pricing Model:
E(@)=0=E(ay) and E(Sy)>E(S))>E(S) (14.4)

The order of the expected Sharpe ratios is the same but now the expected alphas are equal. To get the
same order of expected Sharpe ratios you need only review condition 3.

Now we have to find the condition for equivalent expected alphas, which means zero alphas. If the

expected alphas are zero then the CAPM form as we know it, drops the alpha term, and is still equivalent
to the ideal form.

E(@y) + B (R — 17) = Bi(Ru — 1) = Bu(Ru — 17)
E(@ay) + BL(Ry —1¢) = BL(Ry — 1) = BL(Ry — 7¢)
Which means the dividing line between Scenario 3 and Scenario 5 is when ideal betas equal CAPM betas.

Which implies we can set the ratios between them equal, and expand the CAPM betas:

2,12 1
Bu _ oum/on _ (3H0M+§0PH+§UPL,PH)

1
Bu _ Bu
raarn - 7 72 > .1 2 1
BL BL BL UL,M/JM (ﬁLJM+EJPL+EJPL,PH)

Multiplying through by the denominator of the right-hand side:
1 1 1 1
Bu (.3L01\2/1 + EO-I»%L + EUPL,PH) =pBL (31-101\24 + EUEH + EUPL,PH)

Distributing the betas and subtracting like terms from both sides:

By 2 Bu 2

_B BL
= 0pL = OpLpH = 7 Opy + 7 OpLpH

Multiplying through by 2, and moving terms around:

2
Bu _ 9pn+opLPH (15.6)
BL  opL+opLpH ’

Assuming op;, py = 0, then:
Bu _ 9By
PH _ 9PH 15.
8, = oF, (15.7)

Taking the square root of both sides gives the condition for scenario 4:

Bu _ opH
J; -~ (15.8)
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Notice that this is not a range of values but an exact ratio, which is why CAPM is narrow and unlikely.

Now we also have the correct condition for Scenario 3.

Bu
\/; [—/.?L+25L3H (15.9)
Scenario S
Next we derive the condition for scenario 5:
E(a))>0>E(a;) and E(Sy)>E(Sh)>E(S]) (14.5)
The condition for scenario 5 is available by inspection of the derivations of conditions 3 and 4.
It is:
’;*L’> - >\/§ (15.10)

It is important to recognize that E(&;) > 0 for this and all remaining scenarios.
This is enough for one video.
I will pick up in the next video by deriving the conditions for Scenarios 6 — 9.

At the end of the next video, there will be a summary table of the conditions needed for each scenario.
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Alpha Found Video 16
More Detail Part 3

Welcome again to Alpha Found.

In this video we will finish deriving the conditions that lead to the 9 scenarios of expected outcomes.

Here are the 9 scenarios again (assuming Rpy, = Rp, = Rpy = 0).

Four scenarios contrary to the volatility effect:

1. E(@)) <0<E(ay) and E(Sh)>E(Sy)>E(S])
2. E(@)<0<E(ay) and E(S)=E(Sy)>E(S])
3. E(@)) <0<E(ay) and E(Sy)>E(Sy)>E(S])
4. E@)=0=E@,) and E(Sy)>E(Si)>E(SL)

Two scenarios weakly consistent with the volatility effect:
5. E(a;) >0>E(ay) and E(Sy)>E(S;)>E(S])
6. E(a)) >0>E(ay) and E(Sy)>E(S;)=E(S])

Three scenarios consistent with the volatility effect:

7. E(a))>0>E(ay) and E(Sy)>E(S])>E(SH)
8. E(a)) >0>E(ay) and E(Sy)=E(S])>E(Sh)
9. E(a;) >0>E(ay) and E(S])>E(Sy)>E(SH)

Scenario 6

Now let’s derive the conditions for Scenario 6:

ol

E(@;) >0>E(ay) and E(Sy)>E(S])=E(SH)

Note that E(&;) > 0 > E(@p).

(14.1)
(14.2)
(14.3)

(14.49)

(14.5)

(14.6)

(14.7)
(14.8)

(14.9)

(14.6)

Part of condition 6 is derived the same as condition 5 with an equality in place of the inequality between

the two left most terms of condition 5, such that:

B _ oen
BL  opL

Also, we need the condition:
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E(S‘v}lw) > E(SAII,) N (Rll\d_rf) > ai"’ﬁl,,(ﬁll\/l_rf)

ol gl
Since we can make this substitution:
E(a;) + Bi(Ry — Tf) = Br(Ry — Tf) (12.5a)

Then:

! ! ! !
oM oy, oM oy,

(Ru=Ty) S BuRu=r) . 1 _ B

Squaring both sides, taking the reciprocal, and expanding gives this result:

1 /3’2 a;? o3 o3 OPLPH BZJZ +03
_,2>_,L2_>GIIVIZ<L_> 2+PL+PH+ PH - PLIMTOPL

O,
oy~ oL B? M 4 4 2 BE

Canceling 87 on the right-hand side, and subtracting like terms:

2 2 2 2 2 2

g g OPLPH g g g OpLPH g
a@+ﬁ+ﬁ+7<aﬁ,+% - %+%+T<ﬁ
L L

Multiplying through by 4 and again moving terms around leads to:

4
0py + 20pppy < (ﬁ_f - 1) oL

2
opu+20pLpy _ 4—Bf _ BA+2BLBH

2 2 2
opL B Bi

Taking the square root of both sides, the full condition for scenario 6 is:

B#+2BLBH 0hy+20pLpH
J o _

BL opL T B

(16.2)

Assuming op;, py = 0, the condition necessary for Scenario 6 is:
/ﬁfﬁZﬁLﬁH opn  Bu
> %PH _ PH 16.
BL opr,  PBL (16.3)
Scenario 7
Next is Scenario 7.

Scenario 7 is the same as scenario 6 with an inequality between the two right-hand terms of the Sharpe
ratio relationships.

E(a))>0>E(ay) and E(Sy)>E(S))>E(S)) (14.7)

Therefore condition 7 is derived the same as condition 6 with an inequality between the two right-most
terms:
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|Bi+2BLB
NTHTELPH s 9pH < BH (16.4)

B op  BL
There will be a summary table showing all the conditions and scenarios in a few minutes.
Scenario 8
Now let’s construct condition 8 for Scenario 8:
E(a)) >0>E(ay) and E(Sy)=E(S.)>E(SH) (14.8)
Scenario 8 is the same as Scenarios 6 and 7 with an equal sign between the two left-hand terms of the

expected Sharpe ratio relationships. Therefore, condition 8 is derived the same as conditions 6 and 7 with
an equal sign in place of the inequality in the two left-hand terms of the condition.

/ﬁ2+2ﬁ B
NOHTTPLPH _ opw  Bu (16.5)

BL opr,  PL

Scenario 9
Finally let’s look at Scenario 9:
E(a;)>0>E(a;) and E(S])>E(Sy)>E(S) (14.9)

Scenario 9 follows directly from Scenarios 7 and 8; by changing the direction of the inequality between
the two left-hand terms of the expected Sharpe ratio relationships.

Therefore, condition 9 is derived the same as condition 7 and 8 however, there is only one inequality.

\/UIZ:H+20PL,PH \/ﬁfﬁzﬁLﬁH
>

opL BL

(16.6)

Assuming op; py = 0, then:

opy  \Pirt?hubu (16.7)

opL BL

Putting all of the scenarios and conditions in one place gives us Table 16.1.
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Table 16.1

Expected @' Expected S’ Condition
__Pn > 9PH
E(@]) <0< E(ap) E(Sy) > E(Sy) > E(S)) lpz42p,8 P
Bu___ _ opH

E(a;) <0< E(ay)

E(Sk) = E(Si) > E(S1)

/ﬁ£+2ﬁLﬁH OPL

E(a)) <0< E(a@y

E(Sy) > E(SH) > E(S))

Bu > 9PH > __Pn
VAL " opL /ﬁz+2ﬁLﬁH

E(@}) = 0= E(a))

E(Sy) > E(SH) > E(S))

fﬁ_H — opH
BL  opL

E(a;)) > 0> E(ay)

E(Sy) > E(SH) > E(S))

Bu  opH /B_H
ﬁL>UPL> BL

E(a;) > 0> E(ay

E(Sy) > E(Sy) = E(S))

opr,  PBL

E(a;)) > 0> E(ay)

E(Sy) > E(S]) > E(S)

E(a;)) > 0> E(ay)

E(Sy) =E(S]) > E(S)

B
/ﬁf]"'zﬁLﬁH opH
/ﬁfﬁzﬁLﬁH opH

BL
> Ly
BL opr,  BL
B om

/ Z+2BLBH S oeH _ Bu
Bu
Bu

opr,  PBL

E(a;) > 0> E(ay

E(S]) > E(Sy) > E(Sh)

op /ﬁf]"'zﬁLﬁH

opL BL

The scenarios and conditions have constant expected arithmetic mean return, constant ideal Ss, and zero
average perturbations during a generally rising market. If the condition is met, the associated scenario is
expected. There is still a lot more to consider.
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Alpha Found Video 17

Simulation Part 1: the setup

Welcome again to part 17.
This video is short. It sets up a simulation, with the results of the simulation in the next video.

With the nine scenarios defined, some attempt should be made to see if the conditions derived will add up
to the predicted result.

Table 16.1
Expected @' Expected S’ Condition
. . . P o
1| E@H<O<EGD) | E(SH)> B > B(S) remm o
X i X BH _ 9pH
2 | B@)<o<E@) | E(SH)=E(Sk)>E(S) Tvomm o

. . R Bu
3 E(a}) <0< E(ap) E(Sy) > E(SH) > E(S)) \/; op Jm

4 | EG@D=0=E@) | E(S)>E(S) > E() [z

5 | E@)>0>E@) | E(S) > E(H) > E(S) By oo o

6 | E@)>0>E@) | E(S)>E@Sy)=E(S) BB aon b
7| E@D>0>E@) | E(Su)>E(SD)>ES) B oo, B
8 | E@D>0>E@) | E(S)=E(S)>E(SH) BB _ oo, B
o | E@)>0>E@) E(S) > E(Sy) > E(S)) oo _J’*;’”’

To test the scenarios with simulation, the following procedure was used:

For each of the nine perturbation risk ratio scenarios, the same ideal market conditions were held
constant. That is, for each perturbation risk ratio the following parameters from example 13.1 held:
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The ideal betas were set as follows: B, = 0.5 By =15
Average excess return is: Ry — 15 = 10%
Average perturbation return is: Ry = 0%.

The ideal risks were set as seen here and in example 13.1:

O-M =18% O-L =ﬁLo-M=9% O-H=BHO-M =27%
The sum of the perturbation risks is set to 20%, which will be explained momentarily.

The specific levels of the perturbation risk ratio for each condition were set as follows:

Table 17.1
Simulation Conditions for Testing Table 16.1
Condition O-PH/O-PL Opy Opy,
_bBu > 9pH
{4_% opL 1.00000 10.00000% 10.00000%
_Bu_ _opn
/4_% opL 1.13389 10.62746% 9.37253%
\/iz > Zen o, _Pu 1.50000 12.00000% 8.00000%
L opL 4_[31%1
\/% = 2P 1.73205 12.67949% 7.32051%
L apL,
/;—H > 2P \/IT—H 2.40000 14.11765% 5.88235%
L OpL BL
Bu _ opn
B opL 3.00000 15.00000% 5.00000%
_p2
VAL S pH Bu 3.44444 15.50000% 4.50000%
BL opr  BL
+-Fi _ 9pH 3.87298 15.89574% 4.10426%
BL apL
OpH +-Fi 5.00000 16.66666% 3.33333%
opp BL

The specific levels were set to satisfy the nine conditions of the nine scenarios.

The conditions in Table 17.1 are the same as in Table 16.1, with the only difference being that specific
numerical values are set for the perturbation risk parameters. Whenever there is an equal sign in the
condition column, the value of the perturbation risk ratio is set by that condition, whenever there is a
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“greater than” sign, the value is set to be arbitrarily consistent with the condition.

Using Microsoft Excel®, excess returns for an ideal market portfolio were generated for 30 time periods
using an expected mean excess return of 10%, and standard deviation of 18%.

This was performed for each of 30 time periods using the Excel® function shown here at the top of the
page. Only three time periods are shown to demonstrate the method.

Norm.Inv(Rand(),10%,18%)

Period 1 2 3
Ideal high beta return -10.22% 49.59% 7.12%
Ideal low beta return -3.41% 16.53% 2.37%
Ideal market return -6.81% 33.06% 4.75%
High perturbation return 11.34% 1.26% -6.69%
Low perturbation return -2.07% -0.42% -2.59%
Market perturbation return 4.64% 0.42% -4.64%
High beta portfolio return 1.12% 50.85% 0.43%
Low beta portfolio return -5.48% 16.11% -0.22%
Market portfolio return -2.18% 33.48% 0.11%

The returns for the ideal portion of the high and low ' portfolios were directly calculated by multiplying
the ideal market return each period by its respective ideal 3.

Similar to the random process that generated the ideal market returns, the series of perturbation returns
with zero expected mean were randomly generated for each of the ideal portfolios.

The parameterized sum, which was set to 20%, was then divided up between the two perturbation risks in
such a way that the parameterized ratio between them is set before the random process is carried out.

The two sets of perturbed portfolio returns were then added together to get a return series for the
perturbed market portfolio, rebalancing after each period. Once the random perturbations were generated,
they were added to their respective ideal portfolios as seen at the bottom of the screen.

Finally, 50,000 sets of simulated portfolio returns were run for each of nine conditions.

Now we need to look at the results of the 50,000 simulations for each condition, in the next video.
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Alpha Found Video 18

Simulation Part 2

Welcome again to part 18 of Alpha Found.

This video is important to understanding the meaning of the perturbation risk model.

Although for now I am maintaining the assumption that op; py = 0, the results of the simulation contain
much insight. More important, the graphs of the results show us, or show me anyway, why alpha is so
elusive.

Here are the fixed parameters of the simulations:
B =0.5 By =15
Ry — e =10% Rpy = 0%
oy = 18% oL = Broy = 9% oy = Puyoy =27%
opy + opy = 20.00%

The only parameters that change from one set of conditions to the next are the perturbation risk
parameters.

To begin, from the last video here are the conditions we are simulating:

Table 17.1
Simulation Conditions for Testing Table 16.1
Condition Opu/0pyL OpH OpL

Pu > 9PH
1 \/@ opL 1.00000 10.00000% 10.00000%

Bu_ _ orn
5 \/@ opL 1.13389 10.62746% 9.37253%
\ \/ii SR 1.50000 12.00000% 8.00000%

L PL 4-p%

4 \/% = %*L' 1.73205 12.67949% 7.32051%
s ba> o \/% 2.40000 14.11765% 5.88235%

Bu _ opn 0 0
6 5 opy 3.00000 15.00000% 5.00000%

Copyright 2022, 2024, 2025 Alpha Found



_p2
7 4P 9pH Bu 3.44444 15.50000% 4.50000%
BL opr,  PBL
8 4B _opn 3.87298 15.89574% 4.10426%
BL opL
9 OpH -, 4=PBf 5.00000 16.66666% 3.33333%
apL BL

Here are the numerical results of the simulation:

Table 18.1A

Expectation vs. Simulation Perturbation Risk Ratio Conditions 1 -5

1 2 3 4 5

opy/0pr, = 1.0000 || opy/op, = 1.1339 || opy/opy = 1.5000 || opr/0pr, = 1.7321 || 0py/0p, = 2.4000

ExpectedISimuIated Expected [Simulated| | Expected |Simulated| | Expected [Simulated| | Expected [Simulated
ay 0.668% 0.665%]|| 0.503% 0.502%(| 0.160% 0.165%|| 0.000% -0.004%]|-0.312% -0.310%
ap -0.668% -0.665%|| -0.503% -0.502%|(| -0.160% -0.165%|| 0.000% 0.004%]|| 0.312% 0.310%
H 1.4332 14330 || 1.4497 1.4498 | 1.4840 1.4836|| 1.5000 1.5003 || 1.5312 1.5317
L 0.5668 0.5670 || 0.5503 0.5502 || 0.5160 0.5164 || 0.5000 0.4997 || 0.4688 0.4683
S 0.5210 0.5229 || 0.5170 0.5155 || 0.5077 0.5070 || 0.5029 0.5035 || 0.4923 0.4907
Si 0.3716 0.3728 || 0.3848 0.3837 || 0.4152 0.4142 || 0.4310 0.4319 || 0.4650 0.4640
Su 0.5171 0.5190 || 0.5170 0.5155|| 0.5157 0.5149 || 0.5146 0.5154 || 0.5113 0.5098
UIIJ,M 0.0536 0.0535 || 0.0542 0.0543 || 0.0558 0.0558 || 0.0566 0.0566 || 0.0586 0.0587
O'L’,M 0.0212 0.0211 || 0.0206 0.0206 || 0.0194 0.0194 || 0.0189 0.0189 || 0.0179 0.0179
UL’,H 0.0243 0.0242 || 0.0243 0.0243 || 0.0243 0.0243 || 0.0243 0.0243 || 0.0243 0.0243
oy 28.792% 28.759%(]29.016% 29.020%]]|29.547% 29.532%[29.829% 29.832%|(30.468% 30.495%
o, 13.454% 13.445%1]12.994% 12.995%|(12.042% 12.048%([11.601% 11.594%(|10.752% 10.750%
Oy 19.339% 19.315%][19.344% 19.347%]| 19.391% 19.386% || 19.432% 19.430%]19.557% 19.571%
OpH 10.000% 10.006%][10.627% 10.638%(|12.000% 11.993%|12.679% 12.672%|]|14.118% 14.117%
Opj, 10.000% 9.999%|| 9.373% 9.370%|| 8.000% 8.003%|| 7.321% 7.320%|| 5.882% 5.877%
OpL,PH 0.000% -0.001%]|| 0.000% 0.000%|| 0.000% 0.000%]|| 0.000% 0.000%|| 0.000% 0.000%
R;{_rf 15.000% 15.037%][15.000% 14.959%(|15.000% 14.972%||15.000% 15.022%(]15.000% 14.965%
ﬁ,: —Tf| 5.000% 5.012%]|| 5.000% 4.986%|| 5.000% 4.991%(| 5.000% 5.007%]|| 5.000% 4.988%
E;\d_ Tr110.000% 10.025%(]10.000% 9.973%|[10.000% 9.981%||10.000% 10.015%||10.000% 9.976%
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Table 18.1B

Expectation vs. Simulation Perturbation Risk Ratio Conditions 6 - 9

6 7 8 9

op/0p, = 3.0000 || opy/0p, = 34444 || opy/op, =3.8730 || 0pu/opL = 5.0000

Expected |Simulated||Expected [Simulated| | Expected [Simulated Expected|5imu|ated
ay -0.485% -0.490%|| -0.577% -0.578%|| -0.646% -0.648%|| -0.771% -0.765%
a 0.485% 0.490%|| 0.577% 0.578%|| 0.646% 0.648%|| 0.771% 0.765%
1 1.5485 1.5489 || 1.5577 1.5577 || 1.5646 1.5645 || 1.5771 1.5771
L 0.4515 0.4511 || 0.4423 0.4423 || 0.4354 0.4355 || 0.4229 0.4229
St 0.4856 0.4845 || 0.4818 0.4825|| 0.4787 0.4798 || 0.4727 0.4724
S, 0.4856 0.4848 || 0.4969 0.4977 || 0.5055 0.5065 || 0.5210 0.5206
Su 0.5087 0.5075 || 0.5069 0.5076 || 0.5055 0.5066 || 0.5024 0.5020
O-IfI,M 0.0599 0.0600 || 0.0606 0.0606 || 0.0612 0.0612 || 0.0625 0.0626
UL’,M 0.0175 0.0175]| 0.0172 0.0172 || 0.0170 0.0170 || 0.0168 0.0168
UL’,H 0.0243 0.0243 || 0.0243 0.0243 || 0.0243 0.0243 || 0.0243 0.0243
7 30.887% 30.921%|]31.133% 31.123%([31.332% 31.315%|[31.730% 31.750%
o/ 10.296% 10.300%]10.062% 10.056%|| 9.892% 9.887%|| 9.597% 9.603%
Oy 19.660% 19.678%]19.726% 19.719%|(19.783% 19.772% (| 19.905% 19.918%
OpH 15.000% 15.007%|[15.500% 15.495%(]|15.896% 15.892%||16.667% 16.689%
OpL, 5.000% 5.000%]|| 4.500% 4.493%|| 4.104% 4.100%|| 3.333% 3.332%
OpL,PH 0.000% -0.001%]|| 0.000% 0.000%|[ 0.000% -0.001%|| 0.000% 0.000%
I?,',—rf 15.000% 14.980%]15.000% 15.015%][15.000% 15.024% (| 15.000% 14.998%
RIL —Tr| 5.000% 4.993%]|| 5.000% 5.005%|[ 5.000% 5.008%|| 5.000% 4.999%
R;\l_ Tr110.000% 9.987%|| 10.000% 10.010%|[10.000% 10.016% ||10.000% 9.999%

It may be difficult or time consuming to read Table 18.1, but if you take the time, you will see how the
various market statistics are just as predicted when the sample size is large. There really is not much
worth talking about when comparing the expected values to the simulated values.

The real beauty of the simulation is in the graphs.
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Figure 18.1
E(@") as a function of the perturbation risk ratio for constant expected excess
return set to 10%, constant ideal s, and zero average perturbation return.
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Figure 18.1 shows how E(Q") changes with the perturbation risk ratio while expected excess return does
not change. Importantly, the changes in E(&") are not linear with respect to the perturbation risk ratio.
The rate of change for E(Q") flattens as the ratio increases. The one point of intersection occurs when the
E(&")s are zero, which is scenario 4 (CAPM expectations).

In some ways, figure 18.1 is half the punchline of all the videos, since investment manager returns are
evaluated on alpha. The blue curve is potential E (&) while expected excess return is fixed at 10%. The
red curve is potential E (&) while expected excess market return is fixed at 10%. The different points on
the curve are dependent on the perturbation risk ratio.

For any point on the blue curve representing an E (&), the corresponding red point on the same vertical
line is the E(@;) for the low CAPM beta portfolio.

Alpha as measured by OLS is a point, but E(&") is now seen to be a curve of potential values, each with
the same realized arithmetic average return. That is why alpha is so elusive, E(&") is not a point, it’s a
curve of potential expected values. The expected point on the potential expected alpha curve is
determined by the PRR.

Since all the points on the E(&") curve leave average return the same, it must mean that E ([? ’) is also

changing. Thatis E(&") and E (ﬁ ') move in concert such that the average arithmetic return is unchanged.

The next graph shows E (,3 "). Like E(@"), E ([? ') is a curve of potential values.
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Figure 18.2
E (ff’) as a function of the perturbation risk ratio for constant expected excess return
set at 10%, constant ideal f§s, and zero average perturbation return.
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Just as with E(Q") in Figure 18.1, Figure 18.2 shows how E (B ") changes with the perturbation risk ratio
in a non-linear fashion while ideal  does not change. For any given market return and underlying risk
parameters, E(Q") is determined by market return multiplied by the difference between ideal B and

E (B ’), while E (B ') is determined by ideal B and the PRR. (See equations 12.6a and 12.6b).

If the curve of potential E(&") is half of the punchline, then the next figure is the remaining half of the
punchline, since Sharpe ratios are the other major way investment managers are evaluated.
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Figure 18.3
E(S’) as a function of the perturbation risk ratio for constant expected excess return set
to 10%, constant ideal f8s, and zero average perturbation return.
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Figure 18.3 shows that the relationship between E (5' ') is far from obvious, while ideal Sharpe ratios do
not change. The intersection on the left corresponds to scenario 2 (14.2), the middle intersection
corresponds to scenario 6 (14.6), and the intersection on the right is scenario 8 (14.8). Anything to the
right of scenario 8 corresponds to scenario 9.

It is not clear from a visual inspection of Figure 18.3, but the E (§ 1(,,) is at a maximum when the
perturbation risk ratio equals 1, which is condition 1 in Tables 17.1 and 18.1.

The E (§ 1(,,) reaches its minimum at the two end points, when the perturbation risk ratio is zero on the far
left, and also when the ratio is infinity on the far right.

To summarize, although the ideal parameters and expected market return is constant in the simulation, the
various expected values of the statistics traditionally used to evaluate portfolio performance vary
significantly depending on the perturbation risk ratio. That is, identical average portfolio performance can
be evaluated differently due to events that do not affect arithmetic average return.

The consequences of the perturbation risk model are now on display. If all someone wanted to know is
what it means, these graphs tell us what it means, mostly. However, the assumption of op;, py = 0, 1s still
in play. Much more must be discussed in order to get underneath what is going on.

The next step is to make an effort to work the problem backward to see how different interpretations of
the same data are possible. Working backward is more difficult, and the effort will ultimately be
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frustrated. As a result, we will be forced to let op;, py # 0.

There is still much more to come.
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Alpha Found Video 19

The Backward Perturbation Risk Model: Parameter Estimates from
Market Statistics

Welcome again to part 19 of Alpha Found.

The forward perturbation risk model is an ex-ante model. The backward perturbation risk model is an ex-
post model. Given market statistics, we would want to know what ex-ante parameter values would most
likely lead to market outcomes. Working backward from market data to underlying parameter estimates
has significant challenges. However, starting with the knowledge gained from the forward model, some
answers are available, while others are not.

Every parameter with a prime mark in the forward model has a corresponding parameter estimate
originating from market data.

Each parameter estimate is directly analogous to the same formula for the related parameter as seen in
prior videos.

6/% = 67 + 63, = P65 + 63, (19.1a)
612 = 6% + 62 = PA6E + 6%y (19.1b)

617 = 6 +Zou 4 Zon (19.2)
6im = BBy + %6I»%L + %6PL,PH (19.3)
5L',H = 5L,H = 0,0y = ﬁLﬁH@\Z/I (19.4)

The only difference between these new equations and the those in earlier videos is that the new ones are
estimates, which come from data, and therefore they get a hat symbol to signify that they are estimates.

The following statistics are observable: 6;, Gy, 64,6y and 67 .
And these statistics are not observable: 6y, L1, By, 0pr, and Gpy.

Once 67 ; (19.4) has been observed, a useful rearrangement can be made:

2 _ O]
2 = LL?: (19.5)

=)

Putting (19.5) into the ideal decomposition of variance gives:

Ny ﬁLULH

6, 7ot 62, (19.6a)
H
612 = ﬁ”gLLH + 62, (19.6b)
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Since 8, = 2 — S then (19.6a) and (19.6b) have between them three unknowns in two equations.

There is not enough information to get an exact estimate of the ideal volatility parameters from the

volatility statistics alone. However, constraints can be derived.

B, is maximized when 63, = 0:

If 63, = 0 then: LA = 5]

ﬁLO-LH_ﬁHMZ (2 ,BL)MZ

Divide through by 6]y, and distribute (2 — £,):

/\IZ ~12 B oal2
B 1°-BLsi® _ 281"  BL3L
L — - ~1

1
UL,H OLH OLH

Moving the right-hand term to the left side and moving things around gives:

~12

5 o Buol’ _ 28)” _ 201"
IBL + =7 = =7 - IBL 1 + =1
OLH OLH LH OLH
~ (6] y+o] 26,2
N BL ( LHTYL ) — UL N
OLu OLu
1 ~12
.. G'LH+O'L
Divide through by ( Y ) and cancel:
LH
B, = 20L oL\ _ [ 282
L= GLn \OLy+0L’ - GLutoL
Therefore:
5 267>
Max =1t
(B =77, ap
Similarly, f8; is maximized when 63, = 0.
By a similar derivation we get:
n oal
~12 _ BuBLY BHOLH _ 12
oy = +6hy o =6y
BL BL

,BHO-LH = ,BLOJZ = (2 - .BH) 5if

Divide through by 6/ ; and distribute (2 — fy):

~I2

5 2617 -Budif _ o
B =—=

2611 31-10'1-1

=r ~
UL,H oL H oLH
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Moving the right-most term to the left side and moving things around give:

s Bublt 26} . GiF\ 2647
BH+ A1 A1 - BH 1+ A ==
O, H OLH OLH OLH
5B, (ai,i,’m;f) B/ AN
oLH OLH
.. SLutOH
Divide through by P and cancel:
LH
5 _ 208 (o 2077
ﬁH == =7 —z | =\ %7 12
OLH \OLHTOH OLHtOH
Max(fy) = =22 19.8
ax(ﬁﬂ)—m (19.8)
If:
AN 5\ 262 26y +26[° 2612
Min(By) =2 = Max(f) = 2 = 5r5n =50 o~ Fvep
Then: Min(fy) = =22k (19.9)
: ") = o op? '
Similarly: Min(f,) = =22k (19.10)
v L) = o aror '
Min(B,) < B, < Max(p,) (19.11)

The potential values for 8, between the minimum and maximum inclusive are continuous and correspond
to different perturbation risks, different in their ratios and different in the sum of their magnitudes.

Since the range is continuous, only selected values can be evaluated. If the conclusions of example 13.1
are accepted as market statistics, a range of possible values for the ex-ante conditions can be derived.

Here are the statistics from example 13.1.

6,2 = 0.039622

6, = 0.009211
B = 0.422882
@&, =0.77118%

6,y = 0.0243000
6/2 =0.1006777

B, =1577117

al = —

0.77118%

Using equations (19.7) and (19.8), the corresponding minimum and maximum ideal beta parameter

estimates are:

28y 2(.0243)

= 0.38887

Min(B,) =
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2672 2(.00921)

Max(,BL) = 8L y+0o1° T .0243+(.00921) = 0.54974

For any given estimate of 3, between the values of 0.38887 and 0.54974 inclusive, an estimate of 63,
follows. For example, given these parameter estimates:

B, = 0.38887 By =1.61113
6/ = 0.00921 6,5 = 0.02430
then from equation (19.6a):
0.00921 = (0.388871)((0.02430) 162
) - 1.61113 PL
63, = 0.00334 6p, = 0.05784

With the minimum and maximum low ideal beta estimates (,[? L) in hand, any ideal beta estimate within
that range has an associated pair of perturbations risks and a perturbation risk ratio that would generate
the same CAPM f3;. Using (19.1a) and (19.1b) to estimate the perturbation risks (6%, and 62), for each
B, and By respectively, a table of potential parameter combinations is created. Each one is possibly the
combination that accurately reflects the underlying reality.

Table 19.1
Relationship Between Ex-Post CAPM B’, Estimated Ideal Bs, and
Estimated Perturbation Risks as Derived from Example 13.1

Condition B By bpL Gpy 6py/6p,  Notes
1 0.3889 1.6111 0.05784 0.00000 0.00000 Minimum
1 0.4000 1.6000 0.05600 0.05897 1.05306
2 0.4060 1.5940 0.05498 0.07255 1.31966
3 0.4150 1.5850 0.05337 0.08871 1.66207
4 0.4229 1.5771 0.05192 0.10026 1.93118 CAPM
5 0.4350 1.5650 0.04957 0.11512 2.32264
6 0.4645 1.5355 0.04314 0.14262 3.30606 Equal Sharpe Ratios
7 0.4693 1.5307 0.04196 0.14635 3.48771 Midpoint
8 0.4822 1.5178 0.03863 0.15550 4.02571
9 0.5000 1.5000 0.03333 0.16667 5.00000 No intercept model
9 0.5497 1.4503 0.00000 0.19124 Undef. Maximum

Selected combinations of 8, By, 6py, and 6py are shown which result in the same realized portfolio
returns, portfolio standard deviations, and portfolio CAPM f's. Which one reflects the true ex-ante
conditions most accurately cannot be determined. The Notes column is explained in the examples given in
the next video.

A subtle but important distinction needs to be emphasized. CAPM has a zero-intercept expectation under
OLS. PRM leads to a non-zero intercept expectation under OLS. The “no intercept” method in the PRM
is one of several methods of estimating ideal beta regardless of OLS expectations.
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By inspection of Table 19.1, it takes only a small change in the estimated perturbation risks (6p; or Gpy)
to generate a meaningful change in the relationship between expected Sharpe ratios. It would not take
much for such a change to occur in the market.

You’ll notice that there has been no perturbation ap in this table or in any prior discussion, only a CAPM
alpha. Perturbation ap fits into the structure of the perturbation risk model just as a’ does for CAPM, but
perturbation ap is not a straightforward measure of excess risk-adjusted return. It functions as an error
term, but not in the usual sense. A later video derives and discusses the meaning of perturbation ap in the
context of the perturbation risk model. Consequently, there is no graph of estimated perturbation alphas.

Figure 19.1
Estimated ideal B as a function of the perturbation risk ratio for the given
portfolio realized return and realized standard deviation.
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1.40

1.20

1.00
Ideal Beta
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Perturbation Risk Ratio

Figure 19.1 differs from Figure 18.2 in that Figure 19.1 starts with a " and works toward f
based on various perturbation risk ratios, while Figure 18.2 starts with an ideal 8 and works
toward E ([? ’). The different shapes of the curves between figures 18.2 and 19.1 come from the
fact that they are inverse processes from one another.

Here is Figure 18.2 for comparison.
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Figure 18.2
E (ff’) as a function of the perturbation risk ratio for constant expected excess return
set at 10%, constant ideal f§s, and zero average perturbation return.
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And now back to Figure 19.1.

Figure 19.1
Estimated ideal B as a function of the perturbation risk ratio for the given
portfolio realized return and realized standard deviation.
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Returning to Table 19.1
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Table 19.1
Relationship Between Ex-Post CAPM ', Estimated Ideal Bs, and
Estimated Perturbation Risks as Derived from Example 13.1

Condition B By 6pL Gpy 6py/6p,  Notes
1 0.3889 1.6111 0.05784 0.00000 0.00000 Minimum
1 0.4000 1.6000 0.05600 0.05897 1.05306
2 0.4060 1.5940 0.05498 0.07255 1.31966
3 0.4150 1.5850 0.05337 0.08871 1.66207
4 0.4229 1.5771 0.05192 0.10026 1.93118 CAPM with alpha
5 0.4350 1.5650 0.04957 0.11512 2.32264
6 0.4645 1.5355 0.04314 0.14262 3.30606 Equal Sharpe Ratios
7 0.4693 1.5307 0.04196 0.14635 3.48771 Midpoint
8 0.4822 1.5178 0.03863 0.15550 4.02571
9 0.5000 1.5000 0.03333 0.16667 5.00000 No intercept model
9 0.5497 1.4503 0.00000 0.19124 Undef. Maximum

All of the possibilities in Table 19.1 have the same idiosyncratic risk.

Residual variance is unique in OLS in that only one line will minimize squared errors. However, only one
of the possible perturbation risk combinations and related fs is consistent with an OLS estimate of
CAPM expectations (condition 4).

As difficult as it may seem to have an infinite number of risk combinations resulting in the same line, all
from the same data, it results from the fact that in this example the explanatory variable is the sum of
three random variables, ideal market returns plus two sets of perturbed returns, while the response
variable is the sum of two random variables (ideal market returns scaled by ideal beta, plus one set of
perturbed returns).

Once the data is fixed, the OLS is fixed, including residual variance. Yet there is more than one way to
add up the component risks and returns to get the same answer. Greater ideal risk means less perturbation
risk, and vice versa, but total risk remains unaltered.

Let me derive the equality of idiosyncratic risk for each entry of Table 19.1.

I’'m going to start with the answer, that is the equation for idiosyncratic risk, and then derive it.

622 = (B, - B)(But) + (1-E) 63, (19.12a)
622 = (Bu — i) (Budi) + ( ) 624 (19.12b)
Setting the PRM decomposition of total risk equal to the CAPM decomposition gives us this:
BL&fy + 68, = PG + 68

ﬁL GM + UPL = ,BL(,BI MZ) + 0, NZ
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By using the formula for low CAPM p; as a ratio of covariance to market variance:
ULM Arz Arz Arz
,BL Gig + Gpy = ﬁL + 0 ,BLULM + 0,
Substituting the PRM decomposition of 67, gives:
B‘z,\z_l_,\z _ﬂ", A A +1A2 +1A +A,2
LOm T O0p, = PL\9LOm T 50pL T 50pPLPH ) T O¢
Moving things around a bit gives us:
A2 A2 2 BL 2
A A A Al
Bi6i + 65, = BLBL6w _UPL + 5 OpLpH T O
5 _pN\p a2 4 -2 _BLs2 | Bi 2
’ A _ A A Al
(3L - .BL).BLUM + 0py =7"0py + 7 OpLpy + O

Moving things around a bit more gives:

(B = BL)BL6i = ( )GlgL + %6PL,PH + 67
Finally:
62 = (B — B)BLo% + (1-22) 63, — 26y pn 19.13a)
62 = (Bu — Bir)Budi + (1 - ﬁ;“) Gy — 26y py (19.13b)

Assuming 6p;, py = 0, then:
A/ AI\P ~ ﬁ
> = (B, - B)Bus + (1- &) 63, (19.12a)

622 = (Bu — Bi)Budh + (1-22) 63, (19.12b)
You can now see with precision the differences between perturbation risk and idiosyncratic risk.

For calculation purposes, the estimate of ideal market risk (19.5) should be substituted into the equation
for idiosyncratic risk (19.12a and b) because it’s easier to work with, resulting in equations (19.14a and
b).

62 = (b, - )(””’) (1- ﬁL) 62, (19.14a)
62 = (B - Bi) (22) + (1-22) 63, (19.14b)

The ideal betas and perturbation risks are different for each entry in Table 19.1, yet each entry has the
same idiosyncratic risk. Worked examples demonstrating this fact are in the next video.

Copyright 2022, 2024, 2025 Alpha Found



Alpha Found Video 19

The Backward Perturbation Risk Model: Parameter Estimates from
Market Statistics

Welcome again to part 19 of Alpha Found.

The forward perturbation risk model is an ex-ante model. The backward perturbation risk model is an ex-
post model. Given market statistics, we would want to know what ex-ante parameter values would most
likely lead to market outcomes. Working backward from market data to underlying parameter estimates
has significant challenges. However, starting with the knowledge gained from the forward model, some
answers are available, while others are not.

Every parameter with a prime mark in the forward model has a corresponding parameter estimate
originating from market data.

Each parameter estimate is directly analogous to the same formula for the related parameter as seen in
prior videos.

6/% = 67 + 63, = P65 + 63, (19.1a)
612 = 6% + 62 = PA6E + 6%y (19.1b)

617 = 6 +Zou 4 Zon (19.2)
6im = BBy + %6I»%L + %6PL,PH (19.3)
5L',H = 5L,H = 0,0y = ﬁLﬁH@\Z/I (19.4)

The only difference between these new equations and the those in earlier videos is that the new ones are
estimates, which come from data, and therefore they get a hat symbol to signify that they are estimates.

The following statistics are observable: 6;, Gy, 64,6y and 67 .
And these statistics are not observable: 6y, L1, By, 0pr, and Gpy.

Once 67 ; (19.4) has been observed, a useful rearrangement can be made:

2 _ O]
2 = LL?: (19.5)

=)

Putting (19.5) into the ideal decomposition of variance gives:

Ny ﬁLULH

6, 7ot 62, (19.6a)
H
612 = ﬁ”gLLH + 62, (19.6b)
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Since 8, = 2 — S then (19.6a) and (19.6b) have between them three unknowns in two equations.

There is not enough information to get an exact estimate of the ideal volatility parameters from the

volatility statistics alone. However, constraints can be derived.

B, is maximized when 63, = 0:

If 63, = 0 then: LA = 5]

ﬁLO-LH_ﬁHMZ (2 ,BL)MZ

Divide through by 6]y, and distribute (2 — £,):

/\IZ ~12 B oal2
B 1°-BLsi® _ 281"  BL3L
L — - ~1

1
UL,H OLH OLH

Moving the right-hand term to the left side and moving things around gives:

~12

5 o Buol’ _ 28)” _ 201"
IBL + =7 = =7 - IBL 1 + =1
OLH OLH LH OLH
~ (6] y+o] 26,2
N BL ( LHTYL ) — UL N
OLu OLu
1 ~12
.. G'LH+O'L
Divide through by ( Y ) and cancel:
LH
B, = 20L oL\ _ [ 282
L= GLn \OLy+0L’ - GLutoL
Therefore:
5 267>
Max =1t
(B =77, ap
Similarly, f8; is maximized when 63, = 0.
By a similar derivation we get:
n oal
~12 _ BuBLY BHOLH _ 12
oy = +6hy o =6y
BL BL

,BHO-LH = ,BLOJZ = (2 - .BH) 5if

Divide through by 6/ ; and distribute (2 — fy):

~I2

5 2617 -Budif _ o
B =—=

2611 31-10'1-1

=r ~
UL,H oL H oLH
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Moving the right-most term to the left side and moving things around give:

s Bublt 26} . GiF\ 2647
BH A1 == - BH 1+ A ==
O, H OLH OLH OLH
=~/ ~12
5 (OLutOH 20,
- b= -
.. SLutOH
Divide through by ( P ) and cancel:
LH
5 _ 208 (o 207
BH:AI ~7 —2 ] = | =7 —12
OLH \OLHTOH OLHtOH
Max(fy) = =22 19.8
ax(ﬁﬂ)—m (19.8)
If:
AN 5\ 262 26y +26[° 2612
Min(By) =2 = Max(f) = 2 = 5r5n =50 o~ Fvep
Then: Min(fy) = =22k (19.9)
' ") = o op? '
Similarly: Min(f,) = =22k (19.10)
v L) = o aror '
Min(B,) < B, < Max(p,) (19.11)

The potential values for 8, between the minimum and maximum inclusive are continuous and correspond
to different perturbation risks, different in their ratios and different in the sum of their magnitudes.

Since the range is continuous, only selected values can be evaluated. If the conclusions of example 13.1
are accepted as market statistics, a range of possible values for the ex-ante conditions can be derived.

Here are the statistics from example 13.1.

612 = 0.039622 61 4 = 0.0243000

6,2 = 0.009211 6/2 =0.1006777

= 0.422882 Bl =1577117

L
A1

&, =0.77118% ay =—0.77118%

Using equaitons (19.7) and (19.8), the corresponding minimum and maximum ideal beta parameter

estimates are:
28y 2(.0243)

= = 0.38887
.0243+(.10068)

Min(B,) =

1 ~I12
OLu+0yH
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2672 2(.00921)
6, y+0,2  .0243+(.00921)

= 0.54974

Max(,[;’L) =

For any given estimate of 3, between the values of 0.38887 and 0.54974 inclusive, an estimate of 63,
follows. For example, given these parameter estimates:

B, = 0.38887 By =1.61113
6/ = 0.00921 6,y = 0.02430
then from equation (19.6a):
0.00921 = (0.388871)((0.02430) 162
) - 1.61113 PL
63, = 0.00334 6p, = 0.05784

With the minimum and maximum low ideal beta estimates (,[? L) in hand, any ideal beta estimate within
that range has an associated pair of perturbations risks and a perturbation risk ratio that would generate
the same CAPM f3;. Using (19.1a) and (19.1b) to estimate the perturbation risks (6%, and 62), for each
B, and By respectively, a table of potential parameter combinations is created. Each one is possibly the
combination that accurately reflects the underlying reality.

Table 19.1
Relationship Between Ex-Post CAPM B’, Estimated Ideal Bs, and
Estimated Perturbation Risks as Derived from Example 13.1

Condition B By bpL Gpy 6py/6p,  Notes
1 0.3889 1.6111 0.05784 0.00000 0.00000 Minimum
1 0.4000 1.6000 0.05600 0.05897 1.05306
2 0.4060 1.5940 0.05498 0.07255 1.31966
3 0.4150 1.5850 0.05337 0.08871 1.66207
4 0.4229 1.5771 0.05192 0.10026 1.93118 CAPM
5 0.4350 1.5650 0.04957 0.11512 2.32264
6 0.4645 1.5355 0.04314 0.14262 3.30606 Equal Sharpe Ratios
7 0.4693 1.5307 0.04196 0.14635 3.48771 Midpoint
8 0.4822 1.5178 0.03863 0.15550 4.02571
9 0.5000 1.5000 0.03333 0.16667 5.00000 No intercept model
9 0.5497 1.4503 0.00000 0.19124 Undef. Maximum

Selected combinations of 8, By, 6py, and 6py are shown which result in the same realized portfolio

returns, portfolio standard deviations, and portfolio CAPM f's. Which one reflects the true ex-ante
conditions most accurately cannot be determined. The Notes column is explained in the examples given in
the next video.

A subtle but important distinction needs to be emphasized. CAPM has a zero-intercept expectation under
OLS. PRM leads to a non-zero intercept expectation under OLS. The “no intercept” method in the PRM
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is one of several methods of estimating ideal beta regardless of OLS expectations.

By inspection of Table 19.1, it takes only a small change in the estimated perturbation risks (6, or Gpy)
to generate a meaningful change in the relationship between expected Sharpe ratios. It would not take
much for such a change to occur in the market.

You’ll notice that there has been no perturbation ap in this table or in any prior discussion, only a CAPM
alpha. Perturbation ap fits into the structure of the perturbation risk model just as @’ does for CAPM, but
perturbation ap is not a straightforward measure of excess risk-adjusted return. It functions as an error
term, but not in the usual sense. A later video derives and discusses the meaning of perturbation ap in the
context of the perturbation risk model. Consequently, there is no graph of estimated perturbation alphas.

Figure 19.1
Estimated ideal § as a function of the perturbation risk ratio for the given
portfolio realized return and realized standard deviation.

1
Ideal Beta
Estimate

-1.0 1.0 3.0 5.0 7.0 9.0 11.0 13.0 15.0
Perturbation Risk Ratio

Figure 19.1 differs from Figure 18.2 in that Figure 19.1 starts with a " and works toward f
based on various perturbation risk ratios, while Figure 18.2 starts with an ideal § and works
toward E (ﬁ’) The different shapes of the curves between figures 18.2 and 19.1 come from the
fact that they are inverse processes from one another.

Here is Figure 18.2 for comparison.

Figure 18.2
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E (ﬁ’) as a function of the perturbation risk ratio for constant expected excess return
set at 10%, constant ideal f§s, and zero average perturbation return.
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And now back to Figure 19.1.

Figure 19.1
Estimated ideal § as a function of the perturbation risk ratio for the given
portfolio realized return and realized standard deviation.
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Returning to Table 19.1
Table 19.1
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Relationship Between Ex-Post CAPM B’, Estimated Ideal Bs, and
Estimated Perturbation Risks as Derived from Example 13.1

Condition B By bpL Gpy 6py/6p,  Notes
1 0.3889 1.6111 0.05784 0.00000 0.00000 Minimum
1 0.4000 1.6000 0.05600 0.05897 1.05306
2 0.4060 1.5940 0.05498 0.07255 1.31966
3 0.4150 1.5850 0.05337 0.08871 1.66207
4 0.4229 1.5771 0.05192 0.10026 1.93118 CAPM with alpha
5 0.4350 1.5650 0.04957 0.11512 2.32264
6 0.4645 1.5355 0.04314 0.14262 3.30606 Equal Sharpe Ratios
7 0.4693 1.5307 0.04196 0.14635 3.48771 Midpoint
8 0.4822 1.5178 0.03863 0.15550 4.02571
9 0.5000 1.5000 0.03333 0.16667 5.00000 No intercept model
9 0.5497 1.4503 0.00000 0.19124 Undef. Maximum

All of the possibilities in Table 19.1 have the same idiosyncratic risk.

Residual variance is unique in OLS in that only one line will minimize squared errors. However, only one
of the possible perturbation risk combinations and related s is consistent with an OLS estimate of
CAPM expectations (condition 4).

As difficult as it may seem to have an infinite number of risk combinations resulting in the same line, all
from the same data, it results from the fact that in this example the explanatory variable is the sum of
three random variables, ideal market returns plus two sets of perturbed returns, while the response
variable is the sum of two random variables (ideal market returns scaled by ideal beta, plus one set of
perturbed returns).

Once the data is fixed, the OLS is fixed, including residual variance. Yet there is more than one way to
add up the component risks and returns to get the same answer. Greater ideal risk means less perturbation
risk, and vice versa, but total risk remains unaltered.

Let me derive the equality of idiosyncratic risk for each entry of Table 19.1.

I’m going to start with the answer, that is the equation for idiosyncratic risk, and then derive it.

622 = (B, - B1)(Buo?) + (1 - E) 63, (19.12a)

612 = (By — Bh)(Buo )+( ) 63y (19.12b)
Setting the PRM decomposition of total risk equal to the CAPM decomposition gives us this:
AI2 ~12

A2A2 | A2 512
BL6m + 6p, = B1°6M + 6

pE6f + 65, = .BL(.B, AIZ) + 6.
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By using the formula for low CAPM p; as a ratio of covariance to market variance:
ULM Arz Arz Arz
,BL Gig + Gpy = ﬁL + 0 ,BLULM + 0,
Substituting the PRM decomposition of 67, gives:
3262+A2 _ﬂ", A A +1A2 +1A +A,2
LOm T O0p, = PL\9L0m T 50pL T 5 0PLPH O¢
Moving things around a bit gives us:
A2 A2 2 BL 2
A A A Al
Bi6i + 65, = BLBL6w _UPL + 5 OpLpH T O
A AI\p. A2 2 _ Bl L 2
’ A _ A A Al
(3L - .BL).BLUM + 0py =7"0py + 7 OpLpy + O

Moving things around a bit more gives:

(B = BL)BL6i = ( )GlgL + %6PL,PH + 67
Finally:
62 = (B — B)BLo% + (1-22) 63, — 26y pn (19.13a)
62 = (Bu — Bir)Budi + (1 - ﬁ;“) Gy — 26y py (19.13b)
Assuming 6p;, py = 0, then:
62 = (B, — B1)BLoi + ( BL) 62, (19.12a)
622 = (Bu — Bi)Budh + (1-22) 63, (19.12b)

You can now see with precision the differences between perturbation risk and idiosyncratic risk.

For calculation purposes, the estimate of ideal market risk (19.5) should be substituted into the equation
for idiosyncratic risk (19.12a and b) because it’s easier to work with, resulting in equations (19.14a and
b).

62 = (b, - )(””’) (1- ﬁL) 62, (19.14a)
62 = (B - Bi) (22) + (1-22) 63, (19.14b)

The ideal betas and perturbation risks are different for each entry in Table 19.1, yet each entry has the
same idiosyncratic risk. Worked examples demonstrating this fact are in the next video.
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Alpha Found Video 20
The Backward Perturbation Risk Model: Three Examples

Welcome back again.

This video is an attempt to interpret the numbers from Table 19.1, which were derived from example
13.1.

Table 19.1
Relationship Between Ex-Post CAPM B’ Estimated Ideal Bs, and
Estimated Perturbation Risks as Derived from Example 13.1

Condition B By bpL Gpy 6py/6p,  Notes
1 0.3889 1.6111 0.05784 0.00000 0.00000 Minimum
1 0.4000 1.6000 0.05600 0.05897 1.05306
2 0.4060 1.5940 0.05498 0.07255 1.31966
3 0.4150 1.5850 0.05337 0.08871 1.66207
4 0.4229 1.5771 0.05192 0.10026 1.93118 CAPM with alpha
5 0.4350 1.5650 0.04957 0.11512 2.32264
6 0.4645 1.5355 0.04314 0.14262 3.30606 Equal Sharpe Ratios
7 0.4693 1.5307 0.04196 0.14635 3.48771 Midpoint
8 0.4822 1.5178 0.03863 0.15550 4.02571
9 0.5000 1.5000 0.03333 0.16667 5.00000 No intercept model
9 0.5497 1.4503 0.00000 0.19124 Undef. Maximum

Remember that example 13.1 is made up. Right now, this is about process.

What follows is three examples from Table 19.1.

The examples are CAPM with alpha, which is condition 4; the midpoint method, which happens to be
condition 7; and the zero-intercept method, which happens to be condition 9. These examples will show
how the same data is subject to different interpretations. With different data, the midpoint and zero
intercept methods might correspond to different conditions.

Remember CAPM has a zero-intercept expectation under OLS. PRM leads to a non-zero intercept
expectation under OLS. “Zero intercept” in PRM is one of several methods of estimating ideal beta
regardless of OLS expectations.

Example 20.1 (Scenario 4, CAPM with alpha)

Example 20.1 represents the volatility effect as it is commonly understood. It is CAPM through the lens
of PRM.

Since scenario 4 is CAPM, it is assumed that the measurement of beta is correct. That is:
B = B, = 0.422882, and E(&]) = 0%, although realized &, = 0.77118%.
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Using (19.6a), the perturbation risk estimates are as follows:

52 = BLULH _ 0.422882(0.0243)
L = s

~2
+ 0L, =y T O 65, =.0092111
65, =.002695 - Gp, =.051917
By similar calculation:
65y =.010052 - 6py =.100261

According to condition 4, the ratio of the perturbation risks is equal to the square root of the ratio of the

ideal betas:
OpPH _ ’5’1-1
OpL BL
Bu 2-422882 _ 1 ga1q7 _ 100261 _ Gpy ‘/
\IBL \/ 422882 051917 Gpy

The square root of the ratio of B to B, equals the ratio of perturbation risks, so the condition checks.

The estimated perturbation risks are consistent with scenario 4, with an E(&;) = 0%, but with a
measured &, = 0.77118%. That is, if ] is correct, then the excess risk adjusted return is also correct.

The Sharpe ratios are unchanged from example 13.1 and repeated here:
S =52.10% Sy = 50.24% Si = 47.28%
Example 20.1 shows the volatility effect as we know it.
The perturbation risks are not used in the solution process since it was assumed that the CAPM beta
derived from OLS is correct. However, the perturbation risk estimates, if correct, are consistent with

condition 4 and give insight into the conditions that generated the results.

Finally, idiosyncratic risk plays no role in the solution. However, idiosyncratic risk is the same for every
entry in Table 19.1, and is calculated here and in the next two examples in order to demonstrate this fact.

672 = (422882 — .422882) .0243 (1.577118

) 0026954 = 0.0021255
(2—.422882) 2

Example 20.2 (Midpoint Method)
In Example 13.1, all the parameters are known as part of an ex-ante model. It’s easy to see that the
parameter estimates in example 20.1 do not match example 13.1 and are therefore not correct. Some

alternate method of estimating [5; and 8y must be found.

Example 20.2 uses a purely mathematical technique that does not rely on knowing or assuming an
economic model. In the absence of some compelling theory, a logical estimator for §; is the mid-point of
the minimum and maximum low ideal beta estimates (ﬁ L).
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The formula for the midpoint estimate is derived here in two lines of algebra:

R Min(B,) + Max(B 26/ 2672
Mid(,BL) _ (3L) (3L) S L,HNZ F— L _
2 2(UL,H +6y) Z(UL,H +6.°)
Mid(B,) = =2kt 4 O (20.1)
L Gl utOlf | O ytol? :

With this formula in hand, we calculate a midpoint estimate for the ideal beta for the low CAPM beta
portfolio:

Mld(BL) _ 0.0243 + 0.0092111 = 469302

"~ 0.0243+0.10068 .0243+0.0092111

Again, using equation (19.6a), the perturbation risk estimates are as follows:

~r2 _ BLoLn _0.46930(0.0243)

A2
0,° =—=—+0p, =
Bu PL 1.53070

+ 6%, =.0092111 -

65, =0.001761 - G6p, = 0.041963
65y =0.021420 -  py = 0.146355

According to condition 7:

n2 B P —~
JBu+2BLBn S By S By /1.5306982+2(.469302)(1.530698) _ .146355 _ 1.530698
BL épL ~ PBL 469302 041963~ .469302

|Bfi+2BLB >
e 414268 > 3487715 > 326166 = 21

BL BL
The estimated perturbation risks are consistent with scenario 7, with an E(&;) = 0.3070%, but with a
measured & = 0.77118%. The difference, 0.4642%, is the estimated excess return after adjusting for
ideal systematic risk.
The Sharpe ratios remain unchanged from example 13.1 but are repeated here:

S =52.10% Sty =50.24% Si; = 47.28%

Example 20.2 shows that different estimation methods result in different estimates of the underlying
parameters. Each estimate is consistent with the market statistics.

Because we know the original parameters found in example 13.1 are different from the estimates derived
in this example, we know the midpoint method did not give the correct answer in this instance. However,
the perturbation risk estimates are consistent with condition 7, and, if correct, give insight into the process
that generated the results.

Finally, idiosyncratic risk plays no role in the solution.

However, as stated before, idiosyncratic risk is the same for every entry in Table 19.1 and is calculated
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here and in the next example in order to demonstrate this fact.

.0243
(2-.469302)

62 = (.469302 — .422882) + (1'5727“8) 001761 = 0.0021255

Example 20.3 (Zero Intercept Method)

The original understanding of CAPM was the zero-intercept model. If correct, then the &, = 0.77118%
is a statistical artifact of a misapplied method.

The way to enforce zero risk-adjusted excess return for the low and high CAPM beta portfolios is to use
zero intercept regression, and set the ideal beta equal to the beta estimate generated from that process,
assuming zero average perturbation return. This method will be discussed a further in a later video. For
now, we will continue with the example.

Since average excess market return is 10%, and average excess return on the low CAPM beta portfolio is
5%, then 8, = 0.5 and f3; = 1.5.

Running through the calculations again:

52 = ﬁLULH

0.5(0.0243)
L

1.5

+ 6%, = + 6%, =.0092111
65, =0.001111 - &p, =0.033333
6%y = 0.027777 >  Gpy = 0.166666

According to condition 9:

oo BE2BLB Neserieslcas)
Fen a*2PPr 0166666 S L52+2(05) | e+ 3973 ‘/
opl, ﬁL .033333 .5

The estimated perturbations risks are consistent with scenario 9, with expected CAPM alpha and
measured CAPM alpha equal to 0.77118%, but with zero excess risk-adjusted return as measured by
PRM.
The Sharpe ratios are unchanged from example 13.1, and are repeated here:

S, =52.10% Sy =50.24% Si; = 47.28%
Example 20.3 is simply example 13.1 worked backward.

Since the standard of condition 9 is met for the PRR, the Sharpe ratios follow this pattern §] > Sy, > S},
without there being any excess risk adjusted return as measured by ideal beta.

To complete the example, idiosyncratic risk is calculated.

612 = (.500 — .422882)

.0243 1.577118
+

) 001111 = 0.0021255
(2—.500) 2

If we did not know that the statistics came from example 13.1, it could not be known which interpretation,
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Example 20.1, Example 20.2, Example 20.3, or something else, is correct. Each entry in Table 19.1 is
possible along with every unlisted value between the endpoints. Each is a different interpretation of the
same evidence.

The problem revealed in Table 19.1 is that the observable statistics are the same for each entry, while the
unobservable statistics are different for each entry.

Observable Statistics Unobservable Statistics
(Same in each entry in Table 19.1) (Different in each entry in Table 19.1)
Bi By @, @y 61 G4 Gy G BL Bu 61, 6n Gy GOpr Opu

In the real world it is easy to find examples where the zero-intercept method gives an answer that is
outside the range given by the minimum and maximum estimates for the low ideal beta.

Perhaps there is something missing.
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Alpha Found Video 21
Another Look at the Backward Perturbation Risk Model

Welcome back again to Alpha Found.
Estimating the values of 8, and By has proven to be a challenge. A rigorous solution is not available.

One possible way to solve the problem of ideal beta estimates is to use the zero-intercept model for the
low and high CAPM beta portfolios. Here is the reasoning: in CAPM all of the idiosyncratic risk sums to
zero for the aggregate of all securities in each time period and for each security individually across time.

In the perturbation risk model this is not the case. However, the average perturbation for a well-
diversified portfolio over a long period of time should average out to be close to zero since the
expectation is zero and the process is mean reverting. This is just the assumptions of equation (12.4) as
they were applied to (12.5a) and (12.5b). It is unlikely for an individual stock or an under-diversified
portfolio to meet this standard.

These videos are about model building, not data analysis. However, in the real world it is easy to find
examples where the zero-intercept model gives an answer that is outside the range given by the estimation
methods shown in the last video.

There are two possibilities:

1. A large and diversified portfolio over a long period of time can generate excess risk-adjusted
returns consistently for no clear reason, and therefore, the volatility effect remains a mystery to
some degree.

Or
2. UPL,PH # 0.

Table 16.1 set out 9 scenarios and the corresponding conditions needed to meet certain risk and return
expectations. The derivations of the nine conditions frequently used the phrase “assuming 6p;, pyy = 0.”
Removing that assumption means op;, py # 0.

Table 16.1 will be called the naive model. Putting op;, py # 0 back into the conditions gives us Table
21.1. Table 21.1 will be called the full model.

Table 21.1
Expected Relationship Between OLS Alphas and Sharpe Ratios
For Different Perturbation Risk Relationships with 6p; py # 0

Expected @’ Expected S’ Condition

Bu > OpH

\/ﬁf +2BLBH \/JFZ’L"'ZJPL,PH

1 E(@)<0<E(ay) | E(S))>ESy)>E(S) (21.1)
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Bu OpH

opL BL

2 E(a) <0<E(ay) | E(Sy)=E(Sy)>E(S)) \/ﬁmmH = JJ%L+ZJPL.pH (21.2)
A~ ~ 1 </ &/ G/ ﬁ_ Ipu+o i ﬁ
3 | E@)<O0<E@)Y | ESy)>E(SH)>ES)) \/E > [t > m (21.3)
AN _ AT </ &/ G/ ?
4 | E@)=0=E@ay) | E(Sy)>E(S)) >E(S]) \/% = /% (21.4)
N ~1 o/ &r U B ojyto , B
5 E(@)>0>E(ay) | E(Sy)>E(S)) > E(S)) B—IZ > /ﬁ > \/% (21.5)
6 | E@)>0>E@) | EGSy)>E(Sy) =E(S) JFt2BBn opy _ By (21.6)
BL opH  BL
7 E(@)>0>E(@y) | E(Sy) > E(S)) > E(Sh) \/ﬁff”ﬁm” > J”’Z’th"”“’“ S Bu | (21.7)
BL OpL BL
8 E(&D >0> E(&;-I E("S\;l'l) — E(gi) > E(§II_I) \/[5’1%1+2[?L5H _ \/J}%H'FZJPL,PH > Bu (21.8)
BL opL BL
o | E@)>0>E@)) | E(S)>ESy) > ESH) Jobu+2orLm S JSi2pu8n (21.9)

The perturbation risk ratio has a fluid definition in the full model.

Conditions 1, 2 and 3 have this definition for the perturbation risk ratio:

Conditions 1, 2, 3 Full PRR = OPH

T2

2
OpL+20pLPH

Conditions 4 and 5 have a different definition:

2
Conditions 4, 5 Full PRR = /—"I;H“’PL»PH
OpLTOPLPH

Condition 6 has the same definition as in the naive model in Table 16.1:

Condition 6 Full PRR = 222

opL

Finally, conditions 7, 8, and 9 have this definition:

1/02 +20pLPH
Conditions 7, 8, 9 Full PRR = Y 2 7

oprL
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The derivations of the conditions in Table 21.1 result in some apparent inconsistencies.

For instance, the derivation of condition 3 in Table 21.1 leads to the following:

’ﬁH \/UPH+0'PLPH \/ ohy > BH

BL 0BL+0pLPH 0pL+20pLPH ,ﬁf”ﬁLﬁH
There is no longer one middle term but two. Either of the two middle terms is sufficient, and neither
contradicts the other. Also, the end point conditions are the important conditions, and there is no difficulty

with them.

The form given for each condition in Table 21.1 seems best for the goals of these videos. Others may
prefer a different form.

It is important to notice something about the conditions of Table 21.1 that is not in Table 16.1.
Py corresponds with apy, ), corresponds with op;,, and By corresponds with 6p; py = Ppr, pHOPLOPH-

The corresponding pieces do not have the same value, but have they often have the same place in the
structure of the conditions.

For example, look at condition 7:

\/ﬁl%l"'ZﬁLﬁH \/JFZ’H"'ZJPL,PH Bu
>

BL opL ﬁL

(21.7)

The two left-hand terms have the same structure.

Including the covariance between perturbations (op;, py # 0) means all the previously derived formulas
need to be rewritten, and set to music.

(By rearranging equation (12.19) and substituting into (12.11a) and (12.11b)):

0° = 5_1]; (0Lu — opLpn) + 0BL (21.10a)

o1F = 7;—12(0,:,,_, - UPL_pH) + oy (21.10b)
From (12.14) o} = o +“T‘%L+%’+m% (21.11)
From (12.17a) oLy = BLo +JTF2’L+M% (21.12a)
From (12.17b) Oty = Buofy + 228 4 L (21.12b)
From (12.19) ol 1y = BLBuokG + opLpu (21.13)
From (12.21a) BL —W (21.14a)
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2 ‘T%;H 9PLPH
From (12.21b) gl = Prom 2 (21.14b)
M
Rearranging (12.19) of = ZLH_OPLPH (21.15)
BLBH
2 _ Y, 2 Bu\ 2 _BL
From (19.13a) o¢° = (B, — BL)Broy + (7 OpL, =~ OPLPH (21.16a)
12 _ _ P! 2 /3_1,, 2 &
From (19.13b) 0 = By — Bi)Buot + (%) 0By — L opypn (21.16b)

There are several hopeful avenues of approach available to solve the equations above. Unfortunately, they
don’t work. What is left are approximation methods.

Full condition 9 is repeated here:

\/UIZ:H+20PL,PH \/ﬁfﬁzﬁLﬁH
>

opL BL

Two substitutions into full condition 9 are helpful. Equations (21.10a) and (21.10b) can be rearranged to
give:

UEL = O'L,2 - g_:(o-l,,,H - O'PL,PH) (21.17a)
! B 1A
Ofy = Off — B_IZ(UL,H - UPL_pH) (21.17b)

The two substitutions have this result:

> (21.18)
a-ll,z_g_:[(all,,H_aPL.PH) ﬁL

\]01'12 _%(Ji,H_UPL,PH)"'ZGPL,PH JﬁfﬁzﬁLﬁH
In this mess of an inequality, all the pieces are known except op, py .

To ensure that the denominator and ideal market variance of equation (21.18) are positive, two more
conditions must hold:

One, the denominator must be greater than zero:

! ﬁ !
1. o7 — i(GL,H - UPL,PH) >0 (21.19)

And two, the covariance between the high and low CAPM beta portfolios must be greater than
the covariance between the perturbations:

2. O-I"IH < O-PL,PH (2120)

Condition 2 is necessarily true but I will skip the proof.

Copyright 2022, 2024, 2025 Alpha Found



As a reminder:

OpL,pH = PPLPHOPLOPH
To examine inequality (21.18), quarterly total return data for the components of the S&P 500 from the
first quarter of 2015 through the fourth quarter of 2019 were used. Only those companies that were part of
the S&P 500 for the entire period were included. Individual stocks were rebalanced to their initial weights
each quarter.
Without this procedure the market statistics are not as clean as is needed to make the assumptions work.
Stated another way, the S&P 500 is really a different index from one quarter to the next, unless sameness
is imposed.

It would be nice to compare to the same index in each time period, not a moving target.

Let me squeeze in the disclaimer that this data set, as constructed, suffers from survivorship bias and
other problems.

The following statistics were gathered while using the zero-intercept estimate for 5; and Sy. I’'m not
going to read through them, but here they are for reference.

&1 = 0.003067 6/ =0.002288

6,2 =0.001256 6;2 = 0.006437

Bi = 0577742 B, = 1.422259

B, =0.943391 By = 1.056609
S, =0.706524 S;, =0.479300 S}, = 0.349587
pLy = 080453  pj, =0.90274  pj = 0.98177

Since §] > $;; > S}, the full condition of scenario 9 with the substitutions of equations (21.17a) and
(21.17b) will be examined.

o1f _g_H(a[,,,H_aPL,PH)"'ZaPL,PH //?f; +2B.Bu
L > = = 1.869

12 BL/~ N
o’ —ﬁ(ﬂi,H—UPL.PH) B

Making a few calculations in the background:
6£2 - g_L 61,4,1‘1 - O-PL,PH) > 0 when 6PL,PH > 0.0008807.
H

6£,H > 6-PL,PH When 6PL,PH < 0.0022877.

Therefore:

0.0008807 < 6p;, py < 0.0022877
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Once 6py, py has been estimated, 63, 63, and 6 can be calculated from equations (21.17a), (21.17b),
and (21.15).

Making a table of potential values of 6p;, py leads to another constraint. The lower part of the range for
6p py leads to correlation above 1 (ppy py > 1). Consequently, the range is constrained further such that
Gpy py 1s between the numbers shown.

0.00118156 < 6p, py < 0.0022877
Table 21.2 is the result.

Table 21.2
Estimated Ex-Post Covariance and Variance of Perturbations and Full PRR for
Realized Market Data January 2015 — December 2019

OpL,pH 681 Ghu PrLpH G Om PRR

1 0.00118 0.00027 0.00520 1.00000 0.00111 3.33% 5.31
2 0.00129 0.00037 0.00532 0.92417 0.00100 3.16% 4.64
3 0.00140 0.00047 0.00545 0.88049 0.00089 2.98% 4.21
4 0.00151 0.00056 0.00557 0.85324 0.00078 2.79% 3.90
5 0.00162 0.00066 0.00569 0.83549 0.00067 2.58% 3.67
6 0.00173 0.00076 0.00582 0.82368 0.00055 2.36% 3.49
7 0.00185 0.00086 0.005%94 0.81579 0.00044 2.11% 3.34
8 0.00196 0.00096 0.00606 0.81059 0.00033 1.82% 3.22
9 0.00207 0.00106 0.00619 0.80731 0.00022 1.49% 3.12
10 0.00218 0.00116 0.00631 0.80541 0.00011 1.05% 3.04
11 0.00229 0.00126 0.00644 0.80452 0.00000 0.00% 2.96

The values of the statistics found in each row are all consistent with the market statistics from
January 2015 — December 2019.

Table 21.2 contains a strong relationship for the correlations, 0.8045 < pp;, py < 1.00.
This high correlation between the perturbations is the reason the market perturbations can be so large. If
the perturbations were independent, it might be expected that the average across all securities would

approach zero in each time period.

In the current state of model development, there is no quantitative reason to prefer one set of values over
another in Table 21.2. Subjectively, a smaller value for ap, py seems likely, but this requires pp;, py to be
close to one, which seems unlikely.

The range of values in Table 21.2 for estimated quarterly ideal market and perturbation standard
deviations are as follows:

0.00% < 6y, < 3.33%

1.64% < 6p;, < 3.55%
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7.21% < 6py < 8.02%
Curiously, the range for 6p; is greater than the range for 6py.
Choosing a value for perturbation covariance in the middle of the range of Table 21.2 will attribute about
one-fourth of the market variance to ideal market variance. The rest comes from perturbation risk. The
time period chosen was one of low market volatility. This may provide insight into the problem of

quantifying excess volatility.

Stated differently, excess volatility by itself is logically the cause of most or all of the volatility effect
because of its effect on OLS regression calculations. (I’'m going with most.)

Though only about a fourth of the variance is coming from the ideal market risk, nonetheless, every entry
in Table 21.2 leads to the correct values for the correlation statistics below.

pry = 0.80453
iy =0.90274
Prm = 0.98177

Lastly, though the correlation between perturbations is different in each entry, each entry still generates
the same idiosyncratic risk.

More details are in the next video.
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Alpha Found Video 22

Details and Generalizations Part 1
Welcome back again to part 22.

This video is first of four that will provide more detail on the backward perturbation risk model. That is,
there will be less computing and more modeling.

The mathematical notation and ideas are a step up. There is a lot on the screen that will be not be
verbalized, though if you want to understand everything, stopping the video occasionally is your best
method, or, if you are more ambitious, you could download the video transcript from the series website,
and study the transcript.

One goal is to define perturbation alpha. Perturbation alpha will play the same structural role as CAPM
alpha does in the equation for CAPM, but its interpretation is quite different. For instance, in CAPM,
alpha is a constant that is estimated by OLS. In PRM, perturbation alpha is a random variable. More on
that in video 25.

Previously it was noted that expected Sharpe ratios for the low and high CAPM beta portfolios are equal
under full condition 6.

Let’s assume a computational convenience. The expected low perturbation in period ¢ given the market
perturbation in period ¢ equals the low ideal beta times the market perturbation:

E(Rprt|Rpme) = BLRpme (22.1)
It will turn out that this is not a correct conditional expectation, but it’s close and will help for a while.
With the conditional expectation of equation (22.1) we have:
E(Ri¢|Rpme) — 17 = Br(Rue — 17)

The expected total return of the low CAPM beta portfolio in period ¢ given the market perturbation minus
the risk-free rate equals the low ideal beta times the excess return of the market.

You can follow the algebra:
= BL(Rue + Rpme — 7¢)
= BL(Rue — Tf) + BL(Rpmt)
With the result that:
E(RL¢|Rpme) — 17 = .BL(RMt - rf) + E(RpLt) (22.2)
Where:

E(Rpre|Rpmt) = BLRpue (22.1)

Like most expectations, it’s not usually realized. If the degree to which it does not hold in a given time
period is called h, then the low perturbation in period t equals the sum of the low ideal beta plus the low £
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multiplied by the market perturbation.

Rpre = (BL + hie)Rpume (22.32)

Rpyt = (Bu + hue) Rpme (22.3b)

The average low perturbation equals the low ideal beta times the average market perturbation plus the
average of the perturbations not explained by the market perturbations.

1 1 - 1 1
T2Rpe =2 XBL+ h)Rpue = Rpp = X BrRpme + 2 X hie Rpue
= = 1
Rpy = BLRpm + ;Z hie Rpume (22.4a)

Rpy = BuRpy + %Z Pyt Rpme (22.4b)
I think this is one case where the math is easier to understand than the English describing the math.
The /s add up to zero in each time period and as an average over time:
h;, = —hy (22.5)

Such that the weighted sum of the individual perturbations in each time period when summed and
averaged across time equals the average perturbation.

1 -
22X wi(Bi + hi)Rpme = Rpy (22.6)
Where the sum of the weights is 1, and the weighted sum of the ideal betas is 1, and the weighted sum of

the 4s is zero in each time period and are therefore zero across time, but not necessarily zero for any given
security or portfolio.

Yw;, =1 (22.7)
2wi(B) =1 (22.8)
2Xwi(hy) =0 (22.9)

Remember that the f3; is held constant, h; is a variable, and Rp,, is a variable. Therefore, we define
perturbation alpha in this manner: the low perturbation alpha equals the low 4 for a given time period
times the market perturbation for that time period.
apre = hpeRpume (22.10a)
aput = hyeRpmt (22.10b)

The formula for average perturbation alpha follows immediately:
— 1
apL = ;Z hie Rpme (22.11a)

_ 1
Apy = ;Z Pyt Rpme (22.11b)
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a,PL = _aPH (2212)
2wi(ap;) =0 (22.13)
Where once again the weighted average alpha is zero.
Note 1. The interpretation of perturbation alpha is more subtle in the PRM than the interpretation of alpha
in CAPM. If the market perturbation is positive in a given time period, then a positive # means greater
return from the perturbation. If the market perturbation is negative in a given time period, then a positive

h means lesser return from the perturbation.

If & is typically positive for a given asset or portfolio, over many time periods, it means higher standard
deviation without higher arithmetic average return.

Note 2. The perturbations might or might not sum to zero in any time period or across time periods, but
the perturbation alphas necessarily sum to zero in each time period.

Note 3. It is likely that Rpy, =~ 0 over time, while @p;, = —a&py # 0. However, the modeling to this point
has been largely based on Rpy; = 0, and @p; = —@py = 0. However, it is likely @p;, = —@py = 0.

Note 4. It is the perturbations themselves that are the excess risk adjusted returns, not the alphas.
Although the alphas are part of the perturbations.

Note 5. In the PRM it is possible that all portfolios and the market itself will have excess risk adjusted
return or deficient risk-adjusted return. That is, the market might be considered too high or too low.

Note 6. By setting pp; py = 1, and by setting the individual perturbations equal to the ideal beta times the
market perturbation, CAPM beta will equal ideal beta, CAPM alphas will equal zero, all Sharpe ratios
will be equal, and there will be zero idiosyncratic risk.

I should prove this.
Proof of note 6.

Here is the PRM decomposition of the low CAPM beta with the covariance term expanded.

2 2
g (o} g o o
, /3LU1€1+ 123L+ Pl;.PH ﬁLUI%/II I;’LIPPL.PHZPL PH
B = B = ~p (12.21a)
oM oM

If pprpy = 1, then hy, is a constant, and the correlation term drops out of the PRM decomposition.

2
2  9PL OPLOPH
_ BLoyt—

ﬂl’; - 12

oM

Since ppy, py = 1, and by assumption the individual perturbation risks are equal to the ideal beta times the
market perturbation risk (which if h; is a constant then h;; = 0 for all ¢), then substituting the individual
ideal betas times the market perturbation risk for individual perturbation risks:

BLOpMm = Opp, Buopm = Opy (22.14)

Copyright 2022, 2024, 2025 Alpha Found



2 2 2 2
2 ,9PL, OPLOPH 2  Biobm BLBHIPM
_ Promt— o Buomt

!
IBL - 2 2
oM oM

and factoring:

0'2 0'2
IBL - 12

Oym

and factoring again:

) B,o% + By ((.BL + .gH)UEM)

ﬂL 0_1(42
Simplifying:
2)of
) BLoii + BL (()TPM)
ﬁL = 12
Om
Canceling:

. BLow + Lo
ﬂL - Ar2
g%

factoring yet again, and canceling:

Bl = Bi.(ofz + aip) _
L= (o4 +05) h

BL

Therefore,
BL =B
given ppy py = 1, BLopy = 0py, and ByOpy = Opy.
Furthermore, since 8] = B, then the expected CAPM alphas are zero. If the expected CAPM alphas are
zero, then full condition 4 should be met. Since the Sharpe ratios are equal, full condition 6 should also be

met.

Superficially full condition 4 is at odds with full condition 6.

Bu 0By+opLPH
/_ - f— 21.4
BL oL +0pLPH ( )

Full condition 4 is:

Equivalently, by squaring both sides:
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2
Bu _ 0pu + OpLpu

==
B 0hL+ OpLpu

And full condition 6 is:

Bu _ oen (21.6)

BL  opL

For both to be correct at the same time, the full PRR of condition 6 should be equal to the full PRR of
condition 4.

By setting them equal, and expanding the covariance term:

2 2
Opy _ Opy * OpLpy _ Opu + PpLPHOPLOPH

== ==
OpL,  Op, * Oprpy  Opp t PpLPHOPLOPH

Then since the correlation between perturbations is 1 and drops out, and again the individual perturbation
risks equal the ideal beta times the market perturbation risk:

2
Opy _ Opy t PpLpPHOPLOPH

=
Opr  Opy t+ PpLpHOPLOPH

Budpm _ Biiohm + BLBuopmOpu

BLopm  BLGBM + BLBuOPMOPM

All of the opy, terms cancel leaving:

By B +PBiBu  BuBu+B) Bu

B BE+BuBy BBu+B) B

Therefore, when these assumptions hold:

PpLPH = 1, Rprt = BLRpume) Rpye = BuRpume

The CAPM beta will equal the ideal beta, expected CAPM alphas will be zero, Sharpe ratios will be
equal, and there will be zero idiosyncratic risk.
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Alpha Found Video 23

Details and Generalizations Part 2
Welcome back again to Alpha Found part 23.

The goal of this video is to derive the following two correct equations for the parameterized portfolio
perturbation risk:

Op;, = O-PM\/(BL + E(hL))Z + O-’%L (2313.)

2
Opy = GPM\/(IBH +E(hy))” +ap, (23.1b)
And then see what happens when they are substituted into the 9 full conditions.

Beginning with the low perturbation return in period ¢ equal to the low ideal beta plus the low % in period
t times the market perturbation in period #

Rpre = (BL + hie)Rpume (22.3a)

Take the variance of both sides:

var(Rp,) = var((B, + h)Rpu)

The right-hand side is the variance of the product of two independent random variables which means:
var(Rp,) = var(By, + hy)var(Rpy) + var(f, + hL)(E(RPM))Z + (E(ﬁL + hL))ZUaT(RPM)
The expectation of the market perturbations is zero so the red term in the middle drops out.
var(Rp) = var(h,)var(Rpy) + 0+ (E(B, + hL))Zvar(RPM)
With a change to a more pleasant notation:
0p, = 0f,0hy + (B, + E(hL))ZO-I»%M

which can be rearranged to:
2
OfL = Opu ((ﬁL +E(h)) + Ur%L) (23.2a)

2
Ofn = Opu ((BH +E(hy))" + oﬁH) (23.2b)
Where necessarily the variance of the low 4 equals the variance of the high 4:

aﬁL = aﬁH (23.3)

Copyright 2022, 2024, 2025 Alpha Found



And the expectation of the low 4 equals minus the expectation of the high #:
E(hL) = —E(hH) (22.5)

Taking the square root of both sides of equation (23.2a):

Opy = UPM\/(ﬁL + E(hL))Z + UﬁL (23.1a)

Full condition 6 (21.6) expands and cancels as follows:

b oom|(BurE) 4o7,  [(BurE) 4o,

ﬁL OLH ﬁL JPM\/(BL+E(hL))2+U}21L \/(ﬁL+E(hL))2+O-}21L

Bu _ opu

ﬁH _ \/(ﬁH'I'E(hH))Z'I'O'PZLH
P J(arrEn)+o?,

The market perturbation risk drops out all together from the ratio.

(23.4)

Squaring both sides of equation (23.4) gives:

gy _ (ButEQu) +ok,, 23.5)
Bt (BL+E()) +0F, '
Condition 6 is the condition necessary for the equality of Sharpe ratios.

Equality of Sharpe ratios is natural to capital market theory in that average excess return should be
proportional to risk.

Here lies a major insight: For equation (23.5) to hold true it is necessary for:
E(hy) > 0> E(hy) (23.6)

This can be confirmed numerically if, after establishing the values for the ideal betas, we let E(hy) =
0 = E(h;) along with giving any positive value for a,fL = a,fH. The ratio will be less than it needs to be
for the equality of Sharpe ratios. Only if E(hy) > 0 > E(h;) can the ratio work out.

If equations (23.2a) and (23.2b) are substituted into full condition 9 (21.9), and the market perturbation
risk is canceled out, a new expression results:

J((ﬁH"’E(hH))Z+0;21H)+ZPPL,PHJ((ﬁH+E(hH))2+0;21H)((ﬁL+E(hL))2+UleL) BZ+2B.B8
: S | Hﬁ LBH
(ﬁL+E(hL)) +O-}Z"L L

(23.7)

What a mess. Here is the proof:
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\/UIZ:H+20PL,PH S \/ﬁfﬁzﬁLﬁH \/JFZ’H"’ZPPL,PHUPLUPH S \/ﬁfzﬂﬁLﬁH

=

opL BL opy BL
Making this substitution:
2
OfL = Obu ((,BL +E(h))" + GﬁL) (23.2a)
2
oty = obu ((Bu + EC)” + o7, ) (23.2b)

\/((BH"'E(hH))Z+0fZLH)J;2’M+2pPL,PHUFZ’M\/((ﬁH"'E(hH))Z+UleH)((ﬁL+E(hL))2+0}21L) S \//3121"'2/%/311

((BL+E(ML) +0E, )b BL

The market perturbation risk cancels leaving:

\/ (2" 40, ) +20p 00 (Bt £ )+, ) (Bt )+, ) > Jsivatipn (23.7)

((ﬁL+E(hL))Z+O"ZlL) ﬁL

Squaring both sides:

((3H+E(h1-1))2 +0'}21H)+2PPL,PHJ((ﬁH"‘E(hH))Z +0;21H)((3L +E(hy))* +0;21L) BE+2BLBH
((B+E(L) +0F,) BE

The correspondence between the two sides of the inequality can be highlighted by separating the terms.

(Bu+EGu)+of,)  20psom |((Bu+EQ) +o},) e
((ﬁL+E(hL))Z+O-’ZlL) \/((ﬁL+E(hL))2+UizzL) i B

(23.8)

Notice the correspondence between the high ideal beta plus the expected high 4 quantity squared plus the
variance of the high % on the left-hand side and the high ideal beta squared on the right.

And the correspondence between the low ideal beta plus the expected low 4 quantity squared plus the
variance of the low % on the left-hand side and the low ideal beta squared on the right.

This procedure can be continued for each condition, which removes from the conditions the market
perturbation risk and leaves the questions of perturbation proportionality and correlation between

perturbations.

The assessment of the nine full conditions and their relationship to the Sharpe ratios continues and is
concluded in the next video.
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Alternate derivation of (23.1)

If:
Rpre = (BL + hie)Rpume (22.3a)

Taking the variance of both sides:

var(Rp,) = var((B, + hy)Rpm) = var(ByRpy + hyRpy)
= var(BLRpy) + var(hyRpy) + 2B,cov(Rpy, b Rpy) (23.9)

Each of the three terms on the right-hand side of equation (23.10) needs to evaluated separately.

The left-most term of the right-hand sided (23.10) is
var(BLRpy) = BLopu (23.10)

The middle term on the right-hand side is the variance of a product of two random variables and can be
expanded:

var(hyRpw) = (07, + E(hy)) (0B + E(1)?) — (0w + EGERpy)) + cov(h?, REyy)
Since h; and Rp), are independent, and E(Rpy,) = 0, then var(h;Rpy,) reduces to
var(hyRpy) = (0, + E(hy)?)ohy (23.11)
The right-hand term of (23.9) can be expanded:

2f,cov(Rpy, b Rpy) = 2P, ((E(hL)UPM,PM + E(Rpp)Onpm ) +
E[(Rem — E(Rpi))(Roms — E(Rpar)) (hy, — E(hL))])

Since h; and Rp), are independent, this reduces to

2Bcov(Rpy, hyRpy) = 2BLE(hy)opy (23.12)

Adding the three pieces together [(23.11) + (23.12) + (23.13)] gives
op, = Biopu + (Ur%L + E(hL)Z)O-IgM + 2BLE(hy)ohy
The variance of the perturbations can be factored out.
op, = (ﬂLZ + E(hy)? + 2BLE(hy)? + O-i%L)O_}%M
The first three terms in the parenthesis form a perfect square, and can be simplified.
(BZ + E(h)? + 2B,E(h,) + o2,) = (B, + E(h))” + o, (23.13)

(23.10) then reduces to
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op, = ((.BL + E(hL))z + O-i%L) OB

oty = ((Bn + E)” + o7, ) oy

Where, necessarily

2 _— 2
O'hL—O'hH

and
E(hL) = _E(hH)

Taking the square root of both sides of equation (23.2a) and (23.2b):

OpL = UPM\/(ﬂL + E(hL))z + 0’%1,

Opy = UPM\/(ﬁH + E(hH))Z +ai,
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Alpha Found Video 24

Details and Generalizations Part 3
Welcome back again to part 24 of Alpha Found.
Let’s assume for the moment that all the expected Sharpe ratios are equal.
E(Sy) =E(S]) =E(Sh) 9.5)
The equality of the two right-hand terms is scenario 6.,

If we add noise in the form of a,fL > 0, then after g2, drops out, full condition 6 is:

Bi _ oby _ (ButE() +oh,

B? ~ ak, (ﬁL+E(hL))Z+a,ZlL

(23.5)

Remember from the last video this condition can only exist if the expected high /4 is greater than zero,
which is greater than the expected low 4:

E(hy) > 0 > E(hy) (23.6)

The equality of the two left-hand terms of (9.5) is scenario 8, and needs full condition 8 to have this as an
expectation:

E(Sy) =E(S,)=E(Sh) 9.5)

Here is full condition 8:

(ﬁH+E(hH))2+a,ZLH ZPPL,PH\/(ﬁH+E(hH))Z+0'}ZlH _BL . 2B

= (24.1)
(BL+E(hL) +0f, [(BL+E(h) +0F, BL B
Note that there is a correlation term on the left-hand side.
We can solve for correlation from the decomposition of market perturbation risk.
2 2 2
o2 — OpL , OPH | “PpPLPHOPLOPH
PM™ 4 7 4 2
Multiplying through by four:
40py = Oy + 0py, + 20p,py = Opy + 0y + 2PpLpHOPLOPH (24.2)

Substituting equations (23.2a) and (23.2b) gives:

408y = ((Bu + EGu))” + 02, ) 0B + (B + E(h)” + 02, ) o

+2pPL,PH\/((,BH + E(hH))Z + GfH) ((ﬁL + E(hL))Z + a,fL) oy
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Market perturbation variance cancels from both sides, leaving an identity:

4= ((Bu+ Eu) + 0t ) + (B + EG)) + 0, ) +

2ppL,pHJ ((Bu + E))” +02,) ((BL + E(hy))* + 07, (243)
With simple algebra correlation is:

4—(((3H+E(hH))2+aﬁH)+((ﬁL+E(hL))z+aﬁL))
2 [((Bu+EGu) 40, )(Bu4BRL) +07, )

PpPLPH =

Which, with more algebra, can be simplified to:

(Bu+E(h)(BL+E(hL))-0},

((Bu+EMm)*+2, )((BL+EML) +32,)

(24.4)

PpPLPH = \/

There is another way to present the 9 full conditions. For example, from full condition 9, the expected
Sharpe ratio of the low CAPM beta portfolio is greater than the expected market Sharpe ratio.

E($])>E(Sy) - ﬁL(R(”:’i_r’) > Gor) o By

oM o, " oum
Squaring both sides, expanding, taking the reciprocal, and subtracting like terms gives:

2
BL 1
2.2 2 2 2
Biom+op,  oMmtOpy

2 2
2 opL 2 2 opL 2
oy + _ﬁf <oy +opy - _ﬁf < Opym

Moving the 7 to the other side, making a substitution, and canceling a3, from both sides gives:
2
b <BPody —  oku((B+EM)) +0k) < BPody

(B, + E(h))" + 02, < B? (24.5)

Notice that since the variance of the low 4 is greater than zero (a,fL > 0), the only way for inequality

(24.5) to be true is if the expected low 4 is less than zero (E(h;) < 0). If (24.5) were concerned with the
high beta portfolio, then the inequality could not hold true as an expectation, but it might be true as a
realization.

Expanding the left-hand side of (24.5) and subtracting the low ideal beta squared from both sides (5?)
gives:

Bt + 2BLE(hy) + E(h)? + G}%L <Bt - 2BE(h)+EM)*+ UP%L <0

Which becomes:
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oh, < =2BLE(h;) — E(h;)? (24.6)

As a reminder, we are working toward understanding the conditions under which the expected Sharpe
ratios have this order:

E(S1) > E(Sy) > E(S)).

Inequality (23.8) is, with algebra, the same as (24.5). That is (23.8):

((BH+E(hH))2+0,ZLH) ZPPL,PH\/((ﬁH"'E(hH))Z"'O'}ZlH) S &+ﬂ 23.8)
((Bur+EML) 407 J((BL+E(hL))2+6ﬁL) i b

is algebraically equivalent to (24.5):

(B, + E(h))" + 02, < B? (24.5)

It is not obvious that this is true, but you can verify it for yourself with some work. The first step is to
substitute correlation from (24.4) into (23.8).

Look again at the equality of all Sharpe ratios:

E(Sy) =E(S]) =E(Sh) 9.5)
Only if the 7 = 0 and the E (h;) = 0 can this equality hold. (See the proof of note six in video 22).
Otherwise, the condition of the two right-hand terms is at odds with the condition of the two left-hand

terms.

If the J,fL > 0, then by definition h; varies from one time period to the next, which also means the
pprpy < 1.

Here is the conclusion regarding Sharpe ratios:

If o, > —2B,E(h,) — E(hy)? then E(S]) < E(Sy) (24.7)
If o, = =2 E(h,) — E(hy)? then E(S]) = E(Sy) (24.8)
If o, <=2 E(h,) — E(hy)? then E(S]) > E(Sy) (24.9)

(24.7) is consistent with conditions 1-7; (24.8) is consistent with condition 8, and (24.9) is consistent with
condition 9.

Three quick numerical examples show how it works:
Let E(h;) = —0.3,and 8, = 0.90
thel'l _ZBLE(hL) - E(hL)Z = 0.45

Since the correlation between perturbations has this formula:
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(Bu+E(h)(BL+E(hL))-0},

((Bu+EMm)*+2, )((BL+EML) +32, )

PpPLPH = \/ (24.4)

Then this set of three numerical calculations follows:

If 67, > 045 then ppy py < 0.279135and E(S]) < E(Si)
If oy, = 0.45 then ppy py = 0.279135and E(S]) = E(Sy)
If 67, < 0.45 then ppypy > 0.279135and E(S}) > E(Si)

If a,fL < 0.45, then 03, < 0.67. Subjectively, this seems to be an easy standard to meet for a diversified
portfolio.

If we drop the magnitude of E(h;) = —0.3 to E(h,) = —0.1, then the needed oy, drops from gy, <
0.671to oy, < 0.412. Subjectively, this is also an easy standard to meet for a diversified portfolio, even
with a small E(h;).

In other words, the market’s attempt to have equal Sharpe ratios between the high and low CAPM beta
portfolios, (full condition 6) takes only a small realized average high 4 greater than zero (hy > 0) to end
up with full condition 9 instead. Condition 9 is a practical expectation. It takes very little to go from
condition 6 to condition 9.

Therefore, under realistic, ordinary, and reasonable circumstances, and without altering arithmetic mean
returns:

E(S;) > E(Sy) > E(Sh) (13.2)
This concludes the discussion of the broad pattern of Sharpe ratios.

Now we have to return to alpha.
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Alpha Found Video 25

Details and Generalizations Part 4

Welcome once again.
Let’s review:

The low perturbation return in period ¢ equals the low ideal beta plus the value of / in period ¢ times the
market perturbation return in period t.

Rpre = (B + he)Rpume (22.3a)

Although the sum of the 4s is zero in any given time period:

2wi(h) =0 (22.9)

we also saw that the individual expected 4s do not equal 0 (E (h;) # 0). If the expected / does equal 0
(E(h;) = 0), then the expected return of the low CAPM beta portfolio in period ¢, given the perturbation
return in period ¢, minus the risk-free rate, initially had this brief derivation:

E(RL¢|Rpme) — 17 = Br(Rye — 17)
= BL(Rue + Rpme — 7¢)
= Br(Rue — rf) + BL(Rpme)

E(RL¢|Rpme) — 17 = Br(Rme — 17) + E(RpLe|Rpue) (22.2)
Where:

E(Rpt|Rpme) = BL(Rpme) (22.1)

As discussed before, when a,f > 0 is included in the formula for perturbation risk, economic forces
motivate the inclusion of a non-zero E (h;) for each portfolio, but the sum of the E (h;) for all portfolios is
zZero.

A complete return expectation conditioned on the perturbations, whether zero or non-zero is:
ERL¢|Rpme) — 17 = BL(Rie — 17) + E(@pre|Rpue)
= BL(Rut + Rpye — Tf) + E(h,)Rpume
=py (RMt - rf) + BL(Rpme) + E(hy)Rppe
= BL(Rue — Tf) + (B + E(hy))(Rpue)

= BL(Rue — 1) + E(Rpe|Rpme) (25.1)

Where:

E(Rpre|Rpye) = (B + E(th))(RPMt) (25.2)
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Note the difference between (22.2) and (25.1):

ERL¢|Rpme) — 17 = Br(Rue — 17) + E(Rppt) (22.2)
Where:
E(Rpr¢|Rpme) = BL(Rpmt) (22.1)
ERL¢|Rpme) — 17 = BL(Rme —17) + E(Rppe) (25.1)
Where:
ERprelRpme) = (B + E(hy))(Reme) (25.2)

The only difference is in the conditional expectations, where (22.1) does not have an /4 term while (25.2)
does. (25.2) is the correct conditional expectation, (22.1) is not.

An alternate equivalent expression is, the expected return of the low CAPM beta portfolio in period ¢
conditioned on the perturbation return minus the risk-free rate equals the ideal beta times the excess return
of the market plus the expected perturbation alpha, also conditioned on the market perturbation return.

ERL¢|Rpme) — 17 = Br(Rise — rf) + E(@pr¢|Rpme) (25.3)

Where the expected perturbation alpha in period #, conditioned on the perturbation return of the market in
period ¢ equals the expected /4 times the market perturbation return.

E(&PLthPMt) = E(th)RPMt (25.4)

Which expression someone chooses, (25.1) or (25.3) is a matter of taste. My opinion is that (25.3) is more
natural since it contains Ry, — 75 rather than Ry — 7.

Is positive ap a good thing? This was covered in video 22, but I thought I would reiterate the point.

A negative & means a smaller positive perturbation when market perturbations are positive and a smaller
negative perturbation when market perturbations are negative. For a long-term investor this means lower
volatility for the same arithmetic mean return, which in turn means a higher CAPM alpha, a higher
Sharpe ratio, and a higher geometric return than other investors with the same arithmetic mean return but
with a positive /.

In video 12, the formula for conditional expected CAPM alpha was:

E(&,|Rpy = Rp, = 0) = (B, — .Bi)(ﬁfw - Tf) (12.6a)
More generally, expected CAPM alpha should be written like this:
E(a;|Rpy) = (B, — BL)(Ry — Tf) + E(hy)Rpy (25.5)

Realized CAPM alpha has this form:

a, = (ﬁL - .BAII,)(RIIVI - Tf) + %Z hipt Rpme (25.6)
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Or alternatively:
a;, = (B—BL)(Ry — ) + @py (25.7)
This more general formula includes the possibility that Rpy, = 0, while @p;, = —@py # 0.
This concludes the discussion of the broad patterns of CAPM alpha.
Here is the overall conclusion:
The consistency of these two realizations in a generally rising market:
a,>0>ay (9.6)
S, >8>S, (9.7)
Has been shown to be the result of these two expectations:
E(a@)) > 0> E(ay (13.1)
E(S)) > E(S;) > E(S)) (13.2)

Which are natural to the structure of stock market return data without reference to financial analysis,
accounting data, or economic forecasts.

It was the stated in video 9, “to the extent that (9.6) and (9.7) can be expressed as mathematical
expectations ex-ante, the volatility effect is resolved.” The goal of this series of videos has been reached.

We still need to talk about individual stocks.
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Alpha Found Video 26
The Forward Perturbation Risk Model for Individual Stocks

Welcome once again to Alpha Found.

The forward perturbation risk model for an individual stock follows the same pattern as for the high and
low CAPM beta portfolios. Therefore, there is less deriving than in some earlier videos and more simply

acknowledging.
Here are the familiar formulas, in the context of an individual stock.
PRM: E(R}) — 1y = B;i(Riyy —17)
CAPM: E(R)) —1r = E(&}) + B{(Ry — 17)
E(&“ﬁPM = EPi =0) =B — .3{)(1?1’\/1 - rf)
E(@}|Rpm) = (B; — BD(Ry — 17) + E(h)Rpy
&; = (Bi— Bi)(Ry —17) + %Z hitRpie = (Bi — Bi)(Ryy — 17) + @p;

E(RpilRpym) = (ﬁi + E(hi))ﬁpm

Op; = UPMJ(Bi + E(hi))z + Gﬁi
The formula for the expected CAPM alpha of an individual stock is in equation (26.4).
E(@&;|Rpm) = (B; — .3{)(1?1'\4 - rf) + E(h))Rpy
Next, we derive B; in the context of PRM.

cov(R;,Ry) = cov(R; + Rp;, Ry + Rppy)

(26.1)
(26.2)
(26.3)

(26.4)
(26.5)

(26.6)

(26.7)

(26.4)

= cov(R;, Ry) + cov(R;, Rpy) + cov(Rp;, Ry) + cov(Rp;, Rpyy)

= cov(R;, Ry) + cov(Rp;, Rpy)
With a change of notation:
= Biof; + Opipm
The covariance between an individual stock and the market is:
i m = Bigii + Opipu

Since CAPM beta is covariance divided by market variance, then CAPM beta is:
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ﬁ, o-l,+M — ﬁiaI%/I-I—O-PL',PM (269)

2 2
O+0pm

2
__ BioytppipMopPiopM
- 2 2
G'M+O'PM

2
Bioi+ppipm /(ﬁ’i+E(hi)) +o} 0By

- 2 2
O+0pm

Which gives us an alternate formulation for CAPM beta.

, Bioig+pPpipm /(ﬁi"‘E(hi))z"'Ulei oM
= (26.10)

ﬁi - 2 2
oytopy

Note that if 8; = pp; pm \/ (,Bi +E (hl-))2 + aﬁi , and this is substituted into equation (26.10), we get this

nice result:

- Biofy + Biohu _ Bi(ow + 0bu) _

Bi 2 1 52 2 1 o2
oy +0py oy +0opy

Bi

CAPM beta equals ideal beta. This shows once again how unlikely it is for CAPM conditions to be met.

To have an expected positive CAPM alpha in a generally rising market with zero average perturbations
requires:

E(@;|Rpy = Rp; = 0) = (B; = B)(Ry — 77) > 0 (26.3)
Which means ideal beta is greater than CAPM beta.

2
1 _ Biomtopipm
lgi > ﬁi - 2 2
O'M+0'PM

Which, with algebra becomes:

2
Bi > pPi,PM\/ (.Bi + E(hi)) + U;%i
This gives us 3 possibilities all derived similarly.

If ideal beta is greater than CAPM beta, then expected alpha is positive:

2 - _
Bi > PPi,PM\/(ﬁi +E(hy))" + o, then E(&i|Rpy = Rp;=0)>0 (26.11)

If ideal beta equals CAPM beta, then expected alpha is zero:

2 = _
Bi = PPi,PM\/(ﬂi +E(hy))" + Ur%i then E(@;|Rpy = Rp; =0) =0 (26.12)
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or if ideal beta is less than CAPM beta, expected alpha is negative:

2 = -
Bi < pPi,PM\/(.Bi +E(h))" + U;%i then E(@&;|Rpy = Rp; =0) <0 (26.13)
On the subject of individual Sharpe ratios, here is a quick derivation, assuming Rpy = Rp; = O:

ﬁi(R}vz—Tf) > (R}\/I—Tf)

2 2., 2 2.2
\/ﬂi‘TM"“’Pi J0M+UPM

E(S) > E(Su) -

Divide through by excess return, and square both sides:

2
Bi 1 N Bi 1

>
2 2. 2 2, 2
2 2 2 2 2 Bioy+os; oy +o
JBL- Oytop; JaM+aPM {M TP MTEPM

Take the reciprocal of both sides, cancel, and subtract like terms:

2 2 2 2
Biom+0p; Opj

5 <o +oky o 012\,,+ﬁ—i2<012\,,+03M - ﬁ—iz<a§M
o5 <PBioby = Obm ((3i + E(hi))z + leli) < Bl opu
(Bi + Eh))” + af, < p? (26.14)
There is a similar derivation for E(S{) = E(S;;) and E(S}) < E(Sy).
The result can be seen here:
If (B, +E(hy))’ + 0 < B? then E(S}) > E(Si) (26.15)
If (B, + E(hy))’ + 02 = B? then E(S)) = E(Siy) (26.18)
If (B, + E(h))’ + 0 > B? then E(S)) < E(Si) (26.19)

An individual stock will likely have a higher value for a,%i than a diversified portfolio, therefore an
individual stock will likely have a lower Sharpe ratio than the market portfolio.

For a single stock there is a 5-scenario analog to the 9 scenarios we have previously considered.

Copyright 2022, 2024, 2025 Alpha Found



Table 26.1

Expected Relationship Between OLS Alpha and Sharpe Ratios
For Different E(h;) and 0,2” Relationships

Expected @’

Expected S’

Condition

1 E(@) <0

E(S{) <E(Sy)

(B + E(h))" + 02, = phipu (B + E(h))” + 02) > B

(26.15)

2| E@)=0

E(S!) < E(Si)

(B + E(h))" + 02, > pEipu (B + E(h))” + 02 ) = B

(26.16)

3| E@)>0

E(S]) < E(Sy)

(B + EG))” + 02, > B2 > pliw (B + EG)” + o)

(26.17)

4| E@)H>0

B(S7) = E(Si)

(B + Eh)” + 02 = B? > pEiou (B + E(h))’ + o)

(26.18)

5 E(@) >0

E(S!) > E(S})

B2 > (B + Eh))” + 0%, = pliow (B + E(hD)” + 02,

(26.19)

The red color is simply to highlight the location of the ideal beta squared.

I have made an effort to develop a backward perturbation risk model for an individual stock. So far it has

been intractable. It awaits further insights.
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Alpha Found Video 27

Loose Ends from Video 10

Welcome once again to part 27.

In video 10, called Setting the Table Part 2, there were 13 two-year time periods where two securities

were selected randomly and combined to form an index. Each of the two securities were then regressed

against the index. The statistics of CAPM alpha, beta, and Sharpe ratio were also collected.

This was repeated 5,000 times for each two-year time period. Also, a period when the market was
generally falling was used. That period was shorter than two years.

Here is the result as shown in video 10.

Number of pairs

Low Beta-High Alpha
% Low Beta-High Alpha
Average o' for Low g’

Average Low Beta
Avg. Market Return

Low-Market-High
Low-High-Market
Market-Low-High
Market-High-Low
High-Market-Low
High-Low-Market

% Low-Market-High
% Low-High-Market
% Market-Low-High
% Market-High-Low
% High-Market-Low
% High-Low-Market

4,996
3,332
66.69%
0.404%

0.6372
1.26%

45.58%
0.74%
12.27%
18.90%
22.08%
0.44%

4,998 5,000 5,000
3,782 2,200 3,148
75.67%  44.00%  62.96%
0.900% -0.232%  0.466%

0.5727 0.6013 0.5505
2.14% 1.05% 1.40%

44.02%
2.02%
10.34%
14.48%
28.02%
1.12%

5,000
2,846
56.92%
0.208%

0.5898
0.71%

4,998

2,505
50.12%
-0.026%

0.6529
0.36%

4,999
3,157
63.15%
0.376%

0.6461
1.07%

50.29%
1.14%
7.22%

11.04%

29.49%
0.82%

4,997
3,744
74.92%
0.798%

0.5627
2.40%

46.97%
0.52%
16.73%
21.69%
13.99%
0.10%

4,997
3,196
63.96%
0.348%

0.5843
0.16%

4,999
3,628
72.57%
0.652%

0.5643
1.63%

49.95%
0.70%
13.42%
18.02%
17.70%
0.20%

4,999
3,261
65.23%
0.360%

0.6015
0.77%

For 11 of the 14 time periods the results were consistent with the predictions of the perturbation risk
model, where Rpy, = 0. Regarding the three time periods that were not consistent, I said “For the time
being I am going to pretend I didn’t notice.” They are highlighted with big red dots on the following

graph.
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1.264% 0.404%
2.136% 0.900%
1.052% -0.232%
1.404% 0.466%
2.078% 0.658%
1.380% 0.416%
0.714% 0.208%
0.360% -0.026%
1.072% 0.376%
2.396% 0.798%
0.158% 0.348%
1.632% 0.652%
0.774% 0.360%
-3.964% -0.486%

The intent of this video is to show loosely how the anomalous results in those three time periods might
get resolved within the perturbation risk model. No high rigor solutions are offered since there is not
enough information to construct such a rigorous solution.

The original method of data analysis was a little suspect, but since it is only suggestive, | suggested that
it’s good enough for our purposes.

One thesis from the earlier videos is that the E(&; ), when average market perturbations are zero, equals
the low ideal beta estimate, minus the low CAPM beta estimate, times average excess return.

E(@.|Rpy = Rp, = 0) = (BL - 311)(1?1’\4 - Tf) (12.6a)
If the market is rising then the average excess return is greater than zero.
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And therefore, the expected low CAPM alpha is greater than zero.

E(@;|Rpy = Rp; =0) >0
It didn’t work out that way for the results in 1998 — 1999, or 2008 — 2009, where the &; < 0.
A formula more realistic than (12.6a) is the ex-post version of (25.5) shown here:

E(@|Rpy) = (By — BL)(Ry — 1) + hyRpy (27.1)
The results from 1998-1999 have the following statistical components:
E(a}) = —0.232% = (B, — 0.6013)(1.052%) + h Rpy
In the usual case (B, — ;) > 0.
If the (ﬁL - [?i) = 0.24, then plugging in we get:
—0.232% = (.24)(1.052%) + h Rpy
Which leads to h; times Rp), equal to -0.4845%:
—0.4845% = h, Rpy
Using the modelling from video 24 it is expected that:
h, <0
Based on information not yet in a video, assume:
h, = —0.42

This number is somewhat arbitrary and has no specific importance other than it is below zero and in right
range.

Which leads to the average market perturbation equal to 1.154%.

—0.4845%  —0.4845%
h, —042

—0.4845% = h Rpyy —  Rpy = = 1.154%

Which means the average low h is -0.42, the average market perturbation is 1.154%, and the average
excess ideal market return is -0.102%.

h, =—042, Rpy =1154%, Ry —1r=-0.102%
For 1998-1999 this is one possible way to make the statistics fit the model.

If the difference between the low ideal beta estimate and the low CAPM beta estimate is different from
the guess made here, or h;, is different, or both, then Rp,, is also different.
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The statistical components of the results from 2008-2009 are analyzed similarly.
E(a]) = —0.026% = (f, — 0.6529)(0.360%) + h Rpy
Setting (B, — ;) = 0.24 again:
—0.026% = (.24)(0.360%) + h;Rpy,
which leads to average low h times the average market perturbation equal to -0.1124%.
—0.1124% = h,Rpy

Again using:

hL = _0.4'2
which leads to the average market perturbation equal to 0.2676%.

—0.1124% —0.1124
h, — —042

—0.1124% = h Rpyy — Rpy = = 0.2676%

Which means:
h, =—042, Rpy =0.2676%, Ry —r1r =0.0924%
For 2008-2009 this is one possible way to make the statistics fit the model.

If the difference between low ideal and CAPM betas is different from the guess made here, or h; is
different, or both, then Rpy, is different as well.

Finally, for 2014-2015 the statistics are as shown:
E(@]) = 0.348% = (B, — 0.5843)(0.158%) + h, Rpy
Setting (B, — f;) = 0.24, again:
0.348% = (.24)(0.158%) + h Rpy
Which leads to:
h.Rpy = 0.3101%

Again using:

h, = —0.42
Which leads to Rpy, = —0.7383%.

— 0.3101% 0.3101%

0.3101% = FLLRPM - RPM = EL = —0.42 = _0.7383%

Which means:
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h, = —0.42, Rpy =—0.7383%, Ry —1; =0.8963%
For 2014-2015 this is one possible way to make the statistics fit the model.

If the difference between low ideal and CAPM betas is different from the guess made here, or h;
is different, or both, then Rp,, is also different.

There is no suggestion that the results from these examples are correct. The only point is that
when the results don’t fit well with the assumption Rpy; = 0, then it is easy to find a different
assumption that will fit.

This is both a strength and a weakness. It’s a strength because of the inherent flexibility of the
model, and a weakness because it makes the model harder to falsify, if it is indeed false.
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Alpha Found Video 28

Summary and Additional Insights

Welcome.

The modeling explored in these videos places the volatility effect and other issues in a new light.

The persistent high @; s for low CAPM beta portfolios over time are likely a statistical artifact of ordinary
least squares regression rather than a true economic anomaly, while the high Sharpe ratios of low CAPM
beta portfolios are likely to be an ongoing phenomenon.

Like the capital asset pricing model, the perturbation risk model has two components: Risk and Return.

Return has two components: Ideal return and perturbation return. Risk has two components: ideal risk and
perturbation risk.

Two Sources of Return Two Sources of Risk
Ideal Return Ideal Risk
Perturbation Return Perturbation Risk

Ideal returns are pure economic fair value returns.

Perturbation returns are returns not accounted for by changes in fair value. They are expected to be zero
and are mean reverting. They are analogous to or the same as excess volatility.

In the modeling of these videos, the volatility effect occurs as a result of the distribution of perturbation
risk and how the distribution coincides or differs from the distribution of ideal risk. That is, the volatility
effect is the result of the magnitude and distribution of the perturbation risk among securities.

The definition of the volatility effect for this series of videos was given as:

Given these two expectations:

E@)=E@a;) =0 (9.4)
E(S])=E(Sy) =E(Sy) 9.5)

The volatility effect is the consistency of these two realizations in a generally rising market.

a >0>ay (9.6)
S, > 8y >S5S, 9.7)

In video 9 it was stated “To the extent that (9.6) and (9.7) can be expressed as mathematical expectations
(ex-ante) the volatility effect is resolved.”

In the perturbation risk model, inequality (9.6) has been shown to be a mathematical expectation, and
inequality (9.7) has been shown to be a practical expectation, or possibly a mathematical expectation
depending on how conditions are interpreted. (9.6) and (9.7) are realized because full condition 9 in line
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(21.9) is met, and so both parts of scenario 9 are expected.
E(a;) > 0> E(ay (21.9)
E(S]) > E(Siy) > E(Sh) 21.9)

Separating out ideal risk from perturbation risk gives many new formulas, techniques, and insights. It also
gives many new problems to investigate.

Perturbation risk itself has two components:
That which contributes to market risk or traditional systematic risk and,

That which sums to zero across all securities in each time period, called perturbation alpha,
although the component perturbation alphas do not have a zero expected value when conditioned
on a non-zero perturbation.

The components of CAPM are ', ', R}y, 037, 42, and their combinations.
The components of PRM are ap, 5, Ry, 04, Rpy, 0y, and their combinations.
There is no simple correspondence between the components of CAPM and the components of PRM.

CAPM beta now has three equivalent formulas:

! 0-1:,, 1 O'l,

Bi =5 = Pimyr (6.1)
.2 .
p| =i opiem (26.9)
M
Bioi+Ppipm /(ﬁi+E(hi))2+0ﬁi T
i = 2, 2 (26.10)
O'M+O'PM

Also, with respect to the original problem formulation, CAPM beta for the low CAPM beta portfolio has
this formula:

1 2 1
BLoM+50p1+50pLPH
B = 22 (12.21a)

oM

Here are the five possible combinations of perturbation attributes.

Table 28.1
Five Possible Combinations of Perturbations Attributes
Perturbation attributes Equivalent Attributes of h;
1. RPMt =0 Op; = O, Ppipm = undefined hit = O, O-’%i =0 (281)
2. Rpme#0  op; =Piopy  Pripm =1 hy =0, O-i%i =0 (28.2)
3. Rpye#0  0p; # Biopy Pripm =1 E(hy) # 0, O-i%i =0 (28.3)
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4. Rpyt #0 o0p; = Biopy  ppipm # 1 E(hy) =0, Ur%i #0 (28.4)
5. Rpye #0  0p; # Biopy Pripm # 1 E(hy) # 0, O-i%i #0 (28.5)
Combination 2 is note 6 in video 22.
Combination 3 has non-zero alpha but no idiosyncratic risk.

Combination 5 is the real world.

There are many places in the videos where lesser problems were left unresolved, details were skipped, or
some problems were even completely unmentioned.

For instance, in video 9, the structure of correlation in beta deciles is almost surely correct, but a proof
was not pursued. An analysis of this and related issues can be found in videos 30 and 31.

Sometimes the algebraic development of an equation was left out because it seemed to be a distraction
from more important points.

One unmentioned aspect is the fact that although the low CAPM beta is lower than the high CAPM beta,
it is not necessarily the case that the low ideal beta, associated with the low CAPM beta portfolio, is lower
than the high ideal beta, associated with the high CAPM beta portfolio. The order can be reversed.

Here are some additional areas in need of further development:

1. At a practical level, what are the implications of the perturbation risk model for short selling,
diversification, and short term versus long term investment strategies?

Different investment strategies result from having different investment time frames. Different time
frames may well put investors at odds with each other, with some investors seeking negative 4 and
others seeking positive 4. A long-term investor would seek to minimize /4 in order to maximize
geometric return. A single time frame investor might seek a high /4 if high market returns are
anticipated, or seek a low /4 if negative market returns are anticipated, or perhaps use short selling or
exit the market if investment policy allows such a response when low returns are anticipated.

The existence of “high 4 investors could create a self-fulfilling result as each investor tries to beat
the other investors in to or out of the door. This could influence institutional pressure on managers of
mutual funds who seek impressive short-term results.

So, this is one area in need of further development. Here are some additional areas also in need of
development.

2. The backward PRM for an individual stock is lacking.

3. The estimation method for ideal beta needs to be improved.

4. The causes of the magnitude of the perturbations should be developed.

5. The methods to estimate the magnitude of excess volatility needs improvement.

6. What are the implications of the perturbation risk model for metrics such as tracking error?
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7. It’s clear in the perturbation risk model that the market portfolio is not on the efficient frontier.
What does the Capital Market Line look like in the perturbation risk model, and what does it
mean for efficient market theory?

8. Is the equality of Sharpe ratios the best meaning of market efficiency in the PRM?

9. The zero-beta portfolio should be reexamined because current methods likely have some residual
ideal systematic risk.

10. What are the implications for the PRM if the variables of ideal return and perturbation return are
non-normal, perhaps log-normal? Returns would then be the sum of two log-normal random
variables, perhaps correlated log-normal random variables. The mathematics is no longer so
straightforward, but perhaps more realistic.

11. What are the broader implications for OLS if the independent variable is the sum of two random
variables that cannot be easily separated such as signal plus accumulated noise?

Many things have been left unexplored; I have not intended to answer every question, but only lay out the
main arguments.

I think I’II stop here.
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Alpha Found Video 29

Missing Algebra

Welcome back to an unplanned episode of Alpha Found.

Several times in video 24, I used the words “with algebra” or “with simple algebra,” etc. without showing
steps, since many of the steps are not obvious, I thought it would be best to fill in the details. Also, there
are two additional identities, one of which was left out of video 24 because I felt it was time consuming

and irrelevant. Now I think it’s a mistake to leave it out. It’s not irrelevant.

We’ll begin with some simple algebra to solve for correlation. Recall identity (24.3):

4= ((Bn +Eq)" +02,) + (B + EG0)’ + F,)

2 2
+2pPL,PH\/((.BH + E(hH)) + U}%H) ((ﬂL + E(hL)) + U}%L) (24.3)
By moving some terms from the right-hand side to the left-hand side we get:

4= ((Bu+ )"+ 0, )+ (B + E) + o)

= 2ppL,pHJ ((Bu + E))” +02,) ((BL + E(hy))* + 02,
If we divide both sides by everything remaining on the right-hand side except for correlation:
4 — (((BH +E(hy)” + a,%H) + ((BL +E(hy)) + a,%L))
2 J((ﬂH +E(y)” + a,%H) ((ﬁL +E(h))" + a,%L)

PpPLPH =

This was an intermediate step in video 24. Then I skipped to the conclusion.

Let’s pause for a moment and go back to identity (24.3):

4= ((Bu+EGu) +08,) + (B +EG)) + 07,

2 2
+2pPL,PH\/((,BH +E(hy))” + GfH) ((ﬁL +E(h))" + GﬁL) (24.3)
Since the sum of the low and high ideal betas equals 2, then the sum of the ideal betas squared equals 4.

B+ Bu)* =4

Recall that the sum of the expected #4s is zero. Then we can add zero to the above equation in the form
expected low #/ plus expected high 4.

E(h) + E(hy) =0 (22.5)
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((B+E) + (Bu + E(hH)))Z =4
Expanding the terms in the square gives:
(B + E(h))* +2(BL + E(h)(By + E(hi)) + (B + E(hy))’ = 4 (29.1)
Substituting (29.1) into the formula for correlation:
4— (((ﬁH +E(hy) + a,%H) + ((ﬁL +E(hy)) + a,%L))
2 \/((/3,, +E(hy)” + a,%H) ((ﬂL +E(h)) + a,%L)

PpLpH =

gives us:
PpPLPH =

(ﬁL + E(hL))z + Z(ﬁL + E(hL))(BH + E(hH)) + (,BH + E(hH))z - (((,BH + E(hH))z + U}%H) + ((ﬁL + E(hL))z + Uli))

The parts in red cancel, and then canceling the 2s from the numerator and the denominator leaves us with
(24.4):

(BL +E(hL))(BH+E(hH))—O'}21H

((BH+E(hH))2+o,le)((/3L+E(hL))2+o,21L)

(24.4)

PpLpPH = J

If we go back to (29.1) and substitute it into (24.3), then we get another large mess:

(ﬁL + E(hL))z + Z(ﬁL + E(hL))(BH + E(hH)) + (.BH + E(hH))z =

((ﬁH + E(hh'))z + 013,,) + ((.BL + E(hL))z + U}%L) + ZPPL,PHJ((ﬁH + E(hH))Z + 013,,) ((ﬁL + E(hL))Z + U;fL)

We can subtract the parts in red from both sides and get:

Z(ﬁL + E(hL))(ﬁH + E(hH)) = ZUﬁL + ZpPL,PH\/((:BH + E(hH))z + U}%H) ((ﬁL + E(hL))z + U}%L)

Then divide both sides by 2:

(B + E(hy)) (B + E(hi)) = of, + ppL,ij ((Bu + E())’ +02,) (B +E()’ +02,)  (292)

(29.2) is an identity that holds regardless of which scenario or condition we are in.
To find out what it means will require some algebra and an example. First the algebra.

Recall that by definition, if correlation between perturbations equals 1, then the o7 = 0. Plugging these
values into (29.2) gives us.
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(.BL + E(hL))(.BH + E(hH)) =0+ 1\/((.BH + E(hH))z + 0) ((.BL + E(hL))z + 0)

- (e 50)) (0 7 500

= (B, + E(h)(By + E(hy)) v

The algebra works out when correlation equals 1.
Now for an involved example.

First, we need more algebra and then a prediction. Recall that in example 13.1, correlation between
perturbations was set to zero. Which means (from 29.2)

(B + E ) (B + E ) = o7, + 0 [((8 + EG)’ + 07, ) (8 + B +0,)

(.BL + E(hL))(ﬂH + E(hH)) = O_i%L
The prediction is that once we derive E (hy ), we will know the g. It will take some work to get there.

From example 13.1 we have the following parameters:

BL = 05 BH = 15
Opyw = 8.49837%  op, = 3.333% opy = 16.666%

And as a needed reference, here is (23.2a) and (23.2b):
2
OfL = Opu ((ﬁL +E(h)) + Ur%L) (23.2a)

otn = opu ((Bu + Eh))” + of,,) (23.20)

These equations will be solved simultaneously to give us E(hy) and o?.

First, we plug in all known parameter values:

0.00111 = 0.00722222 ((0.5 +E(h))" + a,%L)
0.02777 = 0.00722222 (1.5 + E(hy))” + o2,

Divide both sides of both equations by 0.00722222, and multiply the terms within the parenthesis:

0.15384613 = 0.25 + 1E(h,) + (E(hy))” + o2,
3.84615388 = 2.25 + 3E (hy) + (E(hy))” + o,

Move all the constant terms to the left-hand side:
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~0.09615387 = 1E(h,) + (E(h,))” + o2,
1.59615388 = 3E (hy) + (E(hy))” + o,

Since E(h;) = —E(hy), then by subtracting the first equation from the second we get:

1692307749 = 4E (hy)
E(hy) = 0423076937 - (E(hy))” = 0.1789941

E(h,) = —0.423076937 - (E(hL))2 = 0.1789941

We can solve for a5, = af;,, by plugging E (h,) into equation (23.2a):

ob, = abu (B + E(h)” + o) (23.2a)
0.001111 = 0.00722222((0.5 — 0.4230769)* + aj;, )
op, = op, = 0.147928.
Now we need to test this result by plugging E (h;) into (29.2):

(BL + E(h))(By + E(hy)) = (0.5 —0.42307)(1.5 +.42307) = 0.147928

(B + E(h))(By + E(hy)) = 0.147928 = of, = o}, \/

H

Identity (29.2) checks algebraically and numerically.

The same technique will work for the backward model as well.

Using the estimates for 8, and B used in the construction of Table 21.2:
B, = 0.943391 By = 1.056609

The estimated forms of equations (23.2a) and (23.2b) are below as equations (29.3a) and (29.3b) and can
be solved simultaneously to give us Table 29.1, which is an extension of Table 21.2.

63, = 63w ((Bu + hu)" +82,) (29.3a)

68 = 63w ((Bu + k) +62,) (29.3b)
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Table 29.1
Estimated /4 and Variance of / for Realized Market Data
January 2015 — December 2019

OpLPH op1 Opn PprLpH Opm hy
1 0.00118 0.00027 0.00520 1.00000 0.00196 0.57295
2 0.00129 0.00037 0.00532 0.92417 0.00207 0.54221
3 0.00140 0.00047 0.00545 0.88049 0.00218 0.51460
4  0.00151 0.00056 0.00557 0.85324 0.00229 0.48967
5 0.00162 0.00066 0.00569 0.83549 0.00240 0.46704
6 0.00173 0.00076 0.00582 0.82368 0.00251 0.44641
7 0.00185 0.00086 0.00594 0.81579 0.00262 0.42752
& 0.00196 0.00096 0.00606 0.81059 0.00273 0.41017
9 0.00207 0.00106 0.00619 0.80731 0.00285 0.39417
10 0.00218 0.00116 0.00631 0.80541 0.00296 0.37938

11 0.00229 0.00126 0.00644 0.80452 0.00307 0.36565

G
0.00000
0.01667
0.03003
0.04078
0.04947
0.05649
0.06217
0.06677
0.07047
0.07344
0.07580

In video 24 it was claimed that inequality (23.8) was algebraically equivalent to inequality (24.5):

((ﬁH+E(hH))Z+a,ZlH) ZPPL,PH\/((ﬁH"'E(hH))Z‘l'O'}ZlH) BY 2By
(O O N (R L

L d

(B + E(hy))* + 0f, < B?

This is not obvious. The first step is to substitute correlation from (24.4) into (23.8). That is this:

(BL+E(hL)(Bu+E(hm)=0df,,

PpLPH = 5 5
\/((ﬁH+E(hH)) +0'}21H)((ﬁL+E(hL)) +”’21L)
into this:
((ﬁH+E(hH))Z+aﬁH) ZPPL,PH\/((ﬁH"'E(hH))Z‘l'O'}ZlH) B | 2By
((BL+ERL)* +0F,) () B B
Which leads to:

((Bu +Ehi)* + o2, L ((BL + E)) (B + E(h)) — 02, j (B + Eui))" + 02, P

(b +EROY 4 0) (g + B + ) (5. + B+ 07,) J((8+ ) +7) H
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The parts in red cancel, and the parts in blue multiply to remove the square root:

((Bu+EQu)* +02,) 2((B+EMR))(Bu +ER)) —0,) B2 28,
2 + 2 5 -
((8+E)) +02,) (B, + E()) +02) B B

The denominator of both terms on the left-hand side is the same, and so the numerators can be combined.
Also, on the right-hand side, the numerators can be combined over a new common denominator.

((.BH + E(hy))z + GﬁH) +2 ((3L + E(hy))(Bu + E(hy)) — O_i%H) S Bz + 2BupL
(B +E)* + a2, B

Next, the o terms are combined on the left, and the S, is factored out on the right:

(B + EGY) +2 (B0 + EGW) B + EG))) = 0y 6B +260)
2

(B +E()* + 0, B

The left-hand side gets factored and the right-hand side gets rearranged:

(Bu + E(hy)) ((ﬁH +E(hy)) +2(B, + E(hL))) — 0y S B2+ BL)
((B+E))" +02,) B?

Since E(h;) = —E (hy), the left-hand side can be combined and rearranged, and the right-hand side gets
rearranged as well:

(Bu + E(hi)) (2 + (B, + E(h1))) — 0, 2=+ A
((B + E(h))* +07,)) pt

Again, since E(h;) = —E (hy), the left-hand side can be rearranged, and the right-hand side becomes the
difference of two squares:

(2= (8 + EG)) (2+ (B + EO)) ~ ok, 4z
((ﬁL +E(hy))” + a,%L) BL

Multiplying out the numerator of the left-hand side gives us the difference of two squares plus an extra
term:

4— (B, +E(h)) —op, 4—p?
((B.+EMm) +02,) ~ B

If we multiply through by the denominator of both sides we get:
2 2 2
4Bf — BL(BL + E(hy))” — Bioi, > 4(BL + E(hy))" +4af, — BL(BL + E(hy)” — Biof,
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The parts in red can be subtracted from both sides, then we divide through by four:

2
4Bf > 4(B, + E(hy))" + 407, -

2
Bt > (B +E(h))" +of,

Which gives us (24.5).

It has now been shown that (23.8) is equivalent to (24.5).

This concludes this video.
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Alpha Found Video 30
Closing the Open Problem from Video 9, part 1

Welcome to the overdue part 30 of Alpha Found.
It’s possible that everything in this video has been said before by others, but if so, | am unaware of it.

This video is off the main path from the other videos, but there is a problem leftover from video 9 in need
of a solution. In the ninth video of this series, it was proved that if an index is broken into two equal-
weight halves, the correlation of the high CAPM beta portfolio is necessarily higher than the correlation
of the low CAPM beta portfolio.

Py < Pum 9.8

Then it was observed that in at least two studies (and very likely many others) that the correlation of each
high CAPM beta decile was higher than the correlation of the symmetric low CAPM beta decile, as seen
here:

6th vs 5th 0.9728 - 0.9455 0.02723 In 5 of 5 cases the correlation of the
7th vs 4th 0.9595 - 0.9249 0.03459 higher B' decile is higher than the
8th vs 3rd 0.9583 - 0.9105 0.04774 correlation of the symmetric decile.

9th vs 2nd 0.9213 - 0.8737 0.04756
10th vs 1st 0.8292 - 0.6413 0.18798

6th vs 5th 0.9635 - 0.9564 0.00709 In 5 of 5 cases the correlation of the
7th vs 4th 0.9763 - 0.9630 0.01330 higher B' decile is higher than the
8th vs 3rd 0.9703 - 0.9503 0.01997 correlation of the symmetric decile.

9th vs 2nd 0.9525 - 0.9120 0.04056
10th vs 1st 0.9085 - 0.9032 0.00531

6th vs 5th 0.9834 - 0.9800 0.00341 In 5 of 5 cases the correlation of the
7th vs 4th 0.9823 - 0.9734 0.00894 higher B' decile is higher than the
8th vs 3rd 0.9773 - 0.9543 0.02294 correlation of the symmetric decile.

9th vs 2nd 0.9600 - 0.9317 0.02830
10th vs 1st 0.9252 - 0.8628 0.06232
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And here:

6th vs 5th 0.9915 - 0.9833 = 0.00820 In 5 of 5 cases the correlation of the higher 8 decile is
7th vs 4th 0.9914 - 0.9851 0.00630 higher than the correlation of the symmetric decile.
8th vs 3rd 0.9882 - 0.9793 0.00890

9th vs 2nd 0.9875 - 0.9560 0.03150

10th vs 1st 0.9625 - 0.8981 0.06440

6th vs 5th 0.9948 - 0.9835 0.01123 In 5 of 5 cases the correlation of the higher  decile is
7th vs 4th 0.9940 - 0.9876 0.00644 higher than the correlation of the symmetric decile.
8th vs 3rd 0.9900 - 0.9842 0.00584

9th vs 2nd 0.9901 - 0.9643 0.02576

10th vs 1st 0.9042 - 0.9042 = 0.07283

6th vs 5th 0.9791 - 0.9854 = In 4 of 5 cases the correlation of the higher B decile is
7th vs 4th 0.9822 - 0.9756 0.00666 higher than the correlation of the symmetric decile.
8th vs 3rd 0.9828 - 0.9695 0.01329 It would not be surprising to find the reported f§ or
9th vs 2nd 0.9791 - 0.9405 0.03858 standard deviation of decile 5 or 6 is an error, given
10th vs 1st 0.9019 - 0.8956 0.00637 the difference in correlations is negative.

6th vs 5th 0.9875 - 0.9824 = 0.00515 In 5 of 5 cases the correlation of the higher 8 decile is
7th vs 4th 0.9858 - 0.9801 0.00571 higher than the correlation of the symmetric decile.
8th vs 3rd 0.9843 - 0.9689 = 0.01534

9th vs 2nd 0.9774 - 0.9394 = 0.03809

10th vs 1st 0.9639 - 0.8705 = 0.09337

6th vs 5th 0.9915 - 0.9833 = 0.00820 In 5 of 5 cases the correlation of the higher § decile is
7th vs 4th 0.9914 - 0.9851 0.00630 higher than the correlation of the symmetric decile.
8th vs 3rd 0.9882 - 0.9793 0.00890

9th vs 2nd 0.9875 - 0.9560 0.03150

10th vs 1st 0.9625 - 0.8981 0.06440

There was one exception in the second time period of the paper by Black, Jensen, and Scholes, for the
fifth and sixth deciles.

In this and the next video we pursue the relationship between the correlations of the CAPM beta deciles
further.
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It turns out the observed relationship is not just a happy coincidence. It will likely exist for symmetric
deciles as it does for halves. In retrospect, it should have been obvious.

The mathematics will be a little more formal than in prior videos, so this is a half-step up in
sophistication.

Recall equation (9.9):

| (R -(Rry)

i,M , 2
g _
2?=1((Rm—rf)+3‘—f—(R£4—rf)>
2

(9.9)

This could have been simplified further, which I didn’t do originally because I thought the equation as
presented was more intuitive than the simpler alternative. To simplify further, the risk-free rate of return
is a constant that is both added in and subtracted out and so it drops out altogether, leaving us with line
(30.1):

. yT_ (R. —R! 2
pi,M — t 1( Mt, M) 5 (301)

i 1(RMt+BI EM)

Where the subscript i tells us which security we are talking about, and the subscript # tells us what time
period we are talking about.

If we expand the denominator we get a mess:

NG 2 N 2 "
ZT <R’ +i_§r > =ZT er +<€i,t> +§’2 + 2R! ﬂ_zglt 51 —2R! R
t=1 Mt B\l, M t=1 Mt BA{ Mt Mt ﬁA’ BA MtTM

L l

Which when rearranged results in a smaller mess:

T 2 éL{,t ? =2 éi’.t ’ o/ 1 D
= § RMt + _[;,, + RMt +2 ? (RMt - RM) — 2Ry Ry
t=1 ! !

l 2

When summed, the part in red will sum to zero and drop out, and if the terms are rearranged, again, we
get a still smaller mess:

Al

T , _ " £l 2
= Z (R,ét — 2Ry Ry + Ryge + (i> )
t=1 ,Bi
The first three terms from the left can be simplified further, and the summation can be distributed to give:

=Zt_ (Rie — Rj)? +Zt 1</3 )2

When this new arrangement is placed back into line (30.1) we get:
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= 2
Zi=1(Rue—Ry)

~
T s \2 T [fit
Xi=1(Rye—Ry) +Zt=1<7>
L

Pim = 2 (30.2)

Notice that the first summation on the left of the denominator is identical to the numerator, and will have
the same value in any correlation calculation for every security or portfolio contained within the index
over the same time period. Therefore, the difference in correlations between securities or portfolios comes
down to the difference between the value of the right-hand summation in the denominator:

T /8 \?
> <i> (30.3)
t=1 \ 5}
The larger the value of (30.3), the lower the correlation.

With this, we have sufficient information to explain the pattern of differences in correlations of the
symmetric deciles. However, a better foundation for the explanation will lead to a deeper understanding,
so [ am going to take the better foundation route.

In regression, the sum of the residuals across all time periods for each portfolio or security is 0, as shown:

T ’
Z Er=0=¢; (30.4)

t=1

Also, in regression, when the independent variable is a stock index, as in the context of CAPM, with
alpha, there is an additional sum of residuals that sums to 0.

n
Z- Wil =0 (30.5)
"

Note here that the index of the summation is i not ¢.
That is, the weighted sum of the residuals in any given time period across all securities or all mutually
exclusive and exhaustive portfolios comprising an index, is zero. This was said verbally and less formally
in the discussion of line (9.2):

Gefy = 0if = 64 9.2)

In the two portfolio market that has been used throughout these videos, each portfolio is equally weighted
at 50% each.

Therefore, in any given time period ¢, the sum of the two residuals is zero:
Al Al
SL,t + SH,t - 0
€L =—&is (30.6)
We can take the absolute value of both sides of equation 30.6:

I

|é1e] = |éhe] (30.7)
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The equation in line (30.7) should be easier to work with than line (30.6), as long as we remember that the
residuals of each of the two portfolios in each time period have opposite signs.

Since the magnitude of the residuals varies from one time period to next, but in each time period the
magnitude of the residual is the same for each of the two portfolios, then the idiosyncratic risk is the same
for each of the two portfolios:

Gify = 64 = 6 2)

Where idiosyncratic risk is the sum of the squared residuals divided by their degrees of freedom:

o N2 A2
~12 5"2 — Zz=1(€£,t_£i) — ZZ=1(51{,t)

Ogn = Ogl, n—2 2 (30.8)
In this case, i equals L or H.
Since the absolute value of the residuals is equal in each time period:
|&1e] = |&he (30.7)
And since by definition the low CAPM beta is less than the high CAPM beta:
BL < B (30.9)
then the reciprocal of the low CAPM beta is greater than the reciprocal of the high CAPM beta:
1 1
= > 30.10
ﬁL ﬁH ( )
Therefore, the absolute value of the residuals divided by their respective CAPM beta have this
relationship:
Bo , e (30.11)

BL Bh
This is true for all ¢.

Which tells us immediately that the sum of squared residuals divided by their respective CAPM beta has
the relationship found here, in line (30.12):

T é\l 2 T é\l 2
z ( f'f) > z < ’”) (30.12)
t=1 t=1\ By

L

Plugging each piece of (30.12) into the denominator of (30.2), (the formula for correlation), gives us:

— 2 = 2
21 (Rue—R) 21 (Rue—Ry)
2

N 1
T ’ =r\2 , or [°Lt T / =1 \2,vT [8Ht
Si=1(Rye—Ru) +Zt=1<73—2) Yieq(Rye—Ru) +Zt=1<_l§;_1

- (30.13)

Which means the correlation of the low CAPM portfolio is less than the correlation of the high CAPM
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beta portfolio:
PLm < Pum
The conclusion in (9.8) was derived more simply in the 9 video.

Let’s look more closely at line (30.7):

Al _lar
|5L,t = |5H,t
which when expanded looks like this:
|Ar +Ar _l_A/ +AI +AI |_|AI +AI +AI +AI +AI
E1t T2 T E3¢ T E4r T E5| = €6t TE7t TEGt T Eqr T €10t
And inequality (30.11):
Al Al
|5L,t| |£H,t|
BL Bi
can be expanded also:
Al al ~l al ~l Al PN Al ~l ~l
|51,t+52,t+33,t+34,t+35,t| |56,t+57,t+58,t+39,t+310,t|
B1+B3+Bi+Ba+BE Be+B7+Bg+Bs+B1o

Both sides of (30.14), as well as the numerator and denominator of both sides of (30.15) should be

divided by 5 to account for the equal weight contribution of the pieces.
However, those fives immediately cancel, leaving us with what is on the screen.

The constituent parts of line (30.14) have some freedom to vary.

(9.8)

(30.7)

(30.14)

(30.11)

(30.15)

That is, the symmetric component residuals of line (30.14) do not have to have equal magnitude as their

sum does, although they could have equal magnitude:
|61 # €10 [&2el # [Eoels oo o [E5e] # |é6e]
More generally this can be written as:
€] # 1810 -nel forl<i<5
What happens if both sides of line (30.16) are divided by their respective CAPM beta?

|2 - et -n.e]

7 a7 for 1 <i< 5
Bi Bio (i-1)

A first glance it might not appear that we have gained anything, yet we have.

Since by definition the betas have this order:
P1 <Pz < < By < Pio
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then the reciprocals have this order:

|~

> > (30.19)

-
R~
-
=

(=

For a CAPM beta less than 1, the absolute value of the residual divided by beta is greater than the residual
itself:

[2i.c]

o~

> |4, for1<i<5 (30.20a)

™

I
i

Furthermore, for a CAPM beta greater than 1, the absolute value of the residual divided by beta is less
than the absolute value of the residual:

|£}°(—‘1”| <&l -1 for1<i<5 (30.20b)
Bio (i-1) !

In decile portfolios, it’s safe the assume that there is a reasonable amount of diversification, though not
complete diversification.

With this in mind, in light of line (30.14):
|61c+ &5 + &5+ 80+ é0,| =66 + &0+ g + €5 + 10| (30.14)
and in light of lines (30.20a) - (30.20b), there is a tendency for the relationship below to hold:

fetel ., [£i0 o-nd] for1<i<5 (30.21)

Bi Bio—(i-1)
The magnitude of the residuals of the symmetric deciles are roughly equal in each time period. There is
no obvious reason to think that any one residual magnitude of line (30.14) is greater than or less than its
symmetric residual magnitude, except in the 15t and 10" deciles.

This will be discussed in the next video.

Dividing the residual of the lower CAPM beta decile by a number less than 1 (the lower CAPM beta), and
dividing the residual of the higher CAPM beta decile by a number greater than one (the higher CAPM
beta) leads to the left-hand side of (30.21) being more likely than not to exceed the right-hand side. The
result is a tendency, not a certainty, for each pair of observations. (By the way, it is possible that the 6™
decile has a CAPM beta less than 1.)

Since for individual pairs of observations this is more likely than not to be true, then it is even more likely
to be true for the sum of squared observations across time.

That is, there is a strong tendency for the sum of squared residuals divided by their low CAPM beta
squared to exceed the sum of squared residuals divided by the high CAPM beta squared:

A1 N\ 2 N 2
T (2) ST, (u) for1<i<5 (30.22)
B; Bio (i-1)

(compare to (30.12))
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If both sides of (30.22) are divided (n-2):

2 N
1 &
() 28

n-2

2

1 2 (@;o (i-1) t)z
> (A, - ) {:1% for1<i<5 (30.23)
Bio—(i-1) n-2

Then by line (30.8) we get:

ety _ Betio—(i-1)

Bi* T Bio-g-n

for1<i<5 (30.24)

Or equivalently by multiplying both sides by the CAPM beta on the right-hand side:

B! 2
10—(i—1) PN/ Al2
( Al ) G:) > 6o (i-1)

(30.25)

By construction, the tendency for (30.22) - (30.25) to be true is made stronger or weaker according to this
ordering:

|"%)
O~
®~
B
A~

'Q)l"%)

4
10> >

'Q)l"%)

>

m>|‘m>

N

>

'Q)l"%)

>1 (30.26)

N~
w~
U~

)
e

That is, the further the symmetric decile pairs are from the center, the more likely the inequalities of lines
(30.22) - (30.25) are satisfied, subject to the constraints of lines (30.14) and (30.15) in each time period:

A Al Al Al Al — |ar Al Al Al ol
|‘91.t té et et gt 55,t| = |56,t +&7:+ &+ Egr t+ 510,t| (30.14)
N PNJ Al N Al ! ~l ~l Al Al
|81,6+85,0+85 +84+85e| |86, +87,0+85c+E0 +E 10| (30.15)
Dl p! L p! ! ! Dl p! L p! L pl! Pl M
B1+B2+B3+L4+8s Bet+B7+Bg+BotP1o

To summarize, there is a strong tendency for the correlation of the low CAPM beta decile to be lower
than the correlation of the symmetric high CAPM beta decile.

Pim < Plo—(i-1)M for1<i<5 (30.27)

I want to end this video with a useful note on equation (30.2):

S (Riae=Ri)”

2(Rire-i)*+5( 3

i

Pim = z (30.2)

Recall equation (9.10):

L (9.10)

If we square both sides:
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AI2 ~12
p\lz _ i O-M
iIM ™ A

al-’z

And then expand the denominator of the right-hand side we get:

BI12A12

__ Bi"oy
DBI2A12 , A2
oMo

Then canceling CAPM beta gives:

By taking the square root of both sides, we get line (30.28):

R o1
Pim = M (30.28)
~12 £ (i)
oM+
i

More fully, (30.2) is equivalent to (30.28):

A ~12
e Ry) = n (30.29)

—\2 \? ~
Z(Rlll/[t_Rll\l) +2 _ft/ JI,V%+ )
B B;

I _
Pim =

In the next video these formulas and others will be applied to the data from Blitz and Van Vliet, and also
from Black, Jensen, and Scholes.

Then we move forward from analyzing symmetric deciles to analyzing consecutive deciles.

Copyright 2022, 2024, 2025 Alpha Found



Alpha Found Video 31
Closing the Open Problem from Video 9, part 2

Welcome once more to Alpha Found part 31.

In this video, the formulas of the last video are applied to the data from Blitz and Van Vliet, and
also to the data from Black, Jensen, and Scholes. Which means there are several tables of
statistics.

After we finish analyzing the relationship between correlations of symmetric deciles, we turn our
attention to consecutive deciles.

To begin, we need idiosyncratic risk for each decile for each grouping, from each of the two studies.

Since variance of a decile equals CAPM beta squared times market variance plus idiosyncratic
variance:

Then idiosyncratic risk is calculated in this manner:
Setn = 81" = Bi*6if (31.1)

Using line (31.1), here in Table 31.1 are the estimates of idiosyncratic risk for Blitz and Van
Vliet, and for Black, Jensen, and Scholes.

1 2 3 4 5 6 7 8 9 10
US Market 0.00848 0.00444 0.00405 0.00365 0.00306 0.00150 0.00257 0.00350 0.01007 0.04162
European Market 0.00283 0.00339 0.00221 0.00207 0.00252 0.00227 0.00169 0.00239 0.00521 0.01438
Japanese Market 0.00590 0.00428 0.00343 0.00212 0.00183 0.00164 0.00189 0.00288 0.00576 0.01569

1 2 3 4 5 6 7 8 9 10
Subperiod 1 0.00132 0.00074 0.00046 0.00047 0.00072 0.00031 0.00042 0.00081 0.00100 0.00285
Subperiod 2 0.00030 0.00022 0.00015 0.00013 0.00010 0.00016 0.00017 0.00020 0.00029 0.00263
Subperiod 3 0.00010 0.00008 0.00005 0.00005 0.00005 0.00004 0.00005 0.00006 0.00011 0.00024
Subperiod 4 0.00012 0.00012 0.00007 0.00005 0.00006 0.00005 0.00007 0.00006 0.00010 0.00023

There is not much interesting to see in Table 31.1, except to note that the 1% and 10™ deciles of
each grouping tend to have higher idiosyncratic risk than the middle 8 deciles.

Recall from the last video that the difference in correlation between any two securities or
portfolios comes down to the value of line (30.3):
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&\
T it
-1 |=r 30.3
=t (B{ ) (09
Where the larger the value of (30.3), the lower the correlation.

If we divide the values of Table 31.1 by the square of their respective CAPM betas, as seen in
line (31.2):

! 2
6,21' 1 e
i X (—) (312)

i n-

We get Table 31.2:

1 2 3 4 5 6 7 8 9 10
US Market 0.04187 0.00906 0.00603 0.00494 0.00347 0.00166 0.00252 0.00260 0.00521 0.01328
European Market 0.00691 0.00620 0.00328 0.00240 0.00286 0.00237 0.00150 0.00190 0.00313 0.00648
Japanese Market 0.01587 0.00703 0.00453 0.00256 0.00191 0.00157 0.00168 0.00218 0.00394 0.00778

1 2 3 4 5 6 7 8 9 10
Subperiod 1 0.00562 0.00190 0.00082 0.00064 0.00085 0.00027 0.00030 0.00051 0.00051 0.00120
Subperiod 2 0.00096 0.00051 0.00025 0.00020 0.00012 0.00017 0.00014 0.00014 0.00017 0.00089
Subperiod 3 0.00042 0.00018 0.00009 0.00005 0.00005 0.00003 0.00004 0.00004 0.00006 0.00010
Subperiod 4 0.00032 0.00026 0.00011 0.00007 0.00007 0.00005 0.00006 0.00004 0.00006 0.00011

Visual inspection will confirm that each entry follows the pattern found in line (30.24), with the
one exception in the 5™ and 6™ deciles of the second time period of BJS:

5'2. /2 ;
f,(zl) S el (1120 (i-1)) (30.24)
i Bio -1

Rather than perform a visual inspection, we can subtract out the right-hand side of line (30.24),
which will net out the differences. The result is this inequality:

62\ 2 ' . 2
("i&‘)) Y NI CLUNGE) ) I for1<i<5 (31.3)
Bi Bio (i-1)

Line (31.3) is the mathematical foundation for the observed relationship between correlations of
symmetric deciles.

Here is Table 31.3, with the results from line (31.3) for each grouping of each study.
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1st-10th 2nd-9th 3rd-8th 4th-7th 5th-6th
US Market 0.02859 0.00385 0.00181 0.00242 0.00181
European Market 0.00044 0.00307 0.00049 0.00089 0.00049
Japanese Market 0.00808 0.00309 0.00033 0.00088 0.00033

1st-10th 2nd-9th 3rd-8th 4th-Tth 5th-6th
Subperiod 1 0.00442 0.00139 0.00031 0.00033 0.00058
Subperiod 2 0.00007 0.00034 0.00011 0.00006 -0.00005
Subperiod 3 0.00032 0.00011 0.00004 0.00002 0.00001
Subperiod 4 0.00021 0.00020 0.00007 0.00001 0.00002

Line (31.3) holds for every entry of Table 31.3 but one, the 5™ and 6™ deciles of the second time
period of BJS, the only entry with a negative value.

Positive entries mean that a higher CAPM beta decile has a higher correlation than the
symmetric lower CAPM beta decile:

Pim < Pio (-1 for1<i<5 (30.27)

With this we understand why the relationship between the correlations of symmetric deciles
appear as they do.

By following similar reasoning, it can be said that to a lesser degree, there is a tendency for
consecutive higher deciles to have increasing correlation:

Pim < Pivim for1<i<9 (31.4)
Since by definition the CAPM betas of the deciles have this order:
PL< Py <+ <Ps<Pio (30.18)

And therefore, the reciprocals of the CAPM betas will have this order:

1 1 1 1
LR O B 30.19
BB Bs ~ Bio G019

Then there should be a tendency for the absolute value of the residuals divided by their
respective CAPM betas to have this relationship:

Eiel o [Biaael

! Il
B; Biy1

for1<i<9 (31.5)

and
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2.\ AP
> (ﬁ—) > (ﬁ) (31.6)
(Compare to lines (30.12) and (30.22).)

Given line (31.6), it might be expected for the correlations of portfolios grouped by CAPM beta
deciles to be strictly increasing with CAPM beta. That is, all things being equal, higher CAPM
beta deciles are expected to have a higher correlation than the next lower decile, and this is
expected to happen monotonically. Additionally, there should be a tendency for this pattern to be
true even for individual securities.

However, when the nature of random variation in data is taken into account, all things are not
equal. For each of the 8 middle deciles, the range of CAPM betas within the deciles is narrow, as
is the range of idiosyncratic risk between deciles.

However, for the 1% and 10" deciles, the range of CAPM betas is broader because those deciles
catch the extreme CAPM beta estimates, along with extreme idiosyncratic risk estimates. These
facts are reflected in the correlation terms of those deciles. In other words, correlation is
expected to be positively correlated with CAPM beta, with a stronger association in the middle 8
deciles since most of the extreme observations have been filtered into the 1% and 10" deciles.

Let me take a moment to explain this. It is economically difficult to generate a CAPM beta that
is less than zero, which would be in the first decile. And if less than zero, not by much.

For a CAPM beta to be less than zero, then the economics of the underlying company must be
such that when the economy is good the stock goes down, and when the economy is bad, the
stock goes up. This is unlikely. More likely, a CAPM beta less than zero would be the result of a
statistical anomaly, outliers in the data.

On the other hand, it is easier to generate a CAPM beta greater than 2, which would be in the
10™ decile. A CAPM beta above 2 can come from both outliers in the data, and from companies
whose underlying price dynamics are highly sensitive to market swings.

Zero and 2 are equidistant from the average CAPM beta of 1.

The cross section of estimated CAPM betas is not distributed normally, uniformly, or even
symmetrically. The distribution is skewed right.

To make a less obvious point, if the highest CAPM betas are “really high,” the average CAPM
beta remains 1. Which means the low CAPM betas must be low.

I don’t want to get lost in the details, however, the low CAPM betas are not simply generically
lower, they cluster around 0. If a market index has a large number of stocks with extremely high
CAPM betas, then the clustering will increase. If those high CAPM beta securities are removed
from the data for some reason, such as a data integrity issue, counterintuitively, the CAPM betas
less than zero will move further away from zero in the negative direction.

Furthermore, since the average CAPM beta will still be 1, then the remaining betas must have
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moved up to maintain the average. The point is that the 1 and 10" deciles collect the extreme
observations of both CAPM beta and idiosyncratic risk.

Looking at Table 31.1 again, we can see that the 10" decile has the largest idiosyncratic risk, and
the 1% decile usually has the second highest idiosyncratic risk.

1 2 3 4 5 6 7 8 9 10
US Market 0.00848 0.00444 0.00405 0.00365 0.00306 0.00150 0.00257 0.00350 0.01007 0.04162
European Market 0.00283 0.00339 0.00221 0.00207 0.00252 0.00227 0.00169 0.00239 0.00521 0.01438
Japanese Market 0.00590 0.00428 0.00343 0.00212 0.00183 0.00164 0.00189 0.00288 0.00576 0.01569

1 2 3 4 5 6 7 8 9 10
Subperiod 1 0.00132 0.00074 0.00046 0.00047 0.00072 0.00031 0.00042 0.00081 0.00100 0.00285
Subperiod 2 0.00030 0.00022 0.00015 0.00013 0.00010 0.00016 0.00017 0.00020 0.00029 0.00263
Subperiod 3 0.00010 0.00008 0.00005 0.00005 0.00005 0.00004 0.00005 0.00006 0.00011 0.00024
Subperiod 4 0.00012 0.00012 0.00007 0.00005 0.00006 0.00005 0.00007 0.00006 0.00010 0.00023

When we look at Table 31.2 again, which is the idiosyncratic risks divided by their respective
CAPM betas squared, we see that the first decile is always highest, with the 10" decile almost
always being second highest.

1 2 3 4 5 6 7 8 9 10
US Market 0.04187 0.00906 0.00603 0.00494 0.00347 0.00166 0.00252 0.00260 0.00521 0.01328
European Market 0.00691 0.00620 0.00328 0.00240 0.00286 0.00237 0.00150 0.00190 0.00313 0.00648
Japanese Market 0.01587 0.00703 0.00453 0.00256 0.00191 0.00157 0.00168 0.00218 0.00394 0.00778

1 2 3 4 5 6 7 8 9 10
Subperiod 1 0.00562 0.00190 0.00082 0.00064 0.00085 0.00027 0.00030 0.00051 0.00051 0.00120
Subperiod 2 0.00096 0.00051 0.00025 0.00020 0.00012 0.00017 0.00014 0.00014 0.00017 0.00089
Subperiod 3 0.00042 0.00018 0.00009 0.00005 0.00005 0.00003 0.00004 0.00004 0.00006 0.00010
Subperiod 4 0.00032 0.00026 0.00011 0.00007 0.00007 0.00005 0.00006 0.00004 0.00006 0.00011

If line (31.3) is modified to deal with consecutive deciles rather than symmetric deciles we
should get this inequality as a tendency:
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Here is corresponding Table 31.4:

1st-2nd 2nd-3rd 3rd-4th  4th-5th  5th-6th  6th-7th  7th-8th  8th-9th 9th-10th
US Market 0.03281 0.00303 0.00109 0.00147 0.00181 -0.00086 -0.00008 -0.00261 -0.00807
European Market 0.00072 0.00291 0.00089 -0.00046 0.00049 0.00086 -0.00040 -0.00122 -0.00335
Japanese Market 0.00884 0.00250 0.00197 0.00066 0.00033 -0.00011 -0.00050 -0.00176 -0.00385

1st-2nd 2nd-3rd 3rd-4th  4th-5th  5th-6th  6th-7th  7th-8th  8th-9th 9th-10th
Subperiod 1 0.003718 0.001084 0.000179 -0.000213 0.000585 -0.000038 -0.000207 0.000002 -0.000689
Subperiod 2 0.000453 0.000259 0.000051 0.000081 -0.000052 0.000026 0.000004 -0.000030 -0.000725
Subperiod 3 0.000246 0.000090 0.000032 0.000006 0.000014 -0.000005 -0.000004 -0.000019 -0.000039
Subperiod 4 0.000058 0.000154 0.000037 0.000005 0.000016 -0.000012 0.000019 -0.000018 -0.000047

Each negative entry is a place where correlation is not increasing from one decile to the next
higher decile. The multiple negative entries seen in the higher consecutive deciles is not what |
would expect. The asymmetric distribution of CAPM betas in the cross-section likely has
something to do with it. There is more work to be done on this point.

Note that in each case the value corresponding to the 2™ decile is positive with respect to the 1%
decile, but also in each case the 10™ decile is negative with respect to the 9" decile. This means,
as expected, in every case the 2" decile has a higher correlation than the first, but also, as
expected, in every case the 10" decile has a lower correlation than the 9™ decile.

Finally, we need to check to see if CAPM beta is correlated with correlation. Here are the

correlations between CAPM beta and correlation for all 10 deciles and for the middle eight
deciles.
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All 10 Deciles Middle 8 Deciles
0.3131 0.4126
0.1540 0.5751
0.4231 0.5472

All 10 Deciles Middle 8 Deciles
Subperiod 1 0.6171 0.7414
Subperiod 2 -0.0190 0.6680
Subperiod 3 0.6406 0.7038
Subperiod 4 0.6484 0.7421

Notice the positive correlation for every grouping of 10 deciles except in the second time period
of BJS. As predicted, there is a stronger correlation for the middle eight deciles.

By understanding the structure of the relationship between correlation calculations for each
decile as derived in this and the last video, the strong correlation of the middle eight deciles is
not surprising, but is expected.

Lastly, looking at the data from 2015 - 2019 as used in video 21, the correlation between the
CAPM beta of each security and its respective correlation is 0.82, which I think is very high.
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